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Abstract

Developments such as low interest rates, high volatility and risk-based regulatory regimes
have increased the need for insurance companies and pension funds to manage their as-
sets and liabilities integratively (Asset Liability Management). An important part is the
choice of an adequate investment strategy which is favorable with respect to risk and
return, but which also ensures that future liabilities can be fulfilled. Two major aspects
which have to be considered in the portfolio optimization process are the inclusion of
stochastic liabilities and the presence of constraints through regulatory regimes such as
Solvency II in Europe. For the optimization with stochastic liabilities, we develop two
portfolio optimization frameworks which take stochastic liabilities into account in differ-
ent ways and derive optimal investment strategies in closed form. First, we maximize the
terminal funding ratio and derive optimal investment strategies for initially well-funded
and underfunded investors in a Cumulative Prospect Theory framework. Second, we
establish a surplus optimization framework using a generalized martingale approach.
The liabilities in this framework may be subject to index- or performance participation
and may include unhedgeable risks. For the optimization with regulatory constraints,
we consider risk constraints, in particular Solvency II-type constraints, which jointly de-
pend on wealth and the investment strategy. We approximate the optimal constrained
investment strategy through an iterative two-step approach for an investor with power
utility. For general wealth-dependent risk constraints and general utility function, we
show that the optimization problem can, under certain conditions, be reduced to an as-
sociate problem with a different utility function and constraints independent of wealth.
The associate problem can be solved using known duality results. Following this ap-
proach, we derive optimal investment strategies in closed form for an investor with
HARA utility. Within numerical studies, we illustrate the economic impact of various
types of stochastic liabilities and the Solvency II constraints.






Zusammenfassung

Entwicklungen wie die Niedrigzinsphase, hohe Marktvolatilitdt und risikobasierte Re-
gulierung haben dazu gefiihrt, dass Versicherungen und Pensionsfonds ihre Aktiva und
Verbindlichkeiten integriert steuern miissen (Asset Liability Management). Ein wichtiger
Bestandteil dieser Steuerung ist die Wahl einer geeigneten Kapitalanlagestrategie, die
einerseits im Hinblick auf das Risiko und die Rendite glinstig ist, die aber andererseits
sicherstellt, dass die Verbindlichkeiten erfiillt werden konnen. Zwei bedeutende Aspekte,
die bei der Portfoliooptimierung beachtet werden miussen, sind die Bertcksichtigung
stochastischer Verbindlichkeiten und Nebenbedingungen durch regulatorische Vorschrif-
ten, wie Solvency II in Europa. Zur Portfoliooptimierung mit stochastischen Verbindlich-
keiten entwickeln wir zwei Verfahren, in denen stochastische Verbindlichkeiten in un-
terschiedlicher Weise beriicksichtigt werden und bei denen wir geschlossene Formeln
flir die optimalen Kapitalanlagestrategien erhalten. Zuerst maximieren wir die Fi-
nanzierungsquote und leiten optimale Strategien fiir ausreichend finanzierte und un-
terfinanzierte Investoren im Kontext der Cumulative Prospect Theory ab. Anschlieend
entwickeln wir ein Verfahren zur Optimierung des Uberschusses durch Verwendung eines
verallgemeinerten Martingalansatzes. Die Verbindlichkeiten konnen in diesem Verfahren
an der Entwicklung eines Indexes oder den Kapitalanlagen selbst partizipieren und nicht
replizierbare Risiken enthalten. Zur Optimierung mit regulatorischen Nebenbedingun-
gen betrachten wir risikobasierte Nebenbedingungen, insbesondere wie bei Solvency 11,
die gleichzeitig vom Vermogen und von der Kapitalanlagestrategie abhdngen. Wir ap-
proximieren die optimale Anlagestrategie durch ein iteratives Verfahren in zwei Schrit-
ten fiir einen Investor mit isoelastischer Nutzenfunktion. Fiir allgemeine risikobasierte
Nebenbedingungen, die auch vom Vermogen abhdngen und allgemeine Nutzenfunk-
tion zeigen wir, dass das Optimierungsproblem unter geeigneten Voraussetzungen auf
ein verwandtes Optimierungsproblem mit Nebenbedingungen, die nicht vom Vermogen
abhéngen und einer anderen Nutzenfunktion, zuriickgefihrt werden kann. Das ver-
wandte Problem kann mit bekannten Dualitatsmethoden gelost werden. Mit diesem
Ansatz ermitteln wir geschlossene Losungen fiir die optimale Kapitalanlagestrategien
fiir einen Investor mit HARA-Nutzenfunktion. Mit numerischen Anwendungen veran-
schaulichen wir den 6konomischen Einfluss der stochastichen Verbindlichkeiten und Sol-
vency II-Nebenbedingungen.
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1 Introduction

1.1 Motivation and Literature Overview

Low interest rates, high market volatility and the shift towards risk-based regulatory
regimes such as Solvency II in Europe represent major developments, which increase the
need for insurance companies and pension funds to manage their assets and liabilities
integratively (Asset Liability Management). Besides balancing the expected return and
the risk according to their risk aversion and constructing portfolios such that diversi-
fication effects can be used best, insurance companies have to choose their investment
strategy such that they have enough capital to meet their future liabilities, i.e. payments
to the policy holders. The present value of the liabilities is stochastic as it may depend
on, e.g., the level of interest rates, the value of other financial instruments to which the
insurance policies may be linked, or the performance of the insurance company’s asset
portfolio. As a risk-based regulatory regime, the Solvency II framework for European in-
surance companies aims at protecting policy holders by obliging insurance companies to
manage their risk in a way such that the yearly 99.5%-Value-at-Risk does not exceed the
insurance company’s own funds. As assets contribute to an important part to the risk
of many insurance companies, these rules provide restrictions on the investment strat-
egy. In this thesis, we present results for the following two areas of dynamic portfolio
optimization in continuous time:

e Liability Driven Investment Strategies (LDI): portfolio optimization, which takes
stochastic liabilities into account.

e Portfolio optimization with risk constraints which jointly depend on the investment
strategy and wealth, especially Solvency II constraints.

Both areas, LDI and regulatory constraints, aim at ensuring that the insurance com-
panies and pension funds can meet their liabilities. The LDI frameworks are based on
the insurance company’s own interest to stay solvent and on accounting and regulatory
rules for determining the present value of future liabilities. The regulatory constraints
represent externally imposed constraints by supervising authorities which force the man-
agement of insurance companies to limit their risks in the interest of the policy holder.
With the recent international accounting standards IFRS (especially TAS 19) for pension
funds and the FEuropean regulatory requirements Solvency II for insurance companies,
the importance of investment strategies that are adapted to stochastic liabilities and
regulatory constraints, has increased.

13



1 Introduction

1.1.1 Literature on Liability Driven Investment Strategies

Whereas the optimization of the utility of terminal wealth and consumption over time,
firstly presented in Merton| (1969), is a widely accepted standard in the literature on
intertemporal portfolio choice, liabilities were included in portfolio optimization frame-
works in different ways. An extension of the mean-variance approach for a one-period
setting with static investment strategies is discussed by Sharpe and Tint| (1990), who
consider the return of the (partial) terminal surplus (defined as the difference between
assets and liabilities). Inspired by the approach in [Sharpe and Tint (1990), |Rudolf and
Ziemba| (2004)) provide a continuous-time surplus optimization approach, but they con-
sider a life-time surplus instead of the terminal surplus. Furthermore, [Detemple and
Rindisbacher| (2008) directly aim at transforming the surplus optimization from Sharpe
and Tint| (1990) to a setting in continuous time with a maximization of the utility from
the excess of liquid wealth over a minimum liability coverage. However, they focus on the
inclusion of various stochastic factors and numerical results obtained from simulations.
Ang et al. (2013) consider the downside risk inherent in the liabilities through an ex-
change option. In several generalizations of CPPI strategies, such as in
Amenc et al.| (2004), [Kraus et al.| (2011) and Bahaji| (2014), the stochastic floor can
be interpreted as stochastic liabilities as well. Martellini| (2006) maximizes the expected
utility of the terminal funding ratio (defined as the quotient of assets and liabilities).
The author derives optimal investment strategies in a framework in which assets and
liabilities are modeled as geometric Brownian motions. In spite of the increased need for
LDI strategies, the literature overview illustrates that no scientific standard exists how
liabilities should be included in the portfolio optimization. The literature on portfolio
optimization with stochastic liabilities is intertwined with the literature on index-linked
and performance-linked products, especially as insurance products which provide less
guarantees and more performance participation to policy holders (for a detailed descrip-
tion of various types of products, see Korn and Wagner| (2018))) become more common.
The impact of different surplus distribution mechanisms on the risk exposure of insur-
ance companies which sell performance-participating life insurance contracts is analyzed
in Kling et al.| (2009). As we further develop various existing techniques, our work is also
related to the literature on these methods, which we adapt to LDI settings. In particular,
these include the quantile approach for portfolio optimization in a Cumulative Prospect
Theory (CPT) framework as intrduced in|Jin and Zhou| (2008) as well as the optimization
with random utility functions and with random endowment. Random utility functions
are used to solve portfolio optimization problems with a positive lower bound on the
terminal wealth (see Korn| (2005))), taking deferred capital gains taxes into account (see
Seifried (2010)) or within an optimization, in which the portfolio may include a lig-
uid and an illiquid risky asset as in |Desmettre and Seifried (2016). In Hugonnier and
Kramkov| (2004) and [Hugonnier et al.| (2005), expected utility maximization problems
with a random endowment at maturity are considered.

14



1 Introduction

1.1.2 Literature on Constrained Portfolio Optimization

As introduced before, risk-based regulatory regimes impose constraints on the investment
strategies. However, these constraints also depend on the own funds of insurance com-
panies and therefore especially on the value of the asset portfolio itself. Consequently,
insurance companies face the problem of how to optimize their investment strategy un-
der these types of constraints. In the mathematical framework, such constraints can be
represented by joint continuous-time restrictions on the investment strategy and on the
wealth process. There is a significant literature devoted to continuous-time constraints
solely on the investment strategy, see Cvitani¢ and Karatzas (1992)), Cuoco| (1997) and
Lim and Choi (2009). |Cvitani¢ and Karatzas| (1992) present general results in form of a
convex duality theory as well as applications with logarithmic utility and power utility.
They work with constant constraint sets on the investment strategy and state briefly
that the theory can be extended to random constraint sets in general. However, they do
not cover the challenges of constraints depending on wealth which itself is a function of
the investment strategy.

There are also many relevant papers that consider continuous-time constraints solely on
wealth or funding ratio, see |Korn and Trautmann| (1995) and Korn (2005)). |Kraft and
Steffensen| (2013)) study shortfall constraints on the terminal wealth. Examples of settings
for insurance companies or pension funds include Detemple and Rindisbacher| (2008) and
Martellini and Milhau| (2012)). In |Detemple and Rindisbacher| (2008), a framework for
the optimization of the excess coverage over a stochastic floor is developed. Martellini
and Milhau| (2012)) consider the utility of the funding ratio and find optimal investment
strategies with a lower bound on the terminal funding ratio as a constraint. More re-
cently, |Chen et al.| (2019)) solve a non-concave utility maximization problem with a fair
pricing constraint, which is essentially a constraint on terminal wealth, too.

Literature on joint continuous-time constraints for the investment strategy and wealth is
very rare. Portfolio optimization with joint constraints is considered in
Zariphopoulou | (1994) in a model with one risky asset. The author uses an approach
based on viscosity solutions and obtains a solution for the optimal investment strategy
in feedback form which depends on the value function. However, the value function is
not stated explicitly. Moreno-Bromberg and Pirvul (2013) rely on BSDE and numerical
calculations to tackle dynamic constraints of general type with no closed-form solutions.
In Colwell et al.| (2015), the authors deal with wealth-dependent constraints in the con-
text of executive stock option pricing.

With respect to Solvency II, most of the literature focuses on the implementation and
possible shortcomings of the framework (see, e.g., Eling et al.| (2007) for an overview on
the Solvency II framework, Gatzert and Wesker| (2012)) for a comparison to the Basel III
framework for banks as well as Sandstrom (2007), [Pfeifer and Strassburger| (2008),
Bauer et al.|(2010]) and |Christiansen and Niemeyer| (2014]) for an analysis of the structure
of capital requirements imposed by Solvency II). Closer to our objectives, Horing| (2012)
compares the market risk capital requirements of Solvency II with the Standard & Poor’s

15



1 Introduction

rating model and analyzes the impact on asset allocation. Considering optimal invest-
ment strategies under Solvency I, Braun et al.| (2015) investigate static efficient frontiers
for the asset allocation under Solvency II-type constraints. A static optimization prob-
lem under Solvency II-type constraints is also considered in Kouwenberg (2017). The
impact of the calibration of the equity risk module on the investment strategy is studied
in [Fischer and Schlitter| (2015). |Chen and Hieber| (2016) study, in the context of con-
stant strategies and continuous Value-at-Risk constraints on wealth, how negative effects
of the regulation on the asset allocation can be overcome by proposing an alternative
regulatory approach. In a continuous-time framework with discrete-time Value-at-Risk
constraints, Shi and Werker| (2012) explicitly refer to Solvency II in the context of short-
term regulation for long-term investors.

1.2 Summary of the Results and Contributions to the
Literature

This thesis is based on four research projects, which led to the following publications:

e Brummer, L., Wahl, M. and Zagst, R.: Liability Driven Investments with a Link to
Behavioral Finance, Proceedings of the Innovations in Insurance, Risk- and Asset
Management Conference, p. 275-311, World Scientific, 2013?]

e Escobar, M., Kriebel, P., Wahl, M. and Zagst, R.: Portfolio Optimization under
Solvency II, Annals of Operations Research, S.I.: Risk in Financial Economics,
Issue 281, p. 193227, 2019

e Escobar, M., Wahl, M. and Zagst, R.: Portfolio Optimization with Wealth-Dependent
Risk Constraints, submitted to the European Journal of Operational Research, re-
vise and resubmit, 20200

e Desmettre, S., Wahl, M. and Zagst, R.: Dynamic Surplus Optimization with
Performance- and Index-Linked Liabilities, submitted to Insurance: Mathemat-
ics and Economics, under review, https://ssrn.com/abstract=3592323, 20201

Parts of this thesis are identical with or a reproduction with minor changes of these
articles.

The following article was part of the doctoral research of the author, but is not part of
this thesis:

e Engel, J., Wahl, M. and Zagst, R.: Forecasting Turbulence in the Asian and
European Stock Market Using Regime-Switching Models. Quantitative Finance
and Economics, Vol. 2, Issue 2, p. 388-406, 2018

!The author of this thesis is the leading author of the article.
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1 Introduction
1.3 Structure of the Thesis

The thesis is structured in the following way: Mathematical preliminaries, in particular
the introduction of the market model, a presentation of some traditional utility func-
tions and well-known portfolio optimization methods in continuous time are provided in
Chapter

In Chapter 3| we derive optimal investment strategies for funding ratio optimization in
an expected utility and a CPT framework and compare them. Our results extend the
expected utility funding ratio optimization approach from Martellini (2006) to a model
with a CPT utility and distortion function. In detail, our contributions include:

e We embed funding ratio optimization in a CPT framework in a setting in contin-
uous time.

e Within the CPT framework, we introduce an alternative distortion function, given
by a modification of the Wang-distortion. This distortion is for certain parameter
choices reverse S-shaped despite having only two parameters.

e For the CPT distortion functions, we provide an alternative interpretation, which
makes them usable for modeling heavy-tailed returns.

e As the CPT utility function enhances the standard utility function with respect
to risk-seeking behavior for funding levels below the reference point, we also con-
tribute to the literature on underfunded pension plans.

Chapter [d]deals with the dynamic surplus optimization framework. We generalize [Sharpe
and Tint (1990) to a setting in continuous time. Furthermore, the consideration of
liabilities generalizes parts of Desmettre and Seifried| (2016) to a short position in the
illiquid asset. We also provide closed-form solutions for the investment in the (liquid)
asset, which extends Rudolf and Ziemba, (2004) and |Desmettre and Seifried (2016)). In
particular:

e We establish a general and flexible terminal surplus optimization framework in
continuous time, which allows for dynamic investment strategies and stochastic
liabilities.

e Within this framework, we derive closed-form solutions of the terminal wealth and
the optimal investment strategy for various specific liability models, which may
include unhedgeable risks and which may also be linked to the performance of an
index or the wealth of the insurance company.

e For the different liability models, we study the impact on the optimal investment
strategy and we derive implications for insurance product design. Hence, we also
establish a link between the literature on portfolio optimization with stochastic
liabilities and the literature on insurance product design.

17



1 Introduction

e For the surplus and funding ratio optimization, we compare the optimal investment
strategies.

In Chapter [5] we introduce the general constrained optimization framework, which in-
cludes the case of wealth-dependent constraints and the corresponding auxiliary markets
and therefore extends the setting in Cvitani¢ and Karatzas| (1992)). For constraints in-
dependent of wealth, we state the optimal solution for an investor with logarithmic or
power utility function and use these results to construct the iterative two-step approach
and as an associate problem in Chapter [f] With the iterative two-step approach, we
contribute to the literature in the following way:

e We transfer the limitations emerging from the Solvency II regulation to a convex
constraint set for the investment strategy.

e In a continuous-time optimization framework which allows for dynamic investment
strategies, we establish a two-step approach for an investor with power utility who
faces Solvency Il-type constraints. This approach can be applied iteratively to
approximate the optimal constrained investment strategy. In a numerical study,
we analyze the impact of the Solvency II constraints on the optimal allocation for
several asset classes.

e For the iterative application of the two-step approach, we illustrate that the in-
vestment strategy converges numerically to the optimal constrained investment
strategy obtained with a Bellman approach on a discrete grid if the intervals of
the iterations converge to zero.

The results extend a portfolio optimization framework under Solvency II constraints in
a one-period model in Braun et al.| (2015) to a framework in continuous time. Whereas
the two-step approach is an approximation for an investor with power utility, Chapter [0]
deals with exact solutions:

e We develop a solution apporach for a rather general portfolio optimization prob-
lem in continuous time with wealth-dependent constraint set by showing that this
problem can, under sufficient conditions, be reduced to an associate problem with
a different utility function and a constraint set independent of wealth. This as-
sociate problem can then be solved by known convex duality methods in closed
form.

e As an application of this solution approach, we provide closed-form solutions for
the optimal investment strategy and optimal terminal wealth for an investor with
Solvency II-type constraints and HARA utility.

e For the Solvency II constraint set and an investor with HARA utility, we analyze
the impact of the constraints on the optimal investment strategy. We analyze the
loss in utility and the reduction in risk caused by the constraints and we examine
the trade-off between these two.

18



1 Introduction

These results extend the applicability of the convex duality results from
Karatzas (1992) to the case of wealth-dependent constraint sets and
Zariphopoulou | (1994), where the optimal investment strategy under a simple wealth-
dependent constraint set is expressed only in terms of the value function. We conclude

in Chapter [7]

19






2 Mathematical Preliminaries

2.1 Market Model

To model the assets and liabilities, we use a probability space (2, H,Q), with H = FV G
and F and G are independent o-algebras. We further assume that F=(F;).¢[o 1) is a filtra-
tion in F, generated by a d-dimensional standard Brownian motion W = (W (¢)),c(0,17,
W(t) = (Wi(t),..., Wy(t))T, t € [0,T], where T > 0 denotes the time horizon for the
investment. W is used to model the risky assets and hedgeable liability risks, whereas
G-measurable random variables are used to model the unhedgeable risks.

The introduction of the subsequent framework for the financial market, the wealth pro-
cess and the investment strategy is adapted from Korn|(1999), but we do not consider the
possibility of consumption. By M, we denote a financial market including one risk-free
bond and d risky assets with price processes (Pi(t))te[O,T] , 1 =0,...,d given by

dP() (t) = P() (t)T’(t)dt,

d
dPi(t) = Py(t) | pi(t)dt + Y oij(t)dW;(t) | , Pi(0) =1, i =0,....d,
j=1

with deterministic market coefficients r(t), u(t), o(t), t € [0,7]. We assume that r(t) is
non-negative, p(t) > r(t) and that r(t), u(t) and o(t) are bounded on [0,7]. Further-
more, we assume that there exists a constant 6 > 0 such that for all ¢ € [0, T

tlot)ot)lz > o||z|>

In particular, this condition ensures that o(t)o(t)” is positive definite, (o(t)o(t)”) !
is bounded and o(t) is invertible, so the financial market M is complete. The pricing
kernel is given by

dZ(t) = —Z(t) (r(t)dt +~v(t)TdW (1)), Z(0) =1
and has the explicit representation

20 = exp (= [ i)+ glate)Pas = [ aw(s).

21



2 Mathematical Preliminaries

with the market price of risk
(1) = o) (u(t) — (1),

1 := (1,..,1)T € R%  With the above assumptions on the market coefficients,
E[Z(T)] < co. We have for the uniquely determined risk-neutral measure (see Bing-
ham and Kiesel (2004), Chapter 6)

jg T = Ry(t)Z(t)
and write ~
Z4,1) = 2D
Z(t)

We consider F-adapted investment strategies m = (m1(t), ..., ma(t))sc(o,r), With m;(t) de-
noting the fraction of wealth invested in asset i € {1,...,d}, 1 — 2?21 m;(t) being the
fraction of wealth invested in the risk-free asset and the corresponding wealth processes
(V7 (t))sepo,r) with initial wealth by vo > 0. To simplify the notation, we sometimes
write V(t) for V™ (t). The wealth process evolves according to

dVT(t) = VT (t) [77(t) (u(t)dt + o(£)dW (1)) + (1 — 77 (£)1)r(t)dt] . (2.1)

Definition 2.1.1 (Admissible Investment Strategies (see |[Korn| (1999), p. 24-25)). An
investment strategy m such that (2.1) with initial wealth vy has a unique solution V (t)
satisfying

T
/0 |7 (t)V (2)|?dt < oo a.s.

and
V(t) >0 a.s. forallt e [0,T]

is called admissible. By A(t,v), we denote the set of all admissible investment strategies
on [t, T] with V(t) = v and we set A(vg) := A(0, vp).

Remark 2.1.2. The number of asset i in the portfolio is given by
1—-m(t)T1)V (¢
ooty LTV

Po(t)

[TtV (1)
and (1) “( 20 >1:1 .

L i=0

geeey

22



2 Mathematical Preliminaries

With [2.1)),

hence @ is self-financing.

In our applications, A(vg) might be further restricted to investment strategies, which
guarantee that liabilities are hedged to a certain extent (Chapter 4| and Chapter |§[) or
which are subject to portfolio constraints (Chapter [5| and Chapter @

In cases in which we consider only one risky asset, we denote the Brownian motion, price
process, corresponding parameters, market price of risk and allocation in the asset by
W, P, u, o, v and 7 instead of W1, Py, u1, o1, 71 and m; for simplicity.

2.2 Utility Functions

Definition 2.2.1 (Utility Function (adapted from Korn| (1999), p. 38)). Let
V = (L,0), L > 0. A strictly concave, twice continuously differentiable function
U :V — R satisfying

limU'(v) =00 and lim U'(v) =0 (2.2)

vl L V00

is called a utility function.

Besides the general form, we use the following special cases of utility functions. L
represents the value of the liabilities.

Example 2.2.2 (Utility Functions). We consider the following examples for utility func-
tions:

o Shifted logarithmic utility:
U(v) =log(v—L), V= (L,o00), L>0, (2.3)

with the logarithmic utility
U(v) =log(v), V=(0,00) (2.4)

as a special case for L = 0.
o HARA utility:

Uv) = (”_aL)a a<l, a#0, V= (L o), L>0, (2.5)
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with the power utility

«

Uv) = % a<l, a0, V=/(0,00) (2.6)

as a special case for L = 0.

We also interpret the shifted logarithmic utility as the logarithmic utility applied to the
surplus and the HARA utility as the power utility applied to the surplus.

Definition 2.2.3 (Measures of Risk Aversion (see Korn| (1999), p. 39). Let U be a
utility function. We define the Arrow-Pratt measure of relative risk aversion as

_oU"(v)

RRA(v) = 0

We also refer to m as the risk tolerance.

Example 2.2.4. The relative risk aversion for the utility functions from Example
18 given as follows:

e Shifted logarithmic utility (2.3]):

v

Aw) = —2—
RRA(w) = .
with RRA(v) =1 for the logarithmic utility (2.4) (L =0).

e HARA utility (2.5):
v

RRA(w) = (1— oz)ﬁ,

with RRA(v) = 1 — « for the power utility (2.6)) (L =0).

The logarithmic utility and the power utility exhibit constant relative risk aversion. The
shifted logarithmic (resp. logarithmic) utility can be interpreted as a limit of the HARA
(resp. power) utility for ac — 0.

To be able to maximize the expected utility later, we consider the subset A’(vg) C A(vg)
consisting of all m € A(vp), satisfying

V() = L(t) > 0, for L(t) := e~ "L ¢ € [0,7) and E [U~(V™(T))] < oo,

with the negative part U~ (v) := —min{U(v),0} of U. By A’(t,v), we denote the re-
striction of A’(vg) to the interval [¢, T with V™ (t) = v and E [U~(V™(T))|F] < oc.

Corresponding to U, we define the inverse marginal utility

I(y) == (U")"'(y), y>0.
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We always assume that
H(y) =E [Z(T)I(yZ(T))} < (2.7)

and
E [U(I(yZ(T))} <00

for all y > 0. We denote the inverse of H by Y, which is well-defined (see Korn| (1999),
p. 65).

2.3 Methods from Dynamic Portfolio Optimization

The following two solution approaches from the literature provide the basis for most of
the more advanced techniques, which we apply and develop further. At this point, we
consider a basic optimization problem with utility from terminal wealth given by

Puw) = swp BV (BP)

Our further optimization problems will be extensions of this problem.

2.3.1 Dynamic Programming Approach

This approach is based on a continuous-time version of the Bellman principle. The
Bellman principle as introduced in|Bellman| (1957)) states that, for an investment strategy
m, which is optimal for the total problem starting at t = 0, the sub-strategy
starting from a fixed point in time ¢ > 0 onward must be optimal for the corresponding
sub-problem too, independent of the initial states and initial decisions. The continuous-
time version applied to portfolio optimization was introduced in [Merton (1969) and
Merton| (1971). The following presentation of the approach is based on these publications
and on Korn (1999)). The value function is defined as

O(t,v) := 5\1,18 )E[U(V”(T))W”(t) =], t €]0,T]. (2.8)

As U is concave, ®(t,v) is also concave in v. For (BP)), the associated Hamilton-Jacobi-
Bellman (HJB) equation is given by

sup {mr(t)T (u(t) —r(t)1) Dy (t,v) + %v2||7rT(t)0(t)H2<I>w(t, U)} (2.9)
m(t)eRd

+O4(t,v) + vr(t)Py(t,v) =0
O(T,v)=U(v). (2.10)
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The following theorem provides conditions under which the solution to the HJB equation
is actually a solution to (2.8]).

Theorem 2.3.1 (Verification Theorem (adapted from Korn (1999)), p. 324)). Let
o* : [0,T] x V. — R be a continuous, polynomially bounded solution to ([2.9)-(2.10)
which satisfies ®*(t,v) € CY2([0,T) x V) . Furthermore, let ™ € A(vo) satisfy

I= ()] < C,

w@) eang s Lor(o) (u) () €5(00) + 37 Qo020 00
m(t)ERd

for allt € [0,T] and a constant C. Then, ®*(t,v) is optimal for (2.8) for all t € [0,T].

Since, in our case, these conditions are always fulfilled for the power utility and HARA
utility for o > 0, we write ® instead of ®* in the following chapters. The following results
state the optimal investment strategy and value function, which serve as a reference point
for our applications.

Corollary 2.3.2 (Optimal Investment Strategy, Logarithmic Utility). The optimal in-
vestment strategy for an investor with logarithmic utility (2.4]) or shifted logarithmic

utility (2.3)) is given by

w0 =70V 0) = (T ) (oo (e - r(on)

and the value function is
®(t,v) =log(v — L(1)* + (1),
T4 )
o= [ 5l +r(s)ds,
with L = 0 for the logarithmic utility.

Proof. This is a special case of Corollary with K(t,V(t)) = R, hence
Xiwvey) =10 € R4} and A*(t) = 0. 0

Corollary 2.3.3 (Optimal Investment Strategy, HARA Utility). The optimal invest-
ment strateqy for an investor with power utility (2.6) or HARA wutility (2.5) is given
by

w0 =7 VT 0) = (v ) @) o) - o)
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and the value function is

a(t,v) =

o(t) e 2w NP Hrs)ds

with L = 0 for the power utility.

Proof. This is a special case of Corollary with K(t,V(t)) = R, hence
Xgave) =1{0¢€ R4} and A*(¢) = 0. O

Remark 2.3.4. Note that %&?(t) =1- Vﬁ’(kt()t) is bounded for m € N'(vg). Since the

market coefficients and (o(t)o(t)T)~1 are also bounded, there exists a constant C' > 0
with ||7*(t)|| < C and the conditions of Theorem are satisfied.

The optimal investment strategy can be interpreted as a two-fund separation, with the
performance seeking portfolio (growth optimal portfolio) being defined as

5 = (o(o(t)) 7 (u(t) - r()1). (2.11)

The allocation in this portfolio is scaled by the relative risk tolerance of the utility. The
remaining wealth 1 — 7(¢)71 is allocated in the risk-free asset.

2.3.2 Martingale Approach

Using the martingale approach, the optimization problem (BPJ) is in solved two steps.
In the first step, the optimal terminal wealth is found. In the second step, the optimal
investment strategy is determined as a strategy which replicates the optimal terminal
wealth. As we also use this decomposition, we present the foundation for this approach
in Theorem and the optimal terminal wealth in Theorem[2.3.6] In our applications,
the procedure for obtaining the investment strategy is very specific in each case, so we
omit this step here. The following results are adapted from Korn| (1999)).

Theorem 2.3.5 (Completeness of the Market Model, see Korn (1999), p. 25-26). For
every m € A(vg) and corresponding wealth process V™ (t), we have

E [Z(t)wr(t)} < v,
Furthermore, for every non-negative, Fr-measurable random variable V' with

vy i=E [Z(T)V} < o,
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there exists an investment strategy m € A(vy) such that the corresponding wealth process
V™ satisfies

V™(T) = V.

We define a set
V= {V}"T—measurable: V>0, E[U(V)] <oo, E {Z(T)V} < vo} ,

on which we search for an optimal terminal wealth. Theorem [2.3.5] guarantees that there
is a corresponding investment strategy, which is then optimal to (BP)).

Theorem 2.3.6 (Optimal Terminal Wealth, see |Korn (1999), p. 68). The optimal
terminal wealth for (BP)) is given by

VH(T) = I(Y(v0) Z(T)).
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3 Funding Ratio Optimization

In this chapter, we consider the optimization of the terminal funding ratio. In Section|[3.1
we present a funding ratio optimization framework adapted from Martellini| (2006]). As
a generalization of this framework, we apply the quantile optimization approach from
Jin and Zhou (2008)) to solve a funding ratio optimization problem in a CPT context in
Section The results are analyzed and compared in Section Large parts of this
chapter coincide with Brummer et al.| (2018).

For the market model, we assume constant coefficients u, o and r throughout the whole
chapter. We model the liability process L., as in|[Fombellidal (2004]) and Martellini| (2006)),
by a geometric Brownian motion following

AL(t) = Le(t) (updt + opdW (1) + o dWe(t))

with constant L(0), constant drift ur,, hedgeable risks related to W and non-hedgeable
risks related to a Brownian motion W,. The liabilities have the explicit representation

locl” + o2

L.(t) = L:(0) exp <<ML - 2) t+orLW(t)+ aEW(t)> : (3.1)

We assume that the filtration generated by W is a filtration in G. In the context of
an insurance company or pension fund, the non-hedgeable risks could represent, e.g.,
actuarial risks like mortality /longevity risk or underwriting risk. If we have o = 0, all
the liability risks emerge from W and the liabilities can be hedged. The funding ratio is
defined as V()
t
FT(t):=—=,te|0,T
(0= g t€0.T]
for a corresponding portfolio process m. For ease of notation, we will also write F(t)
instead of F™(t). Applying It6’s formula,

1 1 ,
d (Le(t)> == m (prdt + ordW(t) + o dWe(t)) + f(t)
:Lﬁl(t) ((0for + 0 — pr)dt — opdW (t) — ocdWe(t)]

(afa,; + 062) dt

29



3 Funding Ratio Optimization

and applying it again, the SDE of the funding ratio can be written with (2.1]) as

w0 =4 (5 )

L o 7 1 VT(t)
I (t)dV (t)+ V™ (t)d ( I (t)) 0 orolm(t)dt

:‘;(” 7 () (udt + od W (8)) + (1 — 77 (t)1)rdt]
e(t
_|_

VT(t) V()
I IO ool w(t)dt

—F™(t) [ (t)dt + (x(t)"o — op)dW () — odW,(t)] , (3.2)

[(UfUL + 02 — pp)dt — opdW(t) — ocdWe(t)] —

with
WE(t) =r + 7(t) (4 — 1) + 0107 + 0% — g, — opoTm(t).
We define
(1) = (In()To — op |2+ 02)?

as well as a Brownian motion W by

Then, can be written as
AF™(t) = F™(t) [lp(t)dt + oE ()W ()]
We see that the liability hedging portfolio, as introduced in |Martellini (2006])
ol = (o) 16T (3.3)

minimizes the volatility of the funding ratio by eliminating all hedgeable risks.

3.1 Funding Ratio Optimization in an Expected Utility
Framework

In this section, we consider a standard expected utility framework, in which we want
to maximize the expected utility of the terminal funding ratio instead of the terminal
wealth. We solve the expected utility funding ratio optimization problem

sup E[U (F™(T))] (EUFP)
weN (vo)
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for a general utility function U and A’(vg) consisting of all @ € A(vg) satisfying
E[U~(F™(T))] < oo. For the application of the HJB approach, we define the value
function in terms of the funding ratio here, i.e.

O(t,v) == up )IE[U(F’T(T))|F”(1€):U]. (3.4)

The solution to this problem is presented in the following theorem, which can be found
in Martellini (2006).

Theorem 3.1.1 (Three-Fund Separation, Expected Utility Theory). The optimal in-
vestment strateqy w* to (EUFP|) is given by

™, F(t) = (1 = AU (¢, F (1)) 7XH + NEU (¢, F(t))n"®
with NEUY(t, F(t)) given by the relative risk tolerance of ®(t, F(t))

@, (¢, F(1))

NEU(t, F (1)) = Tt (1)

the liability hedging portfolio as in and the performance seeking portfolio from
[@.11). The remaining fraction of wealth 1 — w*(t, F(t))T1 is invested in the risk-free
asset.

Proof. See Appendix O

As in |[Martellini (2006), the optimal investment strategy can be interpreted as a three-
fund separation, with the funds being the performance seeking portfolio, liability hedging
portfolio and risk-free asset. In the following corollary, we specify the utility function to
get an explicit expression for the value function and consequently the optimal investment
strategy. This result can also be found in Martellini (2006)).

Corollary 3.1.2 (Three-Fund Separation, Power Utility). For the power utility, we get

B (¢, F(t) 1
A E(0) = CF()®uw(tLF()  1—a

Proof. The proof can be found in Appendix O

Remark 3.1.3. Although we consider unhedgeable risks associated with o, they do not
have an impact on the optimal investment strategy for the example with power utility.
To cover these risks, an additional capital buffer would have to be used. Therefore, we
assume in the following that a certain part of the wealth is used for this purpose and we
only deal with the hedgeable risks, i.e. o. = 0 in the following section.
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3.2 Funding Ratio Optimization in a CPT Framework

In this section, we generalize the funding ratio optimization to Cumulative Prospect
Theory (CPT) by applying the approach from |Jin and Zhou (2008]) to the terminal
funding ratio. Similar to the martingale approach, the optimal terminal funding ratio is
determined first in this approach and the replicating strategy is calculated later. Thus, a
complete market is required. So we choose, supported by the reasoning in Remark
o¢ = 0 in the whole section and denote the corresponding liability process by L := L.
We further assume that the discounted liability process PLO is a Q-martingale. Then,
we can change the numéraire from the risk-free asset to the liability process L. WBX Qr,
we denote the risk-neutral measure under the numéraire L. Then, F™(t) = V]L(Ei is a
Qp-martingale and the pricing kernel with respect to the new numéraire is given by (see
Bingham and Kiesel (2004)), p. 239)
L(t)

_dQr|, _dQdQu|,. _  L(t) dQ|. _ - . L(t)
“ag " T a0 [T TOR® W7 =707

— exp <<ML - ;HO'LH2> t+ aLW(t)> exp <— (r - ;HW) t— ’yTW(t))

—exp (e == 5 (ol + 1IP) ) £+ (o0~ 4" 0).

Zr,(t)

Since Z (t)% is a Q-martingale, we have

20(6) =exp ~glow ~ e+ (o "W). (3.5)
For z € (0, 00),
Zp(t) <z
& exp (—;HO’L — TPt + (of — ’yT)W(t)) <z
= (o1~ /"YW (1) < Toa(2) + gllon, — 71

Hence, the distribution function of Zy,(t) is given by

log(2) + zllor — "I’
lor =TIV

Qz,(0(2) = Q(ZL(t) < 2) =@ ( (3.6)

and the quantile function by

1 _
i208) = xp (o =7 P+ fow — AT IVER 1) )
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with ® and ®~! denoting the distribution function and the quantile of the standard
normal distribution. For the rest of the chapter, we only work with this pricing kernel.
For ease of notation, we write Z := Z1(T) as well as Qz for Qz, () and qz for gz, (7).

3.2.1 Introduction to CPT

Introduced in Kahneman and Tversky| (1979) and Tversky and Kahneman| (1992), CPT
extends expected utility theory with respect to the following aspects:

e gains and losses are treated differently with respect to the utility and
e probabilities are distorted.

Motivated by experiments in [Kahneman and Tversky| (1979), which exhibit that people
are risk-averse with respect to gains, but risk-seeking with respect to losses, different
utility functions are used for gains and losses. They are separated by a reference point.
To model this behavior, a concave utility function is applied to gains and a convex utility
function is applied to losses. Applied to our funding ratio setting, which is a perspective
predominantly taken by institutional investors such as insurance companies or pension
funds, an alternative interpretation is also possible: In the case of underfunding, the
management of the pension plan might be willing to take more risk than in the case
of well-funding to achieve a better funding status on the long run. Especially within
low interest-rate environments, pension funds might have to take more risk in trying
to generate an adequate return. For the probability distortion, which was originally
introduced to model the observed behavior that people tend to overestimate small prob-
abilities and underestimate large probabilities (which is an irrational bias), an alternative
interpretation is also possible. Through the distortion of the probabilities, heavier tails
in the distribution of asset returns, which are not captured in the Black-Scholes market
model, can be included. In this case, the probability distortion could even be fitted us-
ing market data. Since typical distortion functions (see Tversky and Kahneman| (1992)
and Prelec (1998)) cannot be used for the quantile optimization approach presented in
Jin and Zhoul (2008)), |Jin and Zhou| (2008) introduce their own probability function.
As this probability function has many parameters which would have to be fitted, we
introduce a modification of the distortion function presented in Wang | (2000). Our
distortion function can be reverse-S shaped, has only two parameters and is suitable
for the quantile optimization approach. In the following sections, we present the CPT
optimization problem and apply the approach from Jin and Zhou (2008) to a funding
ratio optimization.

3.2.2 CPT Funding Ratio Optimization Problem

We consider the funding ratio compared to a constant reference point B and introduce
the CPT utility and probability distortion functions.
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Definition 3.2.1 (CPT Utility Function). A CPT utility function U : R — R is a
function of the form

U(v) := Us((v = B)")ly>p(v) = U-((v — B)")ly<p(v), (3.7)
with the positive and negative parts
(v)* := max{v,0}, (v)” := —min{v, 0}

and U4, U- : V = [0,00) — [0,00) are functions which satisfy the conditions of standard
utility functions and additionally

Ui(0) =U-(0) =0 and UL(v) > Ul (v), veV.

The reference point B represents the funding ratio, for which the pension plan is consid-
ered to be adequately funded. A natural example would be B = 1, representing a fully
funded status.

Definition 3.2.2 (Probability Distortion Function). A probability distortion function is
a strictly increasing, twice differentiable function w : [0,1] — [0, 1] with

By w4 (resp. w— ), we denote distortion functions applied to gains (resp. losses).

We assume that the following monotonicity condition holds:

qz(y)

is non-decreasing for y € (0, 1]. (M)
Wy (y)

The distortion function we use later satisfies this condition, as shown in Lemma (3.2.5)).
As we maximize the expected distorted utility, we define a value function with the CPT
utility function from Definition [3.2.1] and the distortion function from Definition [3.2.2
as

UL(F) = [ 0y QU F) > a))ds = [ w1 Qp(U7 (@)
= [T [ e - Qe
0 Uy (»)
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where Q7 denotes the distribution function of F' and
U_(F) ;:/ w_(Q(U_(F) > 2))de = E [U_(F)w! (1 - Qp(F))] .
0

The CPT optimization problem is defined as

sup U(F)
F
st. E[ZF] = ‘258)) - B (CPTOP)

F'is Fpr-measurable and bounded from below.

With the utility function being concave only above the reference point, usual portfolio
optimization methods such as the martingale approach are not applicable anymore. To
overcome this problem, [Jin and Zhou (2008)) introduce a CPT optimization approach,
which we apply to the funding ratio optimization in the following section.

3.2.3 CPT Optimization Method

Jin and Zhou (2008) propose a solution approach by splitting the problem into a Gains
Problem and a Loss Problem. Both problems can, under sufficient conditions, be solved
separately. The solutions depend on parameters ¢ and vy. In a so-called Gluing Problem,
the optimal values for ¢ and v; are determined. Theorem ensures that this solution
approach is equivalent to solving the original problem.

We consider the part of the terminal funding ratio which exceeds or falls short of the
reference point B, i.e. F = (F)"™ — (F)~. (F)" only influences U; and (F)~ only
influences U_. We define the set where F' exceeds the reference point as

A:={F >0}.
Further, we denote the initial funding ratio needed to replicate (F)* by vy, i.e.
vy = E[Z(F)"].

With F(T) = (F)y —(F)_+Band E[ZF(T)] = %, the budget in terms of the funding

ratio for (F)_ is given by E[Z(F)™] = vy — (% - B).

S =

In the Gains Problem (GPJ), we optimize (F)* with given initial funding ratio v, i.e.
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we solve
sup Uy ((F)")
F

st. E[Z(F)"] = vy, (GP)
F is Fpr-measurable and lower-bounded.

The shortfall of the terminal funding ratio (F)~ is different from zero on A = {F < 0}.
We optimize (F)~ in the Loss Problem (LP] given by

inf U_((F)7)
st. E[Z(F)7] = vy — (‘L/((g)) - B> (LP)

F is Fp-measurable and upper-bounded.

Both problems, and , depend on the parameters A and vy. Therefore, we de-
note the optimal solutions to these problems by & (v, A) for and ®_ (v, A) for
(LPJ). The connection between and is established by finding a pair (v}, A*)
which maximizes ®4(v4, A) — ®_(v4, A). This problem is called the Gluing Problem.
To simplify the parametrization with respect to the set A, Jin and Zhou (2008) (Theo-
rem 5.1) show that an optimal set A* is always of the form A* = {Z < ¢*}, ¢* > 0.
This simplifies the Gluing Problem to finding solutions of the form
O (vy,c) == Py(vy,{Z < ¢}), i.e. we solve an optimization problem in only two
real variables. In the following, we give an intuition why this simplification is possible.
First, we note that Qz(Z) and subsequently 1 — Qz(Z) are uniformly distributed and
A={F >0}. Let

¢:=qz(Q(A)) = qz(Q(F = 0)) = ¢z(Q(F = B)).
Then,
Q(Z <¢) =Q(Z < 4z(Q(A))) = Q(A) = Q(F > 0)

for all relevant F. Hence, Z < ¢ < F > 0 as F will be a monotonic function of Z.
The Gluing Problem (GLUE)) is defined as

sup P (v4,0) — P (v4,0)
(U+7C)

s.t.0<c< 0. (GLUE)

By solving (GLUE|), we obtain the optimal parameters c¢* and v}. We showed
Z < c<< F >0 in all relevant cases, so for the optimal solutions, it holds

(F*)" = F*lpesg = F*lg<c
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as well as
(F*)" = —F*lpug=—Flgsc.
Consequently, we can write and equivalently as
S%P U4 (Flz<c)

s.t. E[ZFHZSC} = VU4, (GP’)
Flz<.>0

and
inf U_(—Flgs.)
F
st. E[~ZFlgse] = vy — <V(0) - B> (LP?)

_F1Z>c > 0.

3.2.4 Optimal CPT Funding Ratio

Jin and Zhou| (2008)) provide an explicit solution for power utility, which we adapt in
this section. We use

Ui(v) =0, U_(v)=pvY, aec(0,1), [f>1
and define

G(c) :=E Zﬁw;(Qz(Z))ﬁ]lch )

Pw_(1 - Qz(c))
G(ce)' " E[Z1z5]"

and k(c) :=

We always assume
inf > 1. K
inf k(c) = (K)
In the following result, adapted from |Jin and Zhou (2008), we provide explicit solutions
for the optimal terminal funding ratio depending on the initial funding ratio.
Theorem 3.2.3 (Optimal Terminal Funding Ratio, CPT). Let (@) and (@ be satisfied.

If % > B, the optimal solution F* to (CPTOP) is given by

YO _p L
Bx _ (et _ L(0) Z ot
B =) =0 <w;<@z<z>>>
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and the optimal terminal funding ratio is F*(T) = F* + B.
If % < B, then the following holds:
o Ifinf.~ok(c) =1, the supremum value of (CPTOP)| is 0 but not attainable.

o Ifinf.~gk(c) > 1, the Problem (CPTOP) admits an optimal solution if and only
if the problem

.y <5wu-—@2@»)L¥G@) ©)

0<e<o0 E[Z]lz>c]a

admits an optimal solution c*.

— If ¢* =0 is the only solution to , then

- L(0)
and the optimal terminal funding ratio is F* = F* + B = %.
— If ¢* > 0, the optimal solution to (CPTOP)) is given by

F* :(F*)—i- _ (F*)_

1 « V(0
v < 7 >a111 z)jL—%%—B]1
= Z<er =~ Lzser
W’ (Qz(%)) B -

G(c*) Qz E[Z1z>]
with
V(0
. By
vy = 1
k(c*)T-a —1

and the optimal terminal funding ratio is F* = F* + B.

Proof. The proof works along Jin and Zhou (2008) with the wealth being replaced by

the funding ratio and the change of numéraire as described in Section 2. O
: 1 . 9 -B 7z o
Remark 3.2.4. With I(y) = yo—1 for the power utility, the parts () (w;(QZ(Z)))

1

’Ui 7 a—1 . . . .
and D) (w;((@z(z)» can with Theorem|2.5.6 be interpreted as an optimal terminal

wealth of a standard optimization problem which is adjusted by a distorting factor and
scaled to the available budget for (F*)*.

In the following section, we specify the distortion in order to achieve more explicit results
for the optimal terminal funding ratio and the corresponding investment strategies.
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3.2.5 Modified Wang-Distortion Function

We consider the distortion from [Wang | (2000)), which can be written a&ﬂ

qz(p)
w(p) 2—/0 rfz(r)dr =E [Z15<,0)]

log(qz(p)) — $llor — AT |*T )
jb( o —ATIVT )Z‘D(@ ')~ llor ~+"IVT).

with fz denoting the density function of Z. While w is a probability distortion function
according to Definition[3.2.2] it is convex instead of reverse-S-shaped. A proof is provided
for a slightly more general statement in Appendix Lemma

With the following generalization to this distortion function, we get a distortion function
w(p), which can be reverse-S-shaped. It is defined by

w(p) =" (97 (p) = dllo, 1T IVT),
with parameters n € (0, 1], § € (0,1] and ®"(-) := (®(-))". Moreover, we define
1
Zs = exp <—252H0’L —TNPT 4 6(o, — ’yT)W(T)> ,

which has, by the same derivation as for Qz, the cumulative distribution function

log z + £6%||of, — 7TH2T>

Gz =0 ( dllo, —ATINT

The corresponding density is denoted by fz, and the quantile function is given by
1 _
iz4(9) = exp (=50 AT PT + o~ VTR ) )
Further, we define
az45(p)
ws(p) :_/ rfzs(r)dr =E [Zf;]lZ&SZZ(;(P)}
0

s <1°g<qzé<p>> — 30%llow ‘WT) =@ (27 (p) ~ 3o — " IVT).

Sllor —=ATIVT

For v € R, c1,¢c0 € RT and Y ~ LN (1, 0%)

1 1 1 — ol 1 2
E[Y"Lye(c;,en)] = €xp (I/u + 51/202) <<I> (M> _ P (M)) _

g g
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with Footnote 2| as above. Hence,

Lemma 3.2.5. Let § € (0,1] andn € (0,1]. Then, w satisfies (M) and its first derivative
s given by

w'(p) =n®" " (€7 (p) = dllor = TIVT) az(p)

1 _
exp (5= low =" PT+ (5= Dllor ~ 1 IVT0 ).
Furthermore, w is reverse S-shaped for n € (0,1).

Proof. See Appendix O

The shape of w is further illustrated for various parameters in Figure [3.1] where we can
also observe that w is reverse-S-shaped for n = 0.5, which is particularly visible for the
case with § = 1 at the same time. To get a better understanding of the effect of the
distortion, we apply it to an example for illustrative purposes. For a random variable Y
with distribution function Qy and density function fy, we consider

ULY) = E [0 (1) (1= Qr ()] = [ T UL ) (1 - Qv () fy (),

—00

which we interpret as an expectation of Uy (Y) under a distorted probability measure.
The distorted density function of Y is given by

¥ ) = v\ (1-Qy(y)fr(y)

and the corresponding distribution function by
y
W= [ s =1 w1 - Q).

For Y being standard normally distributed, Figure illustrates the distorted density
function fy¥ for various parameter choices. For a fixed value of 7, a variation in J
results in a shift of the distribution. If Y represents the return of the wealth or the
funding ratio, an increase in § results in an increase in the probability for very low
returns, which might be a desirable property to adjust the Black-Scholes market model
for a higher downside risk. For nn = 1, the whole density function is just shifted to the
left, so the expected return also decreases. With a decrease in 7, the upper tail of the
distribution is emphasized. Combining both effects, the probability for events from both
tails is increased (see the graph for n = 0.5, 6 = 1 in Figure .
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Figure 3.1: Distortion function w. Figure 3.2: Distorted density of a standard
normally distributed random variable.

3.2.6 Optimal Investment Strategy for the Modified Wang-Distortion

For the modified Wang-distortion function w, we derive the optimal terminal funding
ratio and investment strategy for the well-funded case and the underfunded case sepa-
rately in this section. We apply w to both gains and losses, denote the corresponding
distortions by w4 and w_ and assume for the corresponding parameters 61 € (0, 1] and
Nt € (0,1]. Therefore, with Lemma holds. Note that the distortion on the
losses is needed to ensure that the problem is well-posed.

Optimal Investment Strategy in the Well-Funded Case

Theorem 3.2.6 (Three-Fund Separation, CPT, Yo > B). Let (@) be satisfied and

7(0)
% > B. The optimal terminal funding ratio is given by

a—1
e g e 0~ B[ 27 exp (J(6% - 64)low 1 TIPT)
 G(o) oni—1 (108 Z+G=0D)llor—TIPT
G oz T IVT

and the optimal investment strategy is given by
w (1) = XPT((F)H(E Zu(t), B)r"S + (1= ATT((F) (¢, Zu(t)), B)) 1,
with

. L ZL(t) E(F)(t Zi (1)
NPT (62000 B) = — 5l 7o s
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where the funding ratio at time t corresponding to (F*)* is denoted by
(F*)(t, ZL(t)) = Eq, [(F")"|F]

and & (F*)*(t, ZL(t)) is the derivative of (F*)*(t, ZL(t)) with respect to the second
component.

Proof. With Lemma [3.2.5

log Z + %HO’L —~T|?T
lor =T IVT

1 1
- exp <2(1 — (ﬁ)HaL — ’yTHzT + (64 — 1) (logZ + iHaL — 'yT\ZT))

_, (log Z + L|op —~T|PT
SR ( s A

u!, (Qz(2)) = @7 ( 3o —fnﬁ) -z

low =~7IVT

1
- exp (—Qcﬁuq —ATIPT + 64 o — AT IVT

P log Z + (3 — 64)|lor, — 7T |°T
— !+
lor, =~T|IVT

1
- exp <5+ log Z — 5(51 —o4)llor — 7T||2T> :

ot (19824 G = 00)llor —oTIPT
s .
lor =27 IVT

& — 5w —fyTn?T) .

log Z + 3l — 77 |2T
lor —+TIVT

1
A exp (—2

Applying Theorem for the well-funded case, we obtain F* = (F*)* + B, with

V(o) N
(F*)—&-:L(O)_B< Z )a—l
G(oo) \w!(Qz(2))
1
V(0) B L
_z) B[ 27 e (303 — )]l =" |T)
G(o0) _1 (log Z+(5=8)llor—"|PT
N4 P+ ( (=2l )

We use Appendix with (F*)~(t, Z(t)) = 0 to receive the optimal investment strat-
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egy for F*(t, Zr(t)) = (F*)"(t, ZL(t)) + B:

T = gy (205 (PO € 2 = 75) 4 () 1. 20(0) + B) 7

_ZWEE) G ZL) ps (1_ ~Z1(t) g (F)* <t,ZL<t>>> L

(F)* (4. Z0(0) + B (F) (LZ,(0) + B

O]

In the preceding theorem, we received again a three-fund separation. Since (F*)~ = 0,
the funding ratio never falls below the reference point B. In the following corollary, we
consider the case 17, = 1 to get a more explicit result for A7

Corollary 3.2.7 (Three-Fund Separation, CPT, ((0)) > B, ny =1). Let (@) be satis-

fied, % > B and ny = 1. The optimal terminal funding ratio is then given by

and the optimal investment strategy is given by
w(t) = ATT(FET (), B)r"S + (1 = XTI (F™ (1), B))w M,
with

F™(t)-B 1-0,4
F©™({t) 1-a

ACPT(F™ (1), B) =

Proof. For ny =1, we have with the proof of Theorem

L (Qe(2) = 2% exp (=502 - b1 )low 7 IPT).
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Thus, we have with Footnote [2| and with v = ‘Sf__aa, cg=c,and c; =0

o 1
Ge) =E [25510/, (Qz(2)) "o 1 5<. |
52 ) 5y —a
—exp ( 1 *llop — 7TH2T> E [Zfa legc]

57a257a(5(5
( o) e 1s +>H0L—7TWT>

l—a 11—«

loz = ~ATIIVT

S —
po ) (loset (5= 552 llow AT PT
2 HUL— HT ¢ T
lor —~7IVT

=exp

(logc—i— % 6* a) llor —’yTHQT

1(
2

since
02 -a\? d-a B-0 (6 -a)+1-a)(a—d})
11—« 11—« l—-a (1—a)?
B —25y0+ a+ ad? (64— 1%

1-e)?  (1-a)?’

Applying Theorem the optimal funding ratio reads

1

Vo) _p L
RES _ L 0) —0+ } — — “
(F*)* —W (Zl *+ exp < (5?# o+ )llor ’YT’2T>>
(VO B\ o (10 =D
~(Zy - 2) = (-3 e I =)
: Zla_fl+ exp (;5(1 O llor 7T||2T>
RO -
(e—1%0  B—8 (5 —1’a+8,(0, — (o 1)
(1—a)? a—1 (1—a)?
(= 8)Gra—a—dia+5)  (5r— D@ —a)
1= o) M-y

The value of (F*)* at time ¢, denoted by (F*)T (¢, Z1(t)), can be calculated using (A.12))
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in Appendix with v = 29+ cg = 00, and c¢; = 0 and is given by

a—1"

e zue) = () - 8) oo (50520 o - PT) 21 <

e (5 (4 1) L o =TT -1

(V) = 1 (1-4: [ TURP
_<L(O) B>ZL(t) 1exp< 2<a—1+1> a—l”gL v et ),

due to

(1-64)(0r—) (1-64)(04-1+1—0)

Q-aP (1—a)?
102+ (1-d)(a 1)
(1—a)?

1—64 1—04
= 1 :
( a—1 * ) a—1
With (A.13]) in Appendix the corresponding replicating strategy can be written as

1-0
my () = 7 4 ——(xPS

LH
1—a ):

As (F*)~(t, ZL(t)) = 0, the replicating strategy for F*(¢, Z(t)) = (F*)T(t,ZL(t)) + B
is with (A.11)) in Appendix given by
1 _
*(t) =—= FYF (4, Zp(t t) + Brt

)
L (F)T(ZL1)  1-0 (xPS _ gLH)
(F*)*(t, Z(t))+ B 1—«
_on FP6Z() - B 1-0, (xS
&z 0)  1-a

=T

_ﬂ_LH)'

O

Again, m* can be represented as a three-fund separation with the liability hedging port-
folio, the performance seeking portfolio and the risk-free asset. With 1 — a > 0, we
interpret 1{_% as a CPT-distorted factor of the risk appetite of the investor. As ob-
served before, a higher §; emphasizes the lower asset returns. This leads to a lower
allocation in the performance seeking portfolio, a higher allocation in the liability hedg-
ing portfolio and therefore a more cautious investment strategy. We also observe that
the investment in the performance seeking portfolio corresponds to a CPPI-strategy with
multiplier m := 11:6;. This component ensures, together with the allocation in the lia-
bility hedging portfolio, that the funding ratio never falls below the reference point B.
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Thus, the funding ratio is always in the area of the CPT utility, in which the investor is
risk-averse and the risk-seeking part, i.e. U_, does not have an impact on the strategy.

Optimal Investment Strategy with Initial Underfunding
In case % < B and ¢* = 0 being the only solution to , the optimal terminal funding
ratio is with Theorem [3.2.3| given by

«_ V(0)
F'= o)

In this case the optimal strategy is to hedge the liabilities perfectly with

With this investment strategy, the funding ratio is kept constant. For the investor,
the risk of an even lower funding ratio outweighs the potential profit generated by an
investment in the performance seeking portfolio. Since Z < ¢* < F* > B,

Q(F* > B) = Q(Z < 0) =0,

for ¢* = 0. This means that there is zero probability that funded or well-funded status
can be achieved and thus no reason to risk anything and try. Therefore, we only consider
the case ¢* > 0 in the following.

Proposition 3.2.8 (Optimal Terminal Funding Ratio, CPT, % < B). Let

inf.sok(c) > 1 be satisfied and % < B. If has an optimal solution c* > 0,

the optimal terminal funding ratio 1s given by
F*—B=F"=(F" - (F",

with

Iz<er

R 10%Z+(§—5+)||0L "/THQT)

loL—TIVT
vm

a—1
(Zl O exp (5(03 — 6)llor —47IIPT)
vt

(F) =

1 «
1—® (bgc —flm vTu?T) Z>e
loL—~TIVT
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and
V(0
. B-1w
vy = 1
k(c*)T=a —1

Proof. We proceed as in the proof of Theorem [3.2.6] and receive by an application of
Theorem [3.2.3]

Pyt _ Ut 4 o X
™ ~ger (wwam)

vi [ 217 exp (5(0% — 04)llor —"IPT)

= :H-Z<c*‘
G(c*) 1 <logZ+(%—5+)HaL—lel2T> =
G lor—T VT
The other part is with Footnote given by
« _ V() « _ V()
(F*)_ = —U+ L) +B]lZ x = Ut L(©) 5 1ysex
BlZlz-c] 70 g (el T
lor—TIVT

O]

While the CPPI-part for the performance seeking portfolio in the well-funded case en-
sures that the funding ratio never falls below the reference point B (and therefore never
falls into the risk seeking area U_ of the utility function in T), the optimal investment
strategy in the underfunded case corresponds to a leveraged strategy. Starting in the
risk-seeking area U_ of the CPT utility, the investor tries to achieve a terminal funding
ratio above the reference point B. In case the financial market evolves in a favorable way,
more precise, if Z < ¢*, then the investor receives the terminal funding ratio (F*)* + B.
Otherwise, i.e. Z > c*, the investor suffers a loss and receives the constant funding ratio
B — (F*)~. Again, we consider the case n = 1 for a more explicit result.

Theorem 3.2.9 (Three-Fund Separation, CPT, Yo B, ny =1). Letinf.~ok(c) > 1,

Z(0)
% <0andny =1. If has an optimal solution c* > 0, the optimal terminal funding

ratio is given by

F*—B=F"=(F)" — (F")",
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with
_ v*
(F)* = - :
o [t (=Sl IPT
loL—TIVT
1(1-04)(0+ —a) T2 e
exXp <2 (1 _ O[)Q ||UL - ” T Z a-l ]]-ZSC*7
* V(0)
_ vy — 7y + 1
(F*)~ = LENRAC) 175
1—® (10g0*75H0L*’YTH2T)
loL—TIvVT
and
V(0)
. B I
Vs
k(c*)T=a —1

The optimal investment strateqy is given by

75 (t) = AOPT . pPS | (1 _ \CPT) . gLH

with
ACPT :F(lt)ﬂ A(FT() Ay — FT(1) - A)

t=a o =TIVt (a (5.7 - 1,525
. ¢(d<#"(t),T—t,O>) | 1

1= (d(7q T - t0)) o —2tIVE=E

o - 1-5
a—1 . _c __ 4 =9+
- ZU+ZL(t) (I (d (zm)vT t ot )) e CL (1= N 1= lo — 7|t
' . <logc*—;~:i+ uaL-wnzT) 2\ a1 a1 ’

oz —TIVT
. V(0
Vi~ I B ¢
Fr(t) = (1-o(a(-S -
=) | (0 TP Nzt~ t%)))
o2 —TIVT

¢ denoting the density function of a standard normally distributed random variable and
_ log(e)=(v+3)llor—~" s
dle,s,v) = = S
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Proof. From the proof of Corollary we know that

* 6y —
. 1(5;, — 1)%a - loge* + (3 = 557 low =" I°T
G(e) = exp (= =2 Loy —TPT ) @
2 (1-a) loz —ATIVT

Applying Proposition and inserting G(c*) leads to

1

_ U* _ 1 a—1
(F) =gy (27 o (5002 = 60)low ~47PT) ) e

*

_ vy
> logc*+(%76f:aa>||UL*'YT||2T
loL—TIVT
1/1-96 1-9§ 1-4
exp | —= R | +||UL—’yT||2T ZOt—Ir 1z<cx,
2\ a—-1 a—1 =

since (see the proof of Corollary [3.2.7)

_(5+—1)2()[ 53—5+:(1—5+)(5+—Q):_ 1—5++1 1—(5+
(1—a)? a—1 (1—a)? a—1 a—1

With (A.12]) from Appendix

1-6

(F*)+(t, ZL(t)) _ * U%Z];E{)aa—l — o (d (ZCZt)’T — 1, 104__6;_>>
o <logc + (352 o7 T> L

lor—TIVT

'eXp<_2<a—l +1) a_1HUL—7 It

and the corresponding replicating strategy is with (A.13) from Appendix given by

1-6 1 ¢(d<L,T—t7¥)>
e = 1—5+uoL—an/ﬁ@(d(Zi,T_t,;%)) o

The second part of the terminal funding ratio is also given by Proposition With
(A.12) from Appendix co = 00,c¢1 = ¢* and v = 0, we have

v(0)

N - ’Uj_ — W + B c*
(F ) (t, ZL(t)) = 1_q)(logc*7%”a'L7'yT”2T> 1-® d m,T—t,o .
lor—TIVT
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Moreover, the replicating strategy 7_ of (F*)~ reads

LH ¢<d (ﬁ*(t)’T_t’O)) 1 PS _ fLH).

T =7m" = (" —7

1-d (d (%,T—t,O)) lor —~TIVT —t

Finally, the total optimal investment strategy consisting of both parts can be written as
(see (A.11) in Appendix [A.3)

1

™) = a0

((F)F(t, Zo®)me(t) = (F)7 (8, Zo(t)m-(t) + Br™) |

which corresponds to the representation from the statement of the theorem as
FA(t, Z0(1)) = (F*)*(t, Z0(8)) — (F*)~ (1, Zi(t)) + B.
O

3.3 Connection Between Expected Utility and CPT
Funding Ratio Optimization

In the previous section, we introduced the CPT funding ratio optimization as a gener-
alization of the expected utility framework. We illustrate the connections between the
results from Corollary and Corollary in this section. While the optimal in-
vestment strategy in the expected utility is a constant mix strategy, so the allocations in
the performance seeking portfolio and the liability hedging portfolio are independent of
F(t), the optimal investment strategy for the CPT approach with % > B dynamically
depends on F(t). In Figure and Figure the weights of the performance seeking
portfolio and the liability hedging portfolio in ¢t = 0 are illustrated. We choose @ = —1
for both, the expected utility approach with power utility, and the CPT approach and
consider only the downside risk component of the distortion by setting 7 = 1 in the CPT
example. The optimal investment strategy in the CPT example differs from the optimal
strategy in the expected utility example by the consideration of the reference point B
and the factor 1 —§; caused by the distortion. Figures and show the convergence
of the allocations in the CPT approach to the allocations of the expected utility approach
as the distortion is reduced (4 — 0) and as the reference point is decreased (B — 0).
Hence, the CPT approach can be considered as a generalization of the expected utility
approach with the expected utility approach representing the special case of a reference
point B = 0 and without distortion (4 =0, n = 1).
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4 Surplus Optimization

In this chapter, we maximize the utility of the terminal surplus. In Section [4.1] we intro-
duce the liability models and present the surplus optimization problem. The generalized
martingale approach is introduced in Section and applied to receive the optimal
terminal wealth. Furthermore, the corresponding investment strategy is derived. For
several specific liability models, more explicit results are presented in Sections and
and compared in Section Section contains a comparison to results from
Chapter [3| Large parts of this chapter coincide with |Desmettre et al. (2020) and minor
parts coincide with [Brummer et al.| (2018). Throughout the whole chapter, we assume
d =1, i.e. we consider only one risky asset.

4.1 Surplus Optimization Framework

For the maximization of the expected utility of the surplus of the assets over the liabilities
at time 7', we define the surplus as introduced in [Sharpe and Tint| (1990) by

S(T) := V(T) — 4 L(T, V(T)).

The factor 11, € (0,1] is constant as in Sharpe and Tint| (1990) and allows for a flexible
portion of consideration of the liabilities. The liabilities L(T",V(T")) are further specified
in the following sections.

4.1.1 General Liability Model

To set up the portfolio optimization problem, we introduce the liabilities and the gener-
alized martingale approach in a way which is inspired by Desmettre and Seifried| (2016]).
They develop a two-step method for a setting that includes an illiquid asset which can
only be traded at the beginning of the time horizon. In the first step, the authors find
an optimal liquid portfolio given an arbitrary, but fixed illiquid investment and in the
second step, they optimize the amount invested in the illiquid asset. We extend the
methods used in the first step to our setting by interpreting the liability position as a
short position in an illiquid asset and allowing for such a short position. Furthermore, we
derive closed-form solutions for the optimal trading strategies in the setting of replicable
liabilities and for various types of liabilities with performance participation. We assume
that the value of the liabilities at time T' can be modeled by random variables L;(T')
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and Lo(T') and that we cannot invest in the liabilities directly. L;(7") will be used to
model a performance-participating part and Lo(T") will be used to model a part which is
not directly depending on wealth. Ly(T') can be interpreted as an index-linked part. For
both, Li and Lo, we want to allow for hedgeable and non-hedgeable components. The
hedgeable risks can be interpreted as, e.g., interest-rate risks and the non-hedgeable risks
as, e.g., inflation risks (income growth of the policy holder), mortality risk or operational
risk inherent in the liabilities. The hedgeable components are modeled by a stochastic
process X which satisfies the following assumption.

Assumption (LX). The process X follows
AX (1) = puxc (b, X (0)dt + ox (1, X (1)) dW (1),
Fort e [0,T], X(T) can be written as a function of X (t) and an increment £(t,T), i.e.

X(T) = g(X(@),£(¢,T)),

where &(t,T) is independent of X (t) and g is twice differentiable with respect to the first
component.

Note that X (T) is replicable, since X is driven by the same Brownian motion W as the
risky asset. To model the unhedgeable components of the liabilities, we use G-measurable
random variables U; and Uy. We consider liabilities L(T,v) and always impose the
following assumptions (L1) and (L2). (L1) states the general structure of the liabilities.
(L2) contains conditions to exclude the possibility of unavoidable bankruptcy.

Assumption (L1). The liabilities are of the form
L(T,v) = L(T,v, X(T),Ur,Uz) = vl (T, X(T),Ur) + Lo(T, X(T),U>), v >0, (L1)

with non-negative, H-measurable functions L;(T, X (T'),U;), i = 1,2.

We call the left part of the sum vLq (T, X(T'),U) performance-linked and the right part
Lo(T, X(T'),Us) index-linked. To simplify the notation, we write L(T") or L(T,v) instead
of L(T,v,X(T),U1,Uz) and L;(T") instead of L;(T, X (T),U;), i = 1,2 sometimes. For
each w € (), we further assume the existence of the worst case scenario with respect to
the unhedgeable risks defined by

w; = argsup L;(T, X (T,w),U;(w)), i =1,2.
we

In T, the liabilities are covered even for the worst outcomes of the unhedgeable risk
components, if

V(T,w) > ¥V (T, w)L1(T, X (T,w), U (&) + ¥ Lo(T, X (T, w), Us()),  (4.1)
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 ppLo(T, X (T, w),Us(2))
to(w) = [ 0L Ly (T, X (T ). 2h 1) (4.2)

Assumption (L2). There exists a constant ki € [0, w%), and a @—integmble random
variable ko(w) such that Q-a.s.

ke >Ly(T, X(T), ) (L2.1)
and ko(w) > Slelg Lo(T, X (T, w), Uz (©)). (L2.2)

Furthermore,
v >E [Z(T)@O(w)} . (L2.3)

In particular, this means that the investor has enough initial capital to hedge the worst
outcomes of the unhedgeable risk components associated with U;, ¢ = 1, 2. For a pension
plan or insurance company with the liabilities consisting of the discounted cash flows of
the future payments, an upper bound could be, e.g., the sum of all the (non-discounted)
payments or a cap in benefits to the policy holders (see |[Ekern| (1996))).

4.1.2 Specific Liability Models

In this section, we present some specific liability models, for which we obtain more
explicit results later. We also discuss Assumptions (LX), (L1) and (L2), where (L2)
is always evaluated assuming that the investor has enough initial capital, i.e. (L2.3]
holds.

In some examples, we assume that X follows a geometric Brownian motion
dX () = X (1) (ﬂxdt + &XdW(t)), X(0) = 1, (4.3)

with constant coefficients fix and 6x and W being the Brownian motion which also
drives the risky asset. Since

X(T) :X(t)e(/lx—%6§<)(T—t)+&x(W(T)—W(t)),
X satisfies Assumption (LX) with &(¢,7) = e(ix=30%)T=D+ox(W(D-W (1) a9
g(xz,8) = x€&. We assume that the investor cannot trade in X, only in the risky as-
set P and the risk-free asset Py. Since the Brownian motions driving P and X are the
same, X (7T') is still replicable with P. However, since trading in X is not allowed, the
model is also free of arbitrage.
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Example 4.1.1 (Geometric Brownian Motion). For the liabilities from Chapter@ as
mn , only holds if there are no unhedgeable risks, i.e. o. = 0. In this case,
a version of the liabilities in the market with d = 1 of the liabilities from Chapter[3 is
given with

X as in (4.3), with ix = pr, 6x = ||or]| and kz2(w) = X(T,w). These liabilities satisfy
Assumptions (LX), (L1) and (L2) with k; = 0.

Example 4.1.2 (Replicable Liabilities). If we do not consider unhedgeable risks asso-
ciated with U;,i = 1,2, but a general process X satisfying Assumption (LX) as well as
general L1(T) and Lo(T') satisfying Assumption (L2), we have

L(T,v) = vLi(T) + Ly(T) = vLy(T, X (T)) + La(T, X (T)). (RL)

In this case, we can set ko(w) := Lo(T, X (T, w)).

Example 4.1.3 (Index-Linked Liabilities with Capped Maximum Benefits (ILCB)).
Motivated by Ekern| (1996), we consider liabilities of the form

Li(T)=0, L(T,X(t)) = Lo(T, X(T)) = L(0) f(X(T)), L(0) >0, te[0,T], (ILCB)
with capped maximum benefits, i.e.
f(z) = min{z, K} (4.4)

and X as in [(L.3). This type of liabilities satisfies Assumptions (LX), (L1) and (L2)
with L1(T) = 0, Lo(T, X (t)) = L(0)f(X(T)), k1 = 0 and ka(w) = L(0)K. The cap
can be interpreted, e.g., as a special product feature to limit the insurance company’s
risk (see|Ekern (1996)), as an implicit guarantee by the supervising authority to change
rules in case of industry-wide underfunding, or as some form of natural upper-bound as

described in Section [4.1.1].

In the following examples, we assume that the payment to the policy holder is depending
on the performance of the asset portfolio of the insurance company. Such mechanisms
can be found in various types of insurance contracts, see e.g. [Korn and Wagner, (2018)
or [Kling et al.| (2009).

Example 4.1.4 (Performance-Linked Liabilities (PLU)). We consider performance-
linked liabilities with unhedgeable risks of the form

Ly(T) =0, L(T,v)=vLy(T,X(T),Uy), (PLU)

with general, L1(T, X (T),U1) satisfying Assumptions (LX) and (L2). Since the future
payments to the clients, and subsequently the value of the liabilities, depend on the perfor-
mance of the assets for various insurance products, the value of the liabilities is assumed
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to be proportional to v here. The term Li(T) can be used to model a component of the
liabilities that is not directly connected to the wealth. This may include both unhedgeable
risks, e.g. mortality risk and hedgeable risks such as interest-rate risk.

Example 4.1.5 (Performance-Linked Liabilities with Capped Benefits and Unhedge-
able Risks (PLCBU)). We specify the model from the previous example further using
an affine model. The use of an affine model in this context can also be found in
Hocht et al| (2008). In this example, we assume that Uy is uniformly distributed on
[c1, ca], with c1,c0 > 0, ¢1 < ca. Furthermore, we consider liabilities of the form

Ly(T) =0, L(T,v) =vLi(T,X(T),Ur) =vL(0) (B1f(X(T)) + B2Uh1), L(0) > 0,
(PLCBU)
with X as in (4.3), f being a strictly positive function, which is bounded from above

by a constant K with 0 < K < % (m - ﬁQCQ), B1, 82 > 0, and almost everywhere

twice continuously differentiable. These liabilities are a special case of and sat-
isfy Assumptions (LX) (see above) and (L2) with Li(T) = L(0)(B1f(X(T)) + Balhy),
Ly(T) =0, ky = L(0)(B1 K + Baca) and kao(w) =0 (see also the proof of Corollary[§.4.3
for ) In addition to the consideration of a general f, we also deal with special
choices of f:

Choosing f as in (4.4) introduces a positive correlation between the risky asset and L1(T).
In the context of performance-linked liabilities, this leads to liabilities, which are more
sensitive to market changes than the wealth process. If we use the function

f(z) = min{i,K}, (4.5)

this leads to a framework in which the policy holder participates only partially in the
performance of the assets. In particular, the liabilities can be written as

L(T,v) = vLy(T, X (T),1) = L(0) <ﬂ1 min {XZJT) vK} + 52u1v>

and can therefore be interpreted as a capped relative performance of the insurance com-
pany’s wealth compared to an index. In addition, there is an unhedgeable component

which can be nicely interpreted in the context of mortality risk: while the first term
(£1 min {%, vK } includes current estimates of the mortality, additional capital Bold1v
must be provided to cover the risk that the mortality changes more than expected in an
unfavorable way. In this context, the exact amount of additional capital required is un-

known in t = 0.

Example 4.1.6 (Performance Linked Liabilities with Capped Benefits (PLCBU*)). In
Chapter@ we considered, inspired by Martelling (2006), liabilities modeled as geometric
Brownian motions which may also include unhedgeable risks. We adapt this model for
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the liabilities to the context of performance-linked liabilities in this section. We consider
more general liabilities of the form

Lo(T) =0, L(T,v):=vL(T,X(T),Uy),

with
Li(T, X(T),Uy) := L) f(X(T)U (T)), L(0) >0, (PLCBU*)

with X as in (4.3), f being a strictly positive function, which is bounded from above by
a constant K with 0 < K < m, almost everywhere twice continuously differentiable

and Uy (t) given by the SDE
dU (t) = Ur (t)dedWe(t), Ui(0) =1,

with constant 6. and W, being a Brownian motion which is independent of W. As in the
previous example, these liabilities are a special case of (PLU) and satisfy
Assumptions (LX) (see above) and (L2) with Li(T) = L(0)f(X(T)U), L2(T) = 0,
k1 = L(0)K and ko(w) = 0 (see also the proof of Corollary|4.4.7 for (L2.1))). In addi-
tion to the consideration of a general f, we also deal with special choices of f:

Scheuenstuhl and Zagst (2008) use geometric Brownian motions to model stock prices
with a market risk component and an idiosyncratic component. We proceed similarly to
model an index and the risk that the actual portfolio of the insurance company deviates
from this index. For X as in representing an index, we interpret XUy as a fund
which uses the index X as a benchmark. The SDE of the fund is with Ité’s formula given

by

d(X () (1)) = X (U1 (1)oedWe(t) + U () X (1) [fixdt + 6 xdW (1))
= X (1)U (t) [ixdt + oxdW () + GdWe(t)] |

with 6. representing the risk that the portfolio deviates from the index. For f as in (4.5)),
the value of the liabilities can be written as

v

L(T,v) =vLy(T, X(T)) = L(0) min {X(T)ul(T) UK} .

As in the previous example, the liabilities can be interpreted as a capped relative perfor-
mance of an asset portfolio, which is, in this case, compared to a fund XU .

Remark 4.1.7. This liability model can be interpreted as a performance-linked version of
the model in Chapter[3 for the special case of X being a Brownian motion. In contrast
to Chapter [3 and Ezample the cap is necessary here to avoid the possibility of
bankruptcy caused by unlimited unhedgeable risks. In a pure funding ratio optimization,
such as in the expected utility setting in Chapter [3 or in a setting with Ly(T, X (T))
instead of L1(T, X (T)) as in Example no cap is necessary.
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4.1.3 Surplus Optimization Problem

We now introduce the portfolio optimization problem for a general utility function as
in Definition with V = (0,00). In contrast to Chapter |3, where the CPT utility
function was also defined for a funding level below the reference point, we exclude a
negative surplus here due to the use of a traditional utility function. The set of admissible
strategies A’'(vg) corresponding to the initial wealth vy contains all admissible strategies
which satisfy

V({t)-E [Z(t,T)@o(wﬂ]-}} >0 Qas. forall t € [0,7] (4.6)

and E [U~(S(T))] < .

Remark 4.1.8. For V(T,w) > 9g(w), the investor has enough capital to cover the worst

outcomes of the unhedgebale risks in T (see (4.1) and (4.2)). Consequently, if (4.6))

holds, the investor has enough capital to cover the present value of the liabilities with
respect to the worst outcomes of the unhedgeable risk components int € [0,T]. Note that
we assume that the investor has enough initial capital (see Assumption (L2.3)).

We aim at finding the optimal allocation in the risky asset and the risk-free asset such
that the expected utility of the terminal surplus is mazimized:

L EU(S(T))] = By EUVHNT) =L L(T,V(T)))] (Ps)

4.2 Generalized Martingale Approach for Surplus
Optimization

In this section, we present the generalized martingale approach, which we adapt from
Desmettre and Seifried (2016)).

Remark 4.2.1. We wish to stress again that we focus on the mazimization of the
expected terminal surplus

ﬂé?\g(};o) E [U(VW(T) - wLL(Ta VTF(T)))] ’

in the presence of liabilities. In contrast, |Desmettre and Seifried (2016]) have focused on
the optimization with fixed-term securities

max E |UWV®™(T)+yF(T))|,
e B |U(VET(T) ()
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where ¥ denotes the units invested into the fized-term security F(T'), and|Seifried (2010)
has focused on the optimal portfolio problem with deferred capital gains taxes

ﬂeﬂjl\%o)E (U (volqy=(ry<ue} + (1 — ) (VT(T) = v0) Live()>u})] -

where o € [0,1) is the investor’s personal tax rate.

Different from |Desmettre and Seifried (2016)), where an optimization over v leads to
the investment in the fixed-term asset, we assume %, to be constant since it is in our
setting rather a property of the preferences of the investor than a control variable. This
assumption is in line with |Sharpe and Tint (1990) and |Detemple and Rindisbacher
(2008). To utilize the approach from Desmettre and Seifried| (2016), we introduce the
random utility functions

U, (v) :=U (v — ¢ L(T,v))
=U(w =Y L(T,v, X(T,w), U (w),Uz(w))), v € (Dp(w),0), wE Q,

and U, : (tp(w),0) — R, w € Q, given by

U, (v) :==E [Uy(v)|Fr] = E[U (v — . L(T,v))|Fr].

Note that 0g(w) € (0, ?Eﬁ(:ﬂ Also note that for the case of replicable liabilities, i.e.

there are no unhedgeable components U; and Us, we obviously have

A~ —

Us(v) =Uy(v), weN.

In our surplus optimization framework, in contrast to|Desmettre and Seifried| (2016)), we
replace the illiquid asset with a corresponding positive payoff by liabilities that generate
a negative value

— o L(T,v) <0.
The subsequent results are needed for further derivations.

Lemma 4.2.2. The random utility function U, is differentiable for almost every w € Q)
with R

Us(v) =E [(1 = ¢ Ly(D)U’ (v = Y. L(T,v)) | Fr] -
Furthermore, U, is strictly monotonically decreasing, U’ (to(w)) € (0,00], U (v) > 0 for
all v > vo(w) and UL (v) — 0 as v — 0.
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Proof. For w € ), © > 99(w) arbitrary but fixed and e small enough, we have

0< %U(v — L L(T, v))
= D01~ gL (M)~ Y La(T)))
= (1 = Li(T)U' (1 = 9Ly (T))v — 91 Lo(T))
< U/((l - wLLl(X(va%ul(d)l))(@ - 6) - ¢LL2(X(T>W)7U(@2)))

forall v € (0 —¢,0+¢€) since 1 =9 L1(T) > 0, U is increasing and U’ decreasing. Thus,
given Fr, there is a constant upper bound for %U (v—1 L(T,v)) and differentiation and
integration at ¥ can be interchanged by dominated convergence. The other properties
follow by the characteristics of U’ as well as 0. O

Since U, is differentiable with U/, : (fp(w), 00) — (0, U (9o(w))) and due to its mono-
tonicity, we can define the inverse marginal utility corresponding to U, and we denote
it by L, : (0,00) — (tp(w),o0), where we set I,(y) := Go(w) for y > U/ (to(w)). Note
that, due to the structure of the liabilities, I, is a deterministic function of y and X (T').
Therefore, we also write

Lo(y) = Z(y, X(T)) = Z(y, (X (1), (£, T))).

The following assumption will be used for the derivation of optimal investment strate-
gies.

Assumption (LS). Z(yZ(t,T),g(xz,£(t,T))) is almost everywhere twice continuously
differentiable with respect to both, x and y. Li(T,g(x,&(t,T)))), i = 1,2 are almost
everywhere twice continuously differentiable with respect to x.

Furthermore, we define
H(t,y,z) =E [Z(t, )L, (yZ(t, T))|ft}
—E | Z(t, T)T (yZ(t,T), 9(2,£(,T))) IF:| @,y >0, te[0,T],

The following Lemma provides a necessary condition required for the later application
of the generalized martingale approach.

Lemma 4.2.3. It holds that
H(0,y, X(0)) = E[Z(T)L,(yZ(T))] < 00, for all y > 0.

Furthermore, H(0,y, X (0)) is continuous and strictly monotonically decreasing in y.

Proof. We have for v > 09(w) by dominated convergence as in the proof of Lemmam
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and as U’ is strictly monotonically decreasing

U (v) =E %U (v =L L(T,v))

71|

=E [(1 = ¢ Li(T)U' (1 = ¥ L1(T))v — ¢ Lo(T)) | Fr]
<U' (1 = ¢ Ly (X (T, w),Us (@1)))v — Y1 Lo (X (T, w), Uz (@2)))
=M, (v)

for a.e. w € Q. Note that M, (v) is continuous and strictly monotonically decreasing
and therefore its inverse

1) (y) ={

is monotonically decreasing as well. Then, it follows for all 0 < y < U/, (to(w))

Mw)_l(y)7 0< y < ﬁ/(®0(w))

o(w), else

—~

>

y=0, (L) < M. (L)
By the monotonicity of IM (y), we have
() > 1 (Mo (L)) = Lw).
Since both sides are equal for y > U/ (tg(w)), we learn that I,(y) < IM(y) for almost
every w € Q. As L;(X(T,w),U;(w;)) are Fr-measurable for ¢ = 1,2, and due to the

boundedness conditions (L2.1)) and (L2.2]),

1M (y)

1
< max { 1 — Ly (X(T,w), Uy (&1))

1 A
< max {1_7’% (I(y) + Yrka(w)) ;UO(W)} .

(I () + b La(X (T,0), Un(62))) ;@o(w)}

The statement follows with (2.7) as ka(w) is Q-integrable by Assumption (L2). The
continuity and monotonicity of H(0,y, X (0)) follow with Lemma [4.2.2] O

Optimal Terminal Wealth and Investment Strategy

The following result states that the well-known calculation of the optimal
terminal wealth using the martingale approach (see, e.g., Theorem 7.6 (p. 114) in
Karatzas and Shreve| (1998])) which can also be transferred to the case with a random
utility function, which is based on the terminal surplus S(T") = V(T') — ¢, L(T,V).
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Theorem 4.2.4 (Optimal Terminal Wealth). The optimal terminal wealth for 8
given by

VA(T) = L(Y (v0)Z(T)),

with Y (+) being the inverse of H(0,-, X (0)). The optimal terminal surplus is then given

by
SHT) == VHT) = L(T,V*(T)).

Proof. The proof is provided in Appendix [B] O

In case of a surplus optimization without performance-linked liabilities, i.e. Ly(T) = 0,
we have for very unfavorable market developments, i.e.  high values of Z(T),
VHT) = L1,(Y(v0) Z(T)) = to(w) = supgeq ¥ L2(T, X (T,w),Us()). Thus, the surplus
S*(T) consists only of the difference between the worst case scenario of the unhedgeable
risks 99(w) and the actual realization 11, La(T, X (T, w),Us(w)).

For the optimal terminal wealth, we now deduce the corresponding replicating strategy.

Theorem 4.2.5 (Optimal Investment Strategy). Let Assumption (LS) be satisfied. The
investment strategy corresponding to the optimal terminal wealth from Theorem [[.2.7) is
given by

T (t) = J(t)lV(t) [—Hy (t, Y(t), X (1)) Y(£)y(t) + He (8, V(t), X (1)) ox (£, X(£))]
with
V(1) =Y (00)Z(t) = Y (vg)e™ Jo (&) +37(5)ds—[g v(5)aW (s),
Furthermore,

V() =H(t, Y(t), X (1))
Proof. The SDE of ) can be written as
dY(t) =Y(t) [-r(t)ds — y(t)dW (t)] .
By Theorem [{.2.4

VH(T) = Lu(Y (v0) Z(T)) = Lo(V(T)).
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We thus have with Assumption (LX)
V(1) =E | Z(t, T) L (V(T)) | 7]
—E | Z(t, T)T (V(T), X(T)) | ]
—E | Z(t, )T (Y() Z(t,T), (X (£),£(t.T)) ) 1| = H (£.2(1), X(1)).
As Assumption (LS) holds, we can apply It6’s formula and obtain

dV*(t) =dH (t, Y(t), X (t))
=H; (t,Y(t), X(t))dt + Hy (t,Y(t), X (t)) dY(t) + Hy (t, Y(t), X (t)) dX (1)

| Hy (90, X(0) Y (00x(0 X(0) + 3V0P 0 Hyy (1, V(0. X(0)

g0 X(0) e (1, V(0. X(0)]
= [ (190, X(0) — (O (1) Hy (1 Y00, X(0) + px (1, X () Ho (1, Y0, X(0)

oo (1,90, X(0) YO (o (1, X(0) + 3900 Hyy (8,900, X(0)
g (0 X(0) e (1.0, X(0)]
[ Hy (6 YOO 1)+ Halt, Y(O)ox (6, X ()] dW (1),

Comparing the coefficients of the diffusion terms of this SDE and (2.1]), we receive

VEt)m(t)o(t) = — Hy (£, Y(t), X (1)) Y(E)v(t) + Ho (8, V(t), X (1)) ox (&, X (1)),

which completes the proof. O

4.3 Performance- and Index-Linked Liabilities

In this section, we consider an application with replicable liabilities, i.e. we assume
liabilities of the form (RL|). Throughout the whole section, we consider a power utility
function of the form (2.6) to model the preferences of the investor.

4.3.1 Optimal Investment Strategy with Replicable Liabilities

As a direct consequence of Theorem we obtain:

Corollary 4.3.1 (Power Utility and Replicable Liabilities (RL)). Let Assumption (LS)
be satisfied. The optimal terminal wealth for an investor with power utility function ([2.6))
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and liabilities as in (RL|) is given by

VHT) = L) ZT) = 1= o (( f”_(qufg)) - +¢LL2<T>) -
and
~ a—1
v < | B2
Vo) = = o
E[(l—fﬁfm) H}
Furthermore,

VA(t) =H(t, (1), X (1))

[e3

Z(t,T) ot =
1— ¢ Ly (T, 9(X (1), £(t,T))) '
¢

YrLa(T, g(X(1),£(,T))) ‘}-]
L= L1 (T, g(X (), €6 T)) [

and the optimal investment strategy is given by

—Y(t)a1E

+E [Z(t,T)

TF*(t) = 7TM(75) + WPL(t) + W[L(t) + ﬂmi(t),

with the Merton portfolio

performance-linked part

Cox (LX) [ 4 a
rea(t) = | 21 (12 ) (onLnlT X)X 0,60, T))

1—

=Ly (T, g(X (0, T T (YO Z(,T)) "

ft:| )
index-linked part

YL
OV (D)

and a mized part

(1 —a)ox(t,X(t)) Lo (T, X (T)ge(X(t),&(t,T)) — (1) Lo(T, X (T))
(1=a)(1 =YLy (T, X(T)))

1) {Z(t, T)

mrn(t) = ]—"t]

wLL2(Ta X(T))wLLl,z(Tv X(T))gz (X(t)v f(t» T)))
(1= v Ly(T, X(T)))?

ot X)) [,
ilt) = 2 [Z(M)

]:t:|7
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where L; (T, X(T)), i = 1,2 denote the derivatives of L;(T, X (T')) with respect to the second
component.

Proof. We have U,, = U,, since the liabilities are replicable with

Uul0) = Ulo ~ b1 L(T,0)) = ~ (0~ Y, (L1 (T) + La(T)))*, 0> () = %

and
Lo (T)

Ub) = A =drLuD)© = Yo Li(T) + Ly(T))* ™, v > =77

Since U/, (M> = 00, the inverse of U/, is given by

1=y L1 (T)
1
L) == (i) vt (@)
T L () \\T— 0 Li(T) . . .
Hence, given vg > E [Z(T)%} the optimal solution V*(T') from Theorem [4.2.4] is given

by V*(T) = I,(Y (vo) Z(T)), which reads as in the statement. Furthermore,

H(O,y,X(O))E[ Z(T) (( yZ(T) )Mw)LLQ(T))

1 =YLy (T) 1 — 9Ly (T)

and

!

H(0,Y (vg), X(0)) = vo

5 W1, Lo (T, X (T
vo—E [Z (T)—l—ii(l(T,)(«)T)))}

Z(T) ﬁ
E [<1wLL1<T,x<T>>) }

To obtain the optimal investment strategy, we apply Theorem and calculate

&Y (’Uo) =

V(1) =H(D(1), X (1) = E | Z(t, T)LO(D))\F]

— Z(t.T) yozer 7

- [1 ~YLLa(T X(T)) ((1 = ¢LL1<T,X(T>>> +rla(T X (T)))
PR Z(,T) a=1
o {(1 - wLM(T’g(X(t)?&(t,T))))

'@/}LLQ (T’ g(X(t)a f(t, T)))
1= Ly (T, g(X(),£(2, T)))

Fi

Fi

+E [Z(t,T)

7.
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Then,
HL (4, (), X (1)
=& [20.7) (1) (0 Lanl XD 0X0), 6. T)

L= LT g(X (), 66 D) (Y02 T))
wLLZ,m(T7 X(T)gm (X(t)v f(tﬂ T))
1- wLLl(Ta X<T))
01 La(T, X(1)) by Lo (T, X (T))gu (X (2), (1, T)
(1= b L1 (T, X(D))?

where expectation and differentiation can be interchanged due to dominated convergence with
Assumption (L2). Finally,

:

+E [Z(t, T)

+Z(t,T)

]’t} : (4.8)

- H 4. Y0. X000 = E |20, T) 75 L) R 901100

. Z(t,T) o
1- wLLl (Ta g(X(t)v f(tv T)))

(t) . Ly(T, X(T))
_ 17701 (v (t) - z/;LE[ (t.7) wLLl(T,X(T))‘ED' (4.9)

- ﬁy(t)ai

1—«

Fi

Applying Theorem and inserting (4.8) as well as (4.9)), we have

O —

OV (1)

=TM (t) —

[—Hy (¢, (1), X(1) Y(t)7(t) + Hy (£, V(1), X (1)) ox (¢, X (2))]
1 1YL [ 2 Ly(T, X(T))

c(t)V*(t) 1-— aL]E {Z(t’T)l - ¢LL1(T X (1)) |ft]

t,X(t) wLLu(T X(T)g.(X(¢),£(, 1))

YW (t) 1/1LL1(T X(T))

. Lo(T, X(T))
c®)Vt) 1-a {Z ki YL (T, X(T)) |Ft}
UX(t»X(t))LZm(TaX(T)gm(X(t)’E(ta T)) )

~ LA (T, X(T) 7| ity

E [Z(t, T)

1 . ’Y(t)wLE

]-'t} + Ti(t)

:WM(t) + ’/TpL(t) —

1/)L
"oV

=mm(t) + 7rPL( )+ L) + Tmi(t),

]E {Z(t, T)

with mas(t), mpr(t), mrr(t) and 7, (¢) as in the statement. O

In this corollary, the portfolios mpy, (respectively myr) are zero when Li(T, X (T)) (re-
spectively Lo(T, X (T'))) is zero. In each of the two cases, mpy; is also zero. We will
particularly examine these special cases. The case Lo(X (7)) = 0 will be covered in
Corollary and the case L1 (T, X (7)) = 0 is treated in the following remark.
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Remark 4.3.2. In case L1(T, X(T)) = 0 and with Corollary

1

vw=E [Z(T)v*(:r)} —E {Z(:r) (Y(UO)Z(T)> ‘“] +E [Z(T)szLﬂ)} .

The interpretation is that the optimal terminal surplus is the same as the optimal wealth
of an investor with initial capital vop — E [Z (T)’(/JLLQ(T):| who mazimizes the exrpected

utility of terminal wealth only. Moreover, wpr(t) = mpmi(t) =0 and

W) VO = B |2 T)Lo(T, X (1) |17

(1—a)o(t) V(1)
¢ XD g 20,7 L, X D)0 610 00T

Thus, the optimal investment strategy is as in Chapter[3, given by a three-fund separation
and can also be seen as a generalization of a CPPI strategy. The Merton portfolio
% 1s scaled by the relative surplus at time t. The second term represents the
liability hedging portfolio and the remaining wealth is invested in the risk-free asset. A
more detailed comparison of the funding ratio optimization and surplus optimization is
provided in Section [{.0.

For this case, i.e. liabilities as in (RL|) with Li (T, X(T')) = 0, we consider a particular
application which allows for a closed-form solution for the investment strategy in the
following section.

4.3.2 Index-Linked Liabilities with Capped Maximum Benefits

For the first example with a specific liability model which admits a closed-form solution,
we assume constant coefficients u, o and r and liabilities as in (ILCB|). As a consequence
of Theorem , we obtain the following result:

Corollary 4.3.3 (Index-Linked Liabilities with Capped Maximum Benefits (ILCB)).
The optimal investment strategy for an investor with power utility function (2.6) and

liabilities as in ({[LCBJ|) is given by

"0 = [ff”a (V*(® = 6L T (KO (dy(8)) + X ()ePx =T =00 (—dy (1)) )

_H/)LL(())efr(Tft)e(ﬂxf&xv)(T*t)q)(_dl(t))ng(t)} ,

with

log (%) + (fix —6x7+ 36%) (T —1)
di(t) =

oxV1T —t
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and

do(t) =di (£) — 6x VT — .
Proof. We apply Theorem and compute

H(t, y( ) (t))

With

E[2(t,T) min(X (T), K)| 7]

— 0K E [ 26,7 max (K — X(T),0) 7]

— 00

—da(t) 2
_ e—r(T—t) (K—/ ? e—%(T—t)—WJﬁuK(Z)(u)du

—da(t)
wx(e) [ e B T xR 0 Mg ) )

— 00

—da(t)
o (K— [ Kot =

. . —da(t)
JrX(t)e(ux —&x7)(T—t) /

— 00

0] (u +(v— 6)()\/1Tt> du)

—da(t) o —da(t)
_ e (e / Ko(u)du + X (t)elix—oxn(T=0 / 6 (u—oxVT—1) du

=TT (K = KO(—da () + X (£)e M-I =00 (~d, (1))
= 7T (K@ (dy (1)) + X (el =T 00 (—dy (1)) ),
where d; (t) and da(t) are as stated in the theorem. Using

d B 1
X (t) hilt) = X (t) T X(t)ex VT — 1
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we receive

He (8, Y(1), X (1))

:w?@)szL(o)e—’“(T—t) (K@(da(t)) + X (£)elx =N 0p(—dy (1))
_ —r(r—t) (__Ko(d2(t)) olix =X ) (T—) gy I G 1))
=V L) <X(t)6—X\/ﬁ+ e-d) PO,

:¢LL(0)efr(Tft)e(ﬂx *&xv)(T*t)q)(,dl (),

since ¢(x) = ¢(—x) and

1 da(t)? 1 (d1 ()= x VT=D)?
¢( 2( )) \/ﬂ o
1 _di()%-2d; (Ve x VT—E+5% (T—1)
- ¢ 2
2w
_ 1 eidl(zwzelog(y)j%ﬂx,&X7+%5§()(T7t)—§&§((Tft)
V2T
X)) 1 _aw? 4o s _ X(t) e s _
— e~ 2 elix—6x)(T—1) — dy (1)) elitx =x7)(T—t)
e o (1)

Using (4.9)), we receive

— Hy (6, (0, X ()Y (yy(t) = 20

T l-a

The statement then follows directly from Theorem

(V*(t) — ,E [Z(t, T) min(X (T), K) ]]—"tD .

)

We conclude that this specification of the liability process leads to an optimal investment
strategy that can be stated in closed form. However, non-hedgeable risks are not included
in this liability specification and the resulting investment strategy does not have an
impact on the value of the liabilities. We address these extensions in the next section.

4.4 Performance-Linked Liabilities

In this section, we derive an optimal strategy for an investor with liabilities that include
an asset performance participation under the assumption of a power utility function

(2.6) and liabilities of the form (PLU|). The following theorem, which is a consequence

of the general setting dealt with in Theorem [4.2.4] gives the solution for the optimal

terminal wealth in the setting with performance-linked liabilities:
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Theorem 4.4.1 (Optimal Terminal Wealth, Performance-Linked Liabilities). The op-

timal terminal wealth for an investor with power utility function (2.6) and performance-
linked liabilities as in (PLU)) is given by

1

VAT) = (AuY () Z(1))
with
Ay = (E[(1 = g Li(D))* |Fr])

and

1

¥ (vo) = (11[«: [Z(T) (AwZ(T)>‘H]>1a.

Vo

Proof. For the power utility case with asset participation type liabilities, we have

N v

Uo(v) =E [ (v — oLy (T))" | Fr] = EE [(1 =Ly (7)) | Fr]
and thus, we can directly calculate
Us(v) = v 'E [(1 = ¢ L (7)™ | Fr] .
Using Assumption and ki, € (0,1), we get t(w) = 0 and thus U’ (tp(w)) =

U’ (0) = 0. Hence,

Ly) = (Auy)™,
for all y > 0 with
Ay = (E[(1 - ¢rLy(T)* |Fr]) !

and

Finally, V*(T) = I(Y (v0) Z(T)). O
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The structure of the terminal wealth is similar to the terminal wealth of an investor with
power utility and without considering the surplus. The surplus is taken into account by
the adjustment factor

L 1
AT = (B[(1 =Ly (T))" | Fr]) ==,
where the term

1= Li(T) = 5((11:))
can be interpreted as the terminal surplus relative to the terminal wealth of the asset
portfolio. From the structure of A, we can also deduce that the unhedgeable risks (i.e.
risks independent of Fr) are considered in the optimal terminal wealth (and subsequently
in the investment strategy leading to the terminal wealth) only in expectation. The
actual realization of the unhedgeable risks only has an impact on the terminal surplus,
but not the terminal wealth. However, the hedgeable parts of L1(T") lead to the following
impact of the adjustment factor A,: for a < O,lan w € Q resulting in a larger relative

surplus leads to a smaller adjustment factor AS~", whereas for a2 > 0, a larger relative
1

surplus leads to a larger adjustment factor. This means that the adjustment factor AS ™"
has a dampening effect on the volatility of the terminal wealth for o < 0, which results
from the high risk aversion. On the other hand, a less risk-averse investor with o > 0
uses a large capital buffer to increase the final wealth. Interpreting the limit o — 0 as
an investor with logarithmic utility in terms of the relative risk aversion, we have for
such an investor

E[U(S(T))] = E [log (V/(T) — 1 V(T) Ly(T))]
= E[log(V(T))] +E[(1 - 41 Ly(T))].

Hence, the solution to ([Pg)) is independent of L;(T'), the relative surplus does not have
an impact on the terminal wealth and therefore, this limit separates the cases o > 0 and
a < 0.

We can also deduce optimal investment strategies in the setting with performance-linked
liabilities.

Theorem 4.4.2 (Optimal Investment Strategy, Performance-Linked Liabilities). Let
Assumption (LS) be satisfied. The optimal terminal wealth for an investor with power
utility function (2.6 and performance-linked liabilities as in (PLU)|) is given by

ey — () 1 ”

72



4 Surplus Optimization

with
Y(t) =Y (v)Z(t),

Y (vo) as in Theorem and

0)((9(75) (Au(g(X(2),£(t,T)))) "7 |].‘t:| ‘

Ho(t,Y(t), X (t)) = Y(t)&TE [Z(t,T)aal
Furthermore,
V) =B | 2.7) (A, (X 0.0 T Y02 1) 17

Proof. We apply Theorem to the optimal wealth from Theorem We have
VA(t) = H(LY(1), X (1) =E | Z(t, T) L(V(T))|F|
M= 1
=E | Z(1,T) (Au(X(T)Y(T))7 | F|

—E | 2(.7) (B (o(X(0). €. T) YO 2. 1) ™ m] .

For the calculation of H, and H,, the expectation and differentiation can be interchanged
by dominated convergence due to Assumption (L2). Hence,

— Hy(t, Y (1), X ()Y (t)y ()

= V(1) g | 20T) (A (X0 6. T) Y0200, 7)) 17

= E [Z(t,T) (As (g(x (0, €t. 1) YO 2(,17)) ™ m}

H(t. (0, X(0) =5 i | 2.T) (80 (X0, 0. 7)) Y(0.20.7) 157

0
TOX (1)
=)(t)a-1E [Z(t,T)Jil

X (1) (AL (g(X(2), (8, T))))ﬁ ‘]:t]

The statement follows with Theorem 4.2.5] O

In Theorem [4.4.2] we observe again a three-fund solution. In contrast to Corollary
where the performance seeking part was scaled by the relative surplus at time ¢, it has
the structure of a constant-mix strategy plus liability hedging term here. In the case of
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constant coefficients, which will be of particular relevance for our numerical examples,
we obtain

H(t,Y(t), X (1))
)R [ —(r+192) (T t>—v<w<T>—w<t>>)ﬁL(Aw(g(x()g(t T))))alllft]

= Y(tyarerts () TR [ EEWO-Wo) 9 (n (g(x (1), 6t T)) m].

4.4.1 Performance-Linked Liabilities with Capped Benefits and
Unhedgeable Risks

The preceding theorem allows for the consideration of liability factors L;(7") which are
only partially hedgeable. To illustrate that, we use a two-factor model with one factor
representing the hedgeable risks and one factor representing the unhedgeable risks. For
the liabilities presented here, we can explicitly calculate

1

AFT = (B[(1 ~ YLL(0) (] (X(T)) + 5))" [Fr) s

and 8( )A"‘ 571 as shown in the following corollary.
Corollary 4.4.3 (Two-Factor Performance-Linked Liabilities). The optimal terminal
wealth for an investor with power utility function (2.6) and performance-linked liabilities

as in (PLCBU)|) with general f is given by Theorem and the optimal investment
strategy is given by Theorem [{.4.9 with

ATT = ((1—wLL(0>(61f<X(T))+ﬂzc1)>““—(1—¢LL(0>(ﬂ1f<X(T)>+ﬁzc2)>‘*“)11a
© (c2—c) (WL L(0)B2) (a+1)

9 = L[ =9 L(0)B1 £ (X(T))g(X ()E( 7)) o
AT = 1— o L(0) (B f(X(T -
oX(1) 1_a< (oo o) (br L)) (o 1) 5 )[( YLL(O) (Bf (X(T) + facs)

— (1= L(0) (BLf(X(T)) + Bac2))] (a + 1)-
' {(1 — P L(0) (BLf(X(T)) + Bacr)* !
(1 L) (T (X)) + Baea)) ] T

for a # —1. For a = —1, we have

A _ 1 (L= L) (B
As = ((«:2 ) UL L(0)5) (

74



4 Surplus Optimization

and
0 atr _ —UrLO)B (X(T))g.(X (), £, T)) <10g (1 — ULL(0) (Buf(X(T)) +5zcl>>>%
o0X(1) (1= ) ((e2 = e1) (YL L(0)B2)) L= YL L(0) (B f(X (D)) + Baca)

1 1
. (1 — 0L L(0) (B f(X(T)) + Bacr) 1= 4 L(0) (Buf(X(T)) + 5202)) '

Proof. For liabilities of the form (PLCBU)|), the corresponding random utility function
is given by

Uu(v) = E[U (v = ¢roL(0) (BLf (X (T)) + Balh))| Fr] -
For K < B% (ﬁ(o) = 6202), we obtain with f(X (7)) < K that

Li(T, X(T),tr)) = $r.L(0) (B1f (X(T)) + Pathy) < prL(0)(BLK + Pacz) = k1 < L.

Hence, holds and U is well-defined for all v > 0, i.e. Uo(w) = 0. The optimal
terminal wealth is given by Theorem 4.1 with A, = (E[(1 — ¢ L1(T))* |F7])~". First,
we consider the case o # —1. Since X(T') is Fr-measurable and U is independent of
Fr, it follows that

BI01 = v L) 1Fr) = —— [ (1= vL0) (3 (X(T)) + o))" s

Cy —Cq c1

and consequently

Aw (2= er)(WLL(0)B2) J1—yp L(0)(81 (X (D)) 4 Brer)

(1= L(0) (BLf (X (T)+B2¢1))* T — (1= L(0) (B1f (X (T))+B2¢2))* T
(c2—c1)($rL(0)B2)(a+1) )

1 1 1= L(0)(B1 f(X(T))+Bac2)
— / u*du
1

Furthermore,

1
a a—1

0X (1) A

9 ((1—wLL(0)(mf(g(X(t)vﬁ(th)))wzcl))““—(1—wLL(0>(Blf(g(X(t),f(th)))chQ))a“)lla
0X(t) (c2—c1)(¥r.L(0)B2)(a+1)

_ 1 (—wLL(O)&f’(X(T))gz(X(t),f(t 7))
-« (c2 —c1) (Yo L(0)B2) (@ + 1)
— (1 =9 L(0) (BLf(X(T)) + Bac2))?]

(1=, LO) (B F (X (D)) Baer)) ™ — (1—tbp LO) (BLf (X (T))+Bae2))*H  Toa
(o 1) (RO LN e e G )

)w.¢uwﬂmﬂan+@mf

which can be written as in the statement. In case a = —1, the proof works analogously,
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but we have

1 1 N (1—wLL<o> (Blf(X(T))+BzC1))
E\T=0uL(0) (B f(X(T)) + Bacs) )

A, (c2—c1)(¥rL(0)B2)

respectively
= ! (L= VLL(0) (BUF(X(T)) + Bacr) |\ 2
Ao = ((02 —¢1)(¥rL(0)B2) o <1 =YL L(0) (B1f(X(T)) + 32@)))
and
=
ax ()

_ —YLL(0)B [ (X(T))ga (X (1), £(, T)) <1og (1 — Y1 L(0) (BLf(X(T)) + mcl)))_;
(1— ) ((c2 — 1) (1 L(0)B)) 2 1 — ¢ L(0) (B1 f(X(T)) + Boca)

1 1
' (1 — ¢ L(0) (B1f(X(T)) + Bac1) 1 —rL(0) (Brf(X(T)) + 5262)> '
O

With U, being independent of Fr and X (7') being Fr-measurable, the distortion factor
1

AS7! is expressed in terms of an expected value of a function of U; and the actual
realization of the unhedgeable risks does not influence the optimal investment strategy.

Remark 4.4.4. For f as in (4.4), we have f'(x) = 1 for x < K and f'(z) = 0 for
x > K. This property together with the fact that f is constant for x > K simplifies the

numerical calculation of the expectation from Theorem . The case of f from (4.5)
is very similar. The same holds true for the two subsequent examples in this section.

In the case B2 = 0, i.e. if there are no unhedgeable risks, the optimal investment strategy
simplifies and is given by the following corollary.

Corollary 4.4.5 (Performance-Linked Liabilities with Capped Benefits (PLCB)). The
optimal terminal wealth for an investor with power utility function (2.6|) and performance-

linked liabilities as in (PLCBU)|) with general f and B2 = 0 is given by Theorem m
and the optimal investment strategy is given by Theorem [{.4.4 with

AT = (1— ¢ L(0)Buf(X(T))) T
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Proof. The proof works along the proof of Corollary with

Ay = (B[(1 = yrLa(T) |Fr]) ™ = (1= ¢ Ly(T)) ™"

since the liabilities are Fr-measurable here. In this case, we obtain

A = g (- LA X@) ™)™
- 3)?@) (1 =YL L(0)B1 f(9(X (1), &(t, T)))) ™=
— (1= e LOA ST FF (22) (C0LO) S (X (D) 0 (X (0.6, T)),

It is clearly visible in this example that the factor AS~' only depends on the relative
surplus and the risk aversion here. As described earlier, Corollary describes a
special case of Corollary (with Lo(T, X (T)) = 0).

4.4.2 Liabilities Driven by Geometric Brownian Motion

In this section, we consider the liability model (PLCBU%)).

Remark 4.4.6. In the case of completely hedgeable liabilities, i.e. 6. = 0, the liabilities
correspond to the setting from Corollary[{.4.5 for the choice f1 = 1.

We examine the optimal terminal wealth and optimal investment strategy, in particu-
lar

1 1

a5 = (B[00 - v Lo f(xX T m)° | 7] )

in the following corollary.

Corollary 4.4.7 (Liabilities Driven by Geometric Brownian Motion). The optimal ter-
minal wealth for an investor with power utility function (2.6)) and performance-linked

liabilities as in (PLCBUY) with general f is given by Theorem and the optimal
investment strategy is given by Theorem [{.].9 with

Alw _ / h (1 — YL L(0)f (X (T)em30eT+00/T) )aé(wdu

—00
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and
- ( / Z (1 — 0L L(0)1 (9(X (1), €(t, T))eHT 0T )aé(u)du) o
L (1 e D(O0)f (9(X(1), 6 T))em 347 T) )

' (—1/1LL(0)f/ (g(X(t), £(t, T))e*%&§T+&€\/Tu> )
(0,6 T HHT R T

Proof. We proceed in a similar way as in the proof of Corollary [£.4:3] The random
utility function for liabilities of the form (PLCBU™) is given by

U (v) =E[U (v — 0L (0) (X (T)Uh (T)))| Fr]
For K < m, we have with f(X(T)U(T)) < K
L1<T,X(T),Z/{1)) = wLL(O)f(X(T)Z/[l) < QbLL(O)K =k <1

Hence, (L2.1) holds and U is well-defined for all v > 0, i.e. 9 (w) = 0. Again, we apply
Theorem M.4.1] and Theorem 4.4.2l It follows that

Alw — /_ Z (1 — Y L(0)f (X(T)e—%"?“ffﬁ “) )acb(u)du,

Thus,
Aﬁ = </°o (1 — Y L(0)f (X(T)e—%f‘f?T”eﬁ“)) gzb(u)du) B

and the statement follows by a straight-forward derivation using that expectation and
differentiation can be interchanged here by dominated convergence due to (L2.1)) and

the properties of f as introduced in (PLCBU™). O
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4.5 Comparison of Optimal Investment Strategies

In this section, we use the different derived results to assess the impact of the liabili-
ties, of the performance participation and of the unhedgeable risks on the investment
strategy in the surplus optimization framework. In particular, we use the liability mod-
els specified in Examples (ILCB), (PLCBU), .1.6| (PLCBU*) and Corollary
(PLCB) as well as a strategy with mixed, hedgeable liabilities. In Section [4.5.1] we
analyze the influence of general parameters on the optimal investment strategy. Com-
pared to the Merton portfolio %, the replicable liabilities from Corollary
(Example (ILCB)) illustrate the influence of the hedgeable, index-linked liabilities
with capped benefits. On the other hand, compared to the results from Corollary
(performance-linked, replicable (PLCB)), this setting also serves as a reference point for
the assessment of the impact of the performance participation with hedgeable liabilities.
In addition, we consider replicable liabilities as in Corollary (mixed liabilities), with
liabilities consisting of an equally-weighted average of the replicable performance-linked
and index-linked type. In Section the impact of the unhedgeable component in the
liability risk is studied when comparing the results from Corollary (performance-
linked liabilities in a two-factor model, liabilities as in Example (PLCBU)) and
Corollary (performance-linked, replicable (PLCB)). Finally, comparing the results
from Corollary [4.4.3] (performance-linked liabilities in a two-factor model (PLCBU)) and
Corollary (performance-linked liabilities, setting as in Example (PLCBU*)),
we compare the influence of the different types of models with unhedgeable risks for the
liabilities.

For these comparisons, we compute the optimal allocation in the risky asset in ¢t = 0
numerically. Unless otherwise mentioned, we consider an investor with power utility
function with o = —1 and a risky asset representing equity with = 0.06 and o = 0.3.
Furthermore, we choose r = 0.01, T' = 10, ¢y = 1, V(0) = 1 and L(0) = 0.5. X is
always modeled as in with ix = 0, 6x = 0.1. For the specific parameters of the
liability models, we choose K = 1.7, 81 = 2 = 0.5, ¢ = 0, ¢co = 0.1, and 6. = 0.48.
To ensure comparability of the models, &, is chosen such that the optimal allocations of
both models with unhedgeable risks, i.e. the models from Corollary 4.4.3| (PLCBU) and
Corollary[4.4.7 (PLCBU*), match for the setting in Section[4.5.2] whereas L(0) and K are
chosen such that the conditions for Corollary Corollary and Corollary [£.4.7]
hold. Due to the typical properties of insurance products, liabilities which are partially
linked to the development of an index or the portfolio of the insurance company itself
are often most interesting. For f as in , the index-linked liabilities exhibit such
a behavior. However, the performance-linked liabilities are stronger linked to the de-
velopment of the risky asset than the asset portfolio itself. Therefore, we use f from
only to analyze the optimal investment strategy with index-linked liabilities and
to illustrate the impact of the performance participation in the first part. In the second
part, we choose f from to get a more realistic assessment of the performance-linked
liabilities. In this setting, we compare the different models for the performance-linked

79



4 Surplus Optimization

liabilities and analyze the impact of unhedgeable risks.

4.5.1 Impact of the Type of the Liabilities

0.33 T T T T T T T T T 0.33

Merton Portfolio
032 F 4 Index-Linked Liabilities (ILCB)
0.32 Perf.-Linked Liabilities (PLCB)
\ Mixed Liabilities
0.31 1

031

s
"k 0291 1

0.28 -

027 F Merton Portfolio 4
Index-Linked Liabilities (ILCB)
Perf.-Linked Liabilities (PLCB)
Mixed Liabilities

0.26 -

I I I I I I I I I 0.27 L L L L L I I I I
1 1.1 12 13 14 15 16 17 18 19 2 0 0.1 02 03 04 05 06 07 08 09 1

Vv(0) YL

Figure 4.1: Optimal investment strategy  Figure 4.2: Optimal investment strategy
depending on the initial wealth, f as depending on v, f as in (4.4).

in .

In Figure [4.1] we see that the optimal allocation in the risky asset is independent of
the initial wealth for the model with performance-linked liabilities (PLCB) as both, the
assets and liabilities, increase with V(0), whereas the allocation is decreasing in the
initial wealth for the model with index-linked liabilities (ILCB) as a lower initial wealth
requires a hedge of the liability risk which makes up a larger part of the portfolio. As
f(X(T)) is positively correlated to the asset portfolio here, the higher investment for the
index-linked and performance-linked liabilities compared to the Merton portfolio can be
interpreted as an additional effort to hedge the liabilities.

The level to which the liabilities are considered influences the optimal investment strat-
egy as Figure shows. As 15 — 0, the extent to which the liabilities are considered
is decreasing and the strategies converge to the Merton portfolio. Again, we observe
that the performance-linked liabilities lead to the highest allocation in the risky asset.
Similar to the observation in Figure the positive correlation of X (7T') and the asset
portfolio leads for the index-linked and performance-linked liabilities to a larger alloca-
tion as the surplus decreases, which can be interpreted as an additional effort to hedge
the liabilities.

To examine the effect of the risk aversion, Figure [4.3] shows the optimal allocation de-
pending on the relative risk aversion 1 — a. The allocation in the risky asset is de-
creasing with a higher level of risk aversion in all cases. However, the allocation in
the performance-linked case is higher than the allocation of the Merton portfolio for
1 —«a > 1 and lower than the Merton portfolio for 1 — o < 1. The higher allocation
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of the investor being more risk-averse compared to the Merton portfolio can again be
interpreted as an additional attempt to hedge the liability risk inherent in Lji(t). As
described before, the limit o — 0, can be interpreted as an investor with logarithmic
utility and the optimal investment strategy is independent of L;(T') for such an in-
vestor. Therefore, the performance-linked investment strategy converges to the Merton
portfolio as 1 — @ — 1. For the index-linked liabilities, the difference of the allocation
between a high risk aversion and a low risk aversion is smaller. The reason is that the
investor having index-linked liabilities hedges the liabilities regardless of the risk aver-
sion. Only the investment of the remaining wealth is subject to the risk aversion (see
the explanation after Corollary . In Figures the optimal allocation for the
mixed liabilities is always between the allocation of the performance-linked liabilities
and the index-linked liabilities. To summarize, we see that in the case of index-linked
or performance-linked liabilities, an investor invests considerably more in the risky asset
than the investor without performance-linked liabilities. Furthermore, we observe that
if the surplus is lower or the investor is more risk-averse, additional efforts are made to
hedge the liabilities in the case of performance-linked liabilities. The different liability
models show that a close link to the insurance company’s portfolio value leads to higher
allocations in the risky asset, which should be considered for the product design if, e.g.,
a high share of risky assets is desired for long-term products. Furthermore, the larger
difference in the allocation in Figure for the performance-linked liabilities compared
to the index-linked liabilities shows that in case of performance-linked liabilities, the
allocation is more sensitive to a change in «, so the insurance company’s risk aversion is
more important to the policy holder. This can be explained by the fact that the insur-
ance company’s risk aversion does not have an impact on the performance of the index
underlying the index-linked product. However, if the policy holder participates in the
insurance company’s asset portfolio, the performance of the policy is directly influenced
by the insurance company’s risk aversion. As a consequence, the risk aversion of the
insurance company and the policy holder should be consistent for performance-linked
products.
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Figure 4.3: Optimal investment strategy
depending on the relative risk aversion

1—«a, fasin (4.4).
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Figure 4.4: Optimal investment strategy
depending on the relative risk aversion

1—a, fasin (4.5).

4.5.2 Comparison of Investment Strategies with Performance-Linked
Liabilities and Non-Hedgeable Risks

In this section, we compare the settings for performance-linked liabilities (Corollaries

(PLCB), (PLCBU) and (PLCBU¥)).

In particular, we analyze the

impact of unhedgeable risks on the optimal investment strategy. For a more realistic
model of the liabilities, we use f from (4.5) in this section.
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Figure 4.5: Optimal investment strategy
depending on v, f as in (4.5).
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Figure 4.6: Optimal investment strategy
depending on i, f as in (4.5)).

By the choice of the parameters, both cases with performance-linked liabilities and addi-
tional unhedgeable risks have the same allocation in the base case with the parameters
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as described above. It is observable from Figure that for 1 — a > 1, performance-
linked liabilities without unhedgeable risks (PLCB) admit a higher allocation compared
to the corresponding liability model with unhedgeable risks (PLCBU) as no buffer for
these risks must be provided. For an increasing portion in %y, i.e. as the weight of
the liabilities increases and the surplus decreases, the allocation in the risky asset is de-
creasing. This is in contrast to the results presented in Figure where the difference
occurs as f(X(T)) is negatively correlated to the risky asset in the setting of Figure
Moreover, we notice that the allocation in the risky asset for the liabilities (PLCBU*)
is slightly higher than the allocation in the the liability model (PLCBU) for ¥1, € (0,1),
while both allocations are the same for 1, = 1 (by construction of the paremter set)
and for ¢;, = 0 (as the liabilities are not at all taken into account). The weight for the
consideration of the hedgeable part of the liability risk in the liability model (PLCBU),
represented by (1, varies in Figure and is shown for different levels of 52, B2 = 0.7,
B2 = 0.5 and B2 = 0 (hedgeable performance-linked liabilities). We see that for larger
values of 31, the optimal allocation decreases as well as for larger values of (2, so an
increase in the liability risk leads to a decrease in the allocation. Independent of the
level of 9, the optimal investment strategy converges to the Merton portfolio as 51 — 0.
This can be explained by the observation that for 1 = 0 and any S, the surplus can
be represented as a product of the portfolio value and the relative surplus 1 — vp Ly (t),
with Lj(t) being independent of the portfolio value. In summary, Figures show
that unhedgeable risks such as additional mortality risks lead to a reduction in the risky
asset allocation. The effect increases as the risk aversion increases (Figure [4.4)), the
surplus decreases (stronger consideration of the liabilities, Figure or the portion of
the unhedgeable risks increases (Figure . For the design of products, this means
that the policy holder suffers form the insurance company’s unhedgeable risks through
a lower allocation in risky assets, in particular in case the insurance company has little
own funds or is very risk-averse.

4.6 Comparison of Funding Ratio Optimization and
Surplus Optimization

As stated in Remark the optimal investment strategy for the surplus optimiza-
tion framework can also be interpreted in terms of a three-fund separation. On the
other hand, we have observed in Chapter [3| that the CPT funding ratio optimization
can be interpreted as a generalization of the expected utility optimization. To com-
pare the funding ratio optimization and the surplus optimization, we first establish a
connection between the CPT funding ratio optimization and the surplus optimization
approach. Then, we examine the three-fund separation of the surplus optimization ap-
proach further. Most aspects can be nicely interpreted directly from the closed-form
representations of the investment strategies. In addition, Figures illustrate the
quantitative impact of changes in wealth and the risk aversion. The parameters chosen
here are V(0) = 1.1, L(0) =1, a = —1, B =11, = 0.5 and 6, = 0.1.
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V(1)

o) B and we

In the CPT context, we optimize the utility of F = F™(T) — B =
have

V(T
L = B>0 & VT(T)>BL(T) < VT(T)- BL(T) > 0.
We observe that the terminal surplus is positive if and only if the funding ratio is
above the reference point. Hence, the reference point B, indicating to which extent the
liabilities are considered, corresponds to vy, in the partial surplus optimization.

To be able to compare the three-fund separation for the surplus optimization to the
results for the funding ratio optimization, we expand the analysis from Remark [4.3.2]
by using a liability model as in Chapter i.e. we assume liabilities modeled by a
geometric Brownian motion. In Example we already showed that the liability
model from Chapter[3|can be included in the surplus optimization framework by choosing
Li(T,X(T)) =0, Lo(T, X(T)) = X(T) and X is given by a Geometric Brownian motion
as in . In Chapter the discounted liability process was assumed to be a Q-
martingale to be able to use the liability process as a numéraire, so we assume that
Z(t)X (t) is a martingale here. Then, we have with Remark for the optimal investment
strategy

V*(t) — ¢LE [Z(t, T)Lo(T, X(t))|}'t}

ey o)
™0 =T 0o 0
+ WWE [Z (6, T)L2o(T, X (T)g(X(t), (2, T))\]—‘t}
0 VO -Gk 2 TXDIFE]  x@ox )
"I a)o® 70 v E (26 T TIF
1 i a - (t)v_* E/;)LX(t) o wéfit()t)a_l&x’ (4.10)

with the martingale property of X and subsequently ¢ and 7% as in (2.11]). Here, 1 X () is
the value of the part of the liabilities considered, and 0 ~'éx corresponds to the liability hedging

portfolio from Chapter Thus, the part w‘ﬁfit()t)a’l&x hedges the liabilities completely. It is

visible that the investment in the performance seeking portfolio is scaled by the relative surplus
NSV (), X (1)) == %&%Xu) and the relative risk tolerance 1X—. The strategy is therefore a
generalization of the CPPI strategy with the power utility of the surplus being a generalization
of the usual HARA utility for a stochastic floor. Furthermore, can also be written as

() = 1 i QAS(V*(t),X(t))ﬂPS + (1= A5(V*(t), X(t))o tox.

As the investor becomes more risk-averse i.e. « decreases, the investment in the performance
seeking portfolio is reduced, the liabilities are still completely hedged, and the investment in the
risk-free asset is therefore increased. As the surplus is decreased, i.e. V*(t) — ¢ X (t) — 0 and
for arbitrary, but fixed «, the allocation in the risky asset is also reduced. As the liabilities are
still completely hedged, this means the investor only holds the liability hedging portfolio in the
limit.
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Recall that the three fund separations, which we obtained in Chapter [3|is given by

1 1
T (t) zil_awps—i— (1—1 >7TLH

-«
for the expected utility funding ratio optimization with power utility (see Corollary [3.1.2)) and
w () = AT (P (), B)yw"S + (1 = A“FT(F(t), B)x" ™,

with
Ft)—-B 1-44

F(t) l1-a
for the CPT optimization with initial well-funding (see Corollary [3.2.7)). Comparing these results
to (4.10), we observe two differences. First, the allocation of the liability hedging portfolio in
the surplus optimization is independent of the the relative risk tolerance in (4.10). The power
utility applied to the surplus establishes a terminal wealth constraint V*(T') > vy Lo(T, X(T)).

Hence, the liabilities 11, Lo (T, X (T')) have to be completely hedged regardless of the investor’s risk
aversion. As we observed, the optimal terminal surplus is the same as the optimal terminal wealth

NCPE(R(1), B) =

from an investor with initial capital vg—E |:Z(T)1/)LL2 (T)} (see Remark(4.3.2)). Depending on the

risk aversion, the capital not needed to hedge the liabilties is distributed only between the risky
asset and the risk-free asset. This explains why the allocation in the liability hedging portfolio is
independent of « (see also Figure . Furthermore, this means that a very risk-averse investor
would hedge the liabilities and invest the remaining capital in a way such that there is little risk
for a loss in surplus, i.e. in the risk-free asset. In Figure [£.8] we observe the decrease in the
allocation in the risky asset as the risk aversion increases, where the difference in the allocation
between the surplus optimization approach and the CPT approach results from the distortion
in the CPT approach. For the funding ratio optimization in an expected utility framework
with power utility (Corollary , the utility function is defined for any non-negative terminal
funding ratio, i.e. there is no constraint on the terminal funding ratio and therefore no need
to hedge the liabilities completely. Moreover, the allocations in the liability hedging portfolio
and the performance seeking portfolio are independent of the actual wealth and funding ratio
(see Figures an. For the CPT funding ratio optimization with initial well-funding and

ny = 1 (Corollary [3.2.7), we have \°FT(F(t), B) = FS;%;)B 7% nserting F(t) = %, we

obtain

F(t)—B _ V(t)— BL(t)
OENA()

Thus, the allocation in the performance seeking portfolio is, except for the distorting factor,
the same in the CPT case and the surplus optimization case, where the reference point B again
corresponds to vy, in the surplus optimization. In contrast to the surplus optimization framework,
the investment in the liability hedging portfolio is increased as the risk aversion increases for the
expected utility funding ratio optimization and CPT funding ratio optimization (see Figure
or as F(t) — B in the CPT funding ratio optimization (see Figure . This can be explained
as the investor within the surplus optimization framework reduces risk by reducing the volatility
of the surplus (i.e. hedging the liabilities completely and investing the remaining capital in the
risk-free asset) while an investor considering the funding ratio reduces the volatility by investing
in the liability hedging portfolio.
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As observed in this chapter, considering the utility of the surplus imposes a constraint on the
terminal wealth, which ensures that the wealth does not fall below the value of the liabilities.
In practice, regulatory constraints such as the Solvency II regulatory regime for insurance com-
panies aim at protecting the policy holders by imposing constraints on insurance companies.
These constraints limit the decisions insurance companies can make. We deal with Solvency II
constraints on the investment strategy in Chapter [5] and Chapter [6]
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Wealth-Dependent Risk Constraints

Motivated by the Solvency II regulatory framework, we develop solution methods for portfolio
optimization problems with wealth-dependent risk constraints in this chapter and in Chapter [6}
In this chapter, we begin by introducing a general portfolio optimization problem with wealth-
dependent risk constraints in Section In Section [5.2] we introduce those parts of the convex
duality approach from |Cvitani¢ and Karatzas| (1992)), which are transferable to our framework
with wealth-dependent portfolio constraints and we describe why their solution approach is not
applicable to our optimization problem. For constraint sets independent of wealth, we state
optimal investment strategies based on known results in Section [5.3] These results will be used
in the iterative two-step approach to the problem with wealth-dependent constraint sets and serve
as an associate problem in the solution approach in Chapter [6} In Section [5.4] we introduce the
Solvency II constraint set, for which we develop the iterative two-step approach in Section[5.5] We
assess the impact of the Solvency II constraints on the optimal investment strategy in Section [5.6
and compare our approach to an optimal approach on a discrete grid in Section Large parts
of this chapter coincide with [Escobar et al.[ (2019) or [Escobar et al.[ (2020)).

5.1 The Constrained Optimization Problem

We consider a closed and convex wealth-dependent constraint set K = (K (¢, V(t))c[o,r] and the
set of admissible strategies that satisfy the constraints

A(vg) :={m : w(t) € K(t,V"(t)) Q-a.s.
and V™ (t) e V=(L,00) Q-as. forallte[0,T], V7(0) =wvo}.

As in Chapter for a strictly increasing, strictly concave utility function, the constrained
optimization problem with utility from terminal wealth is defined as

®(vo) :== sup E[U(VT(D))], (P)
meN (vo)

where A’'(vg) C A(vg) consists of all m € A(vg) satisfying E [U~ (V™ (T))] < oo.

It should be noted that does not fall under the framework established in |Cvitani¢ and
Karatzas (1992). Although the authors mention their proofs can be extended to random con-
straint sets, i.e. constraint sets on the investment strategy m that depend on a random variable,
the case of a constraint set which depends also on wealth as a function of 7 is not covered as we
see later.
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5.2 Convex Duality Framework

This section provides the theoretical background for the constrained portfolio optimization. In
Sections and we introduce the auxiliary market and optimality condition in the
context of wealth-dependent and investment constraints. In |Cvitani¢ and Karatzas| (1992), the
authors show that solving the constrained optimization problem is equivalent to solving an uncon-
strained optimization problem within an appropriately chosen auxiliary market. The appropriate
auxiliary market is chosen via a dual problem. In the following, we adapt parts of this approach
to the more general case of wealth-dependent constraints.

5.2.1 Auxiliary Markets

To create the auxiliary markets, we introduce d-dimensional processes (A(t)):e[o,r], which are F-
progressively measurable. For ¢ € [0,T] and V() € V, the support function of the set K (¢, V (t))
is defined as

S, A1), V() := su —2TAt)=— inf  2TA@®), \¢t) € RY, 5.1
(t,A(), V(1)) reK(t%(t))( (t) werih ) (), At) (5.1)

and
XK(t,V(t)) = {)\(t) S R? : (S(t, )\(t>7 V(t)) < OO}

= {/\(t) eR:  inf  2TA@) > —oo} .
zeK(t,V(t))

The following lemma illustrates the connection between the support function and the constraint
set and will be needed later.

Lemma 5.2.1 (Rockafellar (1970), p. 112).
m(t) € Kt V(L) & SR, V() +7(t)"At) >0 for all A(t) € Xk v

The auxiliary markets My with d + 1 assets and price processes (P (t))efo,7], @ = 0, ...,d are
derived from the original market by modifying the drift and the interest rate:

ra(t) =) + 6 (6 A®), VA®)) s pa(t) == u(t) + A1) + 6 (¢, A(t), Va(t)) 1
() = o7 (t) (u(t) + A(t) — r(t)1) = (1) + o (E)A().

The wealth process in M is given by

AV () =V () [77 () (1) + A(E) + (¢, A(2), VY (¢))1) dt + o (t)dW (t))]

+VY(t) [(1 7(t)T1) (r(t )+5(t,)\(t),Vf(t)))dt]

=V () [77(t) (u(t)dt + o(£)dW (t))] (5.2)
+ V() [5EA®), V@) +7()"A®) + (1 —7(@)T1)r(t)] dt.

Note that the wealth processes in M and M are the same if

SN, V() +7(t)TA(t) =0 for L& Q — ace. (t,w) €[0,T] x Q,
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with £ denoting the Lebesque measure. In the auxiliary market M), we consider admissible
unconstrained strategies satisfying

Ax(vg) :={m : V(t) € V Q-a.s. for all t € [0, 7],V (0) = vo}

and especially those processes A which are of the form

D= {)\ . E (/T ||)\(t)||2dt> < oo, E (/Té(t,)\(t),Vf(t))dt) < o0, forall 7 € AA(UO)} .

For the optimization problem, we consider the subset A’ (vg) C Ax(vo) consisting of the strategies
in Ax(vp), for which
E [U-(VF(T))] < oo

holds additionally. The auxiliary problem in M is defined as:

P (vo) = b )E[U(Vf(T))]~ (Pavx)

The optimal investment strategy for (Pay x|) is denoted by 7y, the corresponding wealth at time
t € [0,77] is denoted by V™ (t). Note that the investment strategy in (Payx]) is, in contrast to
([P), not directly restricted by the constraint set K, so (Payx]) might be easier to solve.

5.2.2 Optimality Condition for Wealth-Dependent Constraint Sets

As a result of the wealth-dependent constraint set, several parts of the main results from |Cvitani¢
and Karatzas| (1992)) are compromised. For once, the support function depends on wealth as well,
or alternatively on the integrated strategy, hence jeopardizing the construction of the auxiliary
and dual problems, i.e. Z, depends on V. Moreover, in |Cvitani¢ and Karatzas (1992)), the
appropriate auxiliary market is obtained from optimizing the dual problem. The dual problem
in their case does not depend on primal variables, i.e. control w or wealth V', hence it can be
decoupled from the primal problem. As also stated in [Cvitani¢ and Karatzas (1992)) this is,
in principal, still possible for stochastic constraints (with such decoupling property). For our
constraint set, however, the situation is more involved, as both, the investment strategy and
wealth, are mixed in the constraint set. The question if and how a dual for such a type of
dependence can be established and solved is, to the best of our knowledge, not answered yet.
The only part from the approach in |Cvitani¢ and Karatzas| (1992) which can be transferred to
our setting is their Proposition 8.3. The following proposition provides a condition for the choice
of an appropriate auxiliary market. It generalizes Proposition 8.3 from |Cvitani¢ and Karatzas
(1992) to a setting including wealth-dependent constraints.

Proposition 5.2.2 (Optimality Condition). Suppose that, for some A\* € D
- (t) € K(t, V2" (t)) (5.3)
S (N (1), VI (1) + ma- (1) TA*(t) = 0 (5.4)

hold L ® Q-almost everywhere, with wx« being the optimal investment strategy for (Paux|) in
M~. Then, mx« belongs to N (vg) and is optimal for the original constrained optimization

problem .
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Proof. With (5.4) and (5.2)), we conclude that V*" is also the wealth process corresponding to
7x+ in the original market M, i.e. V{*" = V™~ and with (5.3 that my- € A’(vg). Therefore,
we have @y« (vg) < @ (v).

On the other hand, with Lemma we have for an arbitrary investment strategy m € A’(vo)
that w(t) € K(t,V™(¢)) and thus

§ (6, X(), VT (t)) +m(t) TA*(t) > 0
Q-almost surely and ¢ € [0,T] and subsequently since V% (0) = V™(0) = vy with

Vi(t) > V™(t) forallte0,T]

Q-almost surely and as U is (strictly) increasing, also
E{U‘(V;& (T))} < E{U‘(V”(T))} < 00

and E[U(Vﬂm)] < E[U(V;i (T))]

We deduce A’(vg) C Al (vo) and
CI)(U()) S (I))\* (’U()).

Hence, my« is optimal for (P). 0O

While the previous proposition provides a condition for A\* in a setting of wealth-dependent
constraints, it does not show a practical way how to obtain A*. As stated above, the method
from |Cvitani¢ and Karatzas| (1992) to obtain A\* through a dual problem is not applicable in
our context. In the next section, we deal with constraint sets which are independent of wealth,
which will be the basis for the approximative two-step approach in this chapter as well as the
treatment of truly wealth-dependent constraints in Chapter [6]

5.3 Dual Optimization Problem for Constraint Sets
Independent of Wealth with Logarithmic Utility and
Power Utility

The following results provide the solution for the special case of a problem with constraints
independent of wealth, i.e. we assume a constraint set K = K, K being nonempty, convex
and closed. Furthermore, we consider the corresponding optimization problem with this
constraint set. Since the constraint set K is independent of wealth, the setting is inside the
framework by |Cvitani¢ and Karatzas| (1992). The process \* satisfying and can be
obtained by solving a dual problem (Theorem 10.1. from |Cvitani¢ and Karatzas (1992))) which
can be used, e.g., to derive the solution for logarithmic utility and power utility. In our setting,
the dual problem to (]ED reads

& := inf E [U (Z,\(T))} , (D)
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with the pricing kernel in the auxiliary market M

t

220 = e (= [ 1(6)+ 806,060 + g1 — [ oatoyTaw )

and the convex conjugate of the utility function is defined as

U(y) :=sup[U(v) —vy], 0 <y < oo.
v>0

For the logarithmic utility and the power utility, we present a version of the result in |Cvitanic

and Karatzas|(1992) but without consumption. We consider a logarithmic utility function of the
form (2.4)) with the convex conjugate of the utility function given by

Uly) = sup [U(v) —vy] = —(1 +log(y)), 0 <y < o0

and a power utility function of the form (2.6) with the convex conjugate

~ 1-— o
Uly) = sup [U(v) — vy] = —— 3T, 0 < y < .
v>0

For both, the logarithmic utility and the power utility, the optimal control \* for @ and the
optimal investment strategy can be represented in the following way.

Proposition 5.3.1. For U being the logarithmic utility function from (2.4) (case a = 0) or
the power utility function from (2.6) (case a < 1, o # 0), the optimal investment strategy with
constant constraint set K is given by

(1) = mx- (£) = —— (o(D)o ()M (u(t) + X*(t) - r(t)1),

11—«

with deterministic
* _ : 1 -1 2
N (1) = arg inf {2(1 —ylh(® + o7 @ +6<A>}.

Furthermore, we have
TN+ (t) eK
N ()T () + (A% (1) = 0.
Proof. The proof is provided in Appendix [C} O

Remark 5.3.2. Note that the proof of Proposition[5.3.1] is heuristic. For mathematical rigoros-
ity, the conditions of Theorem have to be satisfied. This is the case for a > 0 and bounded
A*(t) as in most of our later applications.
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5.4 The Solvency II Constraint Set

The constraint sets we use are inspired by the standard formula for the Solvency II regulation for
insurance companies, which can be found in [European Union|(2015)) (especially Chapter V). The
idea of this risk based regulatory regime is that insurance companies must provide enough own
funds to cover the 99.5%-Value-at-Risk on a time horizon of one year. While insurance companies
can choose between using the standard formula, an internal model or a partial internal model, we
only deal with the standard formula here as internal models might be company specific and not
publicly available. An important impact of the regulatory Solvency II rules is that the investment
strategy is constrained, with different asset classes requiring different amounts of capital to cover
the corresponding risks. Under Solvency II, the following risk categories are considered for the
market risk: interest-rate risk, equity risk, property risk, spread risk, concentration risk and
currency risk. Since concentration risk and currency risk might be very company-specific, we
neglect these two categories. Government bonds are considered to have interest-rate risk only.
Equity is only considered in equity risk, real estate only in property risk. Corporate bonds are
assumed to have interest-rate risk and spread risk. Thus, we consider a market model with four
risky assets (i.e. d = 4), which we identify with these asset classes. The standard formula for
the market risk of the solvency capital requirements at time ¢ under Solvency II reads

4
SCR™!(t) = | Y c;jSCRI* (£)SCRI* (1),

ij=1

with the captial requirements SC RI™¥(t) | i € {interest rate, equity, property, spread} and the
correlation ¢;; between the risk categories ¢ and j. The correlation matrix is given by (see
European Union| (2015, Chapter V, Section 5)

Interest-Rate Equity Property Spread

Interest-Rate 1 A A A

C = Equity A 1 0.75 0.75 (5.7)
Property A 0.75 1 0.5
Spread A 0.75 0.5 1

In case an increase (decrease) in interest rates represents a risk to the company, the factor A
is chosen as 0 (0.5). In both cases, the correlation matrix is positive definite. As insurance
companies must provide enough own funds to cover the capital requirements, we can establish a
constraint set given by

K(t, V() ={n(t) e R": V(t) — L > SCR™"'(t)}, (5.8)

where we describe the own funds as the difference between the assets (represented by the portfolio
value V(t)) and the liabilities (represented by a constant L > 0). This constraint set depends
jointly on the investment strategy and on wealth. For equity risk, property risk and spread risk,
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the capital requirements for each risk category are determined as

SCR.:, () =ma(t)k2V (1),
SCRZ;”IZ;erty (t) :7T3(t)k3v(t)a
and SCRIFL (1) =ma(t)kaV (),

with constants k; € (0,1], ¢ = 2, 3,4 representing shocks which are specified within Solvency II.
While these shocks represent direct shocks on the value invested in a particular asset class, the
shocks for the interest-rate risk are applied to the term structure of interest rates and may affect
different asset classes and the value of the liabilities as well. The required capital which must be
provided is determined by the loss in own funds suffered from the interest-rate shock k; € (0, 1].
Here, we assume that the impact of a change in interest rates to the liabilities is higher than to
the assets. Therefore, a decrease in interest rates is a risk to the investor. Hence, the value of A
in the correlation matrix C is set to 0.5. We approximate the capital requirements for interest-
rate risk using the durations of assets and liabilities (see e.g. |Zagst | (2002), Chapter 6.1)

SCRIH (t) = k1 (dpL — dim V() — damaV (1)), (5.9)
where dj, denotes the duration of the liabilities, d; denotes the duration of the government bonds
and d4 denotes the duration of the corporate bonds. We choose the liabilities to be constant
in this chapter and in Chapter [§] as we want to examine the pure effect of the constraints on
the investment strategy and to allow for closed-form solutions. Furthermore, liabilities are very
company specific. Despite this simplification, the capital charges on interest-rate risk associated
with the liabilities can still be calculated. This is comparable to the simplifying assumption of
a constant volatility in the Black-Scholes model, where the vega can still be used for option risk
management. For this setting, the constraint set can be written as

t)— L
K(t, V(1) = {ﬁ(t) : V(V)(t) > \/(Br(t) +v)" WCW (Br(t) + v)} . (5.10)
with
oy (o
_ _| o o
B := o o0 1 o |vF 0 W= diag(kq, ..., kq)
0 00 1 0

and the correlation matrix C' = (¢j;)i,j=1,...,4 With A = 0.5. Similar as in Chapter |4} we denote

the process V‘(;zt_)L as the relative surplus (RS).

5.5 Construction of the Two-Step Approach

To overcome the above described lack of a solution approach via a dual problem for our type of
constraints, we establish an approximative two-step approach in this chapter. For the whole two-
step approach, we assume constant market coefficients p, o and r. We approximate K(t,V(t))
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by

R(t,e(t)) = {w(t) () =/ (Br(t) + 5)TWCW (Br(t) + f))} , (5.11)

with a reasonable deterministic function ¢(t) and o := ((1 —¢(t))dr,0,0,0)”. The reason for the
replacement of v by ¥ is that ¢(t) will serves as a lower bound for RS(t) and

V) - L L
W=y = v
o % <1—cft). (5.12)

Proposition 5.5.1. Let t € [0,T] and w(t) such that SCR;(t) > 0 for all i. If c(t) < V‘(/%SL,

7(t) € K(t,c(t)) = n(t) € K(t,V(t)).
Proof. See Appendix [C] O

The two-step approach consists of the following steps:

Step 1: Using Proposition (5.3.1]), the optimal investment strategy is determined depending on
¢(t) and we receive the dynamics of the wealth process depending on ¢(t).

Step 2: ¢(t) is chosen such that the probability that the RS falls below ¢(t) does not exceed a
predefined level.

5.5.1 Step 1: Optimal Investment Strategy Depending on c(t)

For K(t,c(t)), we can calculate the support function analytically as stated in the following
result.

Proposition 5.5.2. The support function of K(t,c(t)) can be written as

BB e(t)) = c(t)/ X(O)T B-H (W CW)=1(BT)=1A(t) + A1) B4,

Proof. See Appendix [C} O

Note that the function 6(A(t), c(t
and c(t) > 0. Moreover, §(A(t), c(
At) € X5

)) is continuous and convex on Xy = R? for all ¢ € [0,T]
t)) is F-progressively measurable for every R%valued process
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Using Proposition (5.3.1), a suitable auxiliary market can be constructed with the optimal dual
A*(c(t)) given by

—

V®®)=Mag£{%?l)wv+fﬁﬂ5+ﬁhdﬂﬁ

=arg Aiélﬂgd {2(11_6007 +o I\ + c(t)\/)\TB—l(WCW)—l(BT)—lA + ATBlfz}
(5.13)

While we are not aware of an analytical representation for A*(¢(¢)) in the case of more than one
risky asset, A*(c(t)) can easily be computed numerically. The explicit representation of A*(c(t))
for the case of only one risky asset is presented in the following example.

Example 5.5.3. Let d = 1 with the risky asset representing, e.g., equity. We consider
Solvency II capital requirements of the form

SCR™(t) = n(t)kV (t), k € (0,1].
The corresponding Solvency II constraint set K (t,c(t)) can be written as
K(t.e(t) = {n(t) : o(t) 2 V7@K } = {() : c(t) 2 k(1))

and the support function is given by

In this case, we have

s+ o+ 2

(S )
and
e = min (4, 22T
Proof. See Appendix [C] O

5.5.2 Step 2: Determination of ¢(t)

In this section, we choose a constant ¢ as the largest possible number for which the two-step
Solvency II capital requirements ([5.11)) hold for all points in time ¢ € [0, 7] with a probability of
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1— 3, i.e. we find

maxc

V*(t,e) — L vo— L
s.t. mn ————— >c¢| >1— ce |0, .
Q o<i<t  V*(t,e) T |~ A [ v
We determine this probability using methods similar to the ones from barrier option pricing. In
particular, we have

V*(t,c) — L .
V*(t,e) —

oo S
Velte) ="

= 1—c>
SVt o)

L
& V*(t,c) > .
(o) 27—

Thus, we compute the probability that the optimal wealth process V*(¢, ¢) hits the barrier %_C
from above. For a given probability 1 — 3, the constant ¢ can be obtained numerically from this

result.

Proposition 5.5.4. For the optimal wealth process V*(t,c) corresponding to the optimal invest-
ment strategy 7 (c,t), with the constraint set from (5.11]),

L Vit —L
log (=) — A7 oelac)? log (7 ) + AT

=1-¢ —e &2
aVvT VT

with

~2
p=m@© (-1 +r—ZF  ad o= ().

Proof. With Proposition and ¢(t) = ¢ being constant in (5.13)), the wealth process V*(¢, ¢)
evolves like a geometric Brownian motion with constant drift and diffusion as 7*(¢(t)) = 7*(c)
is a constant mix strategy. The SDE can be written as

dv*(t,c) =V*(t,c) [(ﬂ*(c)T(,u —r)+r)dt + W*(C)TadW(t)] .
Then, the minimum of the wealth process is for a fixed t € [0, 7]

min V*(t,¢) = V*(0, c)e™™ R(t) — yyeminR()
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with R(t) := it + 6W (t) being a Brownian motion with drift ji and diffusion &

~2
p=rt @ (u-r)+r—"2 and =)0l

For the distribution of the RS process, we find

V() — L B _ 1 B 1
ol T 2o ~elm (o) 2 e - (7 ) 2

1 1-c 1 1—c L . .
=0 {OQ&XT <V*(t,c)> = } =Q min (V*(¢,¢)) = L =Q [1 —c = orgntlgTV (t,c)]

L
0<t<T
i . | .

=47 i * < =1— min R(t) o _

Q _OgngV (t,c) < - C] Q [voe < C]
=1-Q [ R(t) <1 _ L
a ogier =8 T o

log (ﬁ) — AT zw log (ﬁ) + T
VT VT

where the distribution function of the running minimum of R(¢) can be found in Bjork (2009),
p.266. O

5.5.3 Iterative approach

In this section, we approximate the optimal investment strategy under a wealth-dependent con-
straint set further by applying the two-step approach to smaller intervals and recalculating the
optimal investment strategy at an increasing number of fixed points ¢; in [0, T] with a decreas-
ing length of the intervals At = ¢;1; —t;. This means, we take into account that the optimal
investment strategy may depend on the stochastic outcome of the investment decisions.

We consider the set of n;y + 1 points in time t; with

O=t0<t1<...<ti,1<ti<ti+1<...<tn1:TandtiJrl—ti:At.

For ¢ € [t;,ti+1), we denote the optimal iterative investment strategy by 77 (¢,¢;). It is found
using the two-step probability approach with a constant ¢;, so considering the probability

T (t,¢;) — L
min 7‘/1(’0)

i > | > (1) 5.14
t;<t<tiy1 Vﬂl(t,ci) =¢ _( ﬂ) ) ( )

where for ¢ € [t;,t;11), the optimal wealth process evolves according to
AV (t,c;) = VT (t,¢;) (m5(t,e)T (—r) + 1) dt + 75 (t, c;)TodW (t),

with a known realized wealth V71 (;,¢;)) at time t;.

97



5 An Approximation to Wealth-Dependent Risk Constraints

In contrast to the two-step probability approach, we scale the probability from the right-hand
side of ([5.14) to the length of the sub-intervals At for the iterative approach. As the wealth
process V™I (t,¢;)) follows a Geometric Brownian motion with independent increments and the
investment strategy as well as ¢(t) are recalculated in every point ¢;, a probability of (1 — §)A
corresponds to a probability for the whole investment horizon of

(1= B)A)3 =1- 5.

The function c¢(t) is then a stepwise-constant function with values ¢; for t € [t;, ;1) depending
on the actual wealth V™7 (t;, ¢;)) at the beginning of the time period [t;, ;4 1).

Compared to the probability approach on [0, 7] without recalculation of the optimal investment
strategy, the constraints are relaxed in the iterative approach as there is the possibility of a more
dynamic risk reduction. In Figure the constant ¢ for the regular approach and the time-
dependent ¢(t) for n; = 10 and n; = 100 in the iterative approach are shown for a sample path
of the RS. The higher value of ¢(t) for the iterative approach is observable. The same parameters
as in Section [5.6] are used with an initial RS of 0.5.

Comparing both versions of the iterative approach, for a higher number of readjustments, the
probabilities (1 — B)A% increase on each sub-interval on the one hand. On the other hand, the
length of the intervals on which ¢(¢) is constant, decreases. In total, ¢(t) for n; = 100 is closer
to the RS process most of the time. This is only violated in cases in which the RS process drops
close to ¢(t) for n;y = 10 near the next adjustment point of ¢(t) with ny = 10. In general, a
shorter interval for the readjustments allows for higher values of ¢(¢), which lead to less strict
constraints.
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constant c(t) |
clt), n‘:10
o(t), n=100 | 7

o
@
o

o
o

RS(t) and c(t)
o o
5 9 O
& o &

<
=

o
w
o

I
w

I
I}
a

t

Figure 5.1: c(t) for different numbers of
readjustments.

In the following sections, we assess the numerical impact of the Solvency II constraints in a multi-
dimensional example using the established iterative two-step approach. In Section we study
the optimal investment strategy under the impact of the constraints and analyze its sensitivities.
In Section 5.7 we show that, as the number of increments increases, the investment strategy
converges numerically to the optimal investment strategy with wealth-dependent constraint set.
As we do not know the optimal investment strategy with wealth-dependent constraint set in
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closed form, we approximate this strategy on a discrete grid for the one-asset example. Due
to the increased computational effort of the numerically optimal strategy, we only consider one
risky asset here.

5.6 Numerical Evaluation of the Two-Step Approach in a
Multidimensional Example

We begin by describing the example with three risky assets. The first risky asset represents
government bonds, the second equity and the third corporate bonds. In contrast to the constraint
set presented in Section [5.4] we neglect investment in real estate and the corresponding property
risk constraints as the holdings in this asset class might be very company specific. The market
parameters p, o and r are chosen as

0.011 0.06 0 0
r=20.01, pu=1| 006 |, o= {0.0167 0.2995 0 . (5.15)
0.018 0.0050 0.0298 0.0953

These parameters are determined based on historical yield curve data from the European Central
Bank as well as historical time series of equity indices, government bond indices and corporate
bond indices. Historical risk premiums were used for the asset representing equity. The in-
vestment horizon T of the investor is chosen to be one year. Larger investment horizons would
lead to a more volatile terminal wealth, which requires significantly more computational effort
to obtain a good approximation to the optimal investment strategy for the Bellman approach
on the discrete grid. The investor is assumed to have a power utility function as in with
a = 0.2. The probability 1 — 3 of the iterative approach is chosen to be 95%. The intuitive
interpretation is that the Solvency II constraints will be fulfilled for all ¢ € [0, 7] in 19 out of 20
years on average.

In the constraint set, we include the three risk categories, which apply to the chosen asset classes:
interest-rate risk, equity risk and spread risk according to Section[5.4] The total solvency capital
requirements are then determined by (5.10), with

Interest-Rate Equity Spread

Interest-Rate 1 0.5 0.5 —d; 0 —ds V%t) dr
C' = Equity 0.5 1 075 |, B=1 0 1 0 |,v:= 0
Spread 0.5 0.75 1 0 0 ! 0

The matrix W is defined according to [European Union| (2015) as

0.3541 O 0
w=|[ 0o 03 o
0 0 0.091

Under Solvency II, the capital requirements for equity risk, spread risk and property risk are
determined as the losses occurring from the application of shocks to the value of the affected
assets. In contrast, the interest-rate shock is determined by a shift in the interest rates. In line
with [European Union| (2015), we choose a 35% decrease in the level of interest rates. In our
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model, the level of interest rates can be approximated by pi, the drift of the first risky asset
representing government bonds. This shock is applied to government bonds, corporate bonds
and the liabilities in our example, where the loss triggered by the shock is calculated with .
Therefore, the first entry of the diagonal of W is chosen as k; = 0.35u1. For the choice of C,
we also use the Solvency II parameters specified for companies, for which a decrease in interest
rates provides a risk, which is consistent with the definition of SCRIK  (t) as well as with the
durations we choose in the following. The duration of the liabilities dy, is set to 12 years, whereas
the duration of the government bonds d; is set to 8.9 years and the duration of the corporate

bonds dj is set to 6.7 years. The values are determined using mean durations in EIOPA (2013).

Optimal Investment Strategy

For the parametrization of the iterative approach, we assume that the investor readjusts the
approach on a daily basis. However, we only calculate the optimal investment strategy in ¢ = 0.
Since the optimal allocation at later points is only depending on the RS, we consider different
values of initial RS. In Figure[5.2] the optimal A* in ¢ = 0 is shown for different initial RSs and the
corresponding optimal investment strategy in ¢ = 0 is shown in Figure [5.3] for different values of
the initial RS. For all values of the initial RS which we consider, the optimal investment strategy
leads to positive SCRs for the different risk categories. Thus, Proposition [5.5.1]is applicable and
the Solvency II requirements hold with a probability of 95%.

For an initial RS higher than 0.28, the unconstrained optimal investment strategy can be imple-
mented. In this case, a significant share of wealth is allocated in all three different asset classes,
with the highest proportion (65.17%) being invested in equity. For an initial RS less than 0.28,
the optimal unconstrained investment strategy is not admissible and the risk in the investment
strategy is reduced. As the initial RS falls below 0.28, the allocation in equity decreases sharply
and the allocation in corporate bonds is also reduced, whereas the allocation in government bonds
increases. This observation can be explained by the fact that the most severe constraints are im-
posed on equity, which is the most risky asset class in our example, The constraints on corporate
bonds also contribute considerably which leads to a substantial decrease in the allocation.

On the other hand, government bonds become more attractive since they hedge the liability
risk better than corporate bonds due to the higher duration and they are assumed to have
no spread risk under the Solvency II standard formula. For an initial RS equal to zero, the
only investment strategy which satisfies the constraints is to hedge the interest-rate risk of the
liabilities completely with government bonds. It is observable in Figure that the optimal
investment strategy converges to this allocation as the initial RS converges to 0.
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The remaining wealth is invested in the
risk-free asset.

Sensitivities of the Optimal Investment Strategy

In this section, we analyze the sensitivity of the investment strategy with respect to the initial
RS, the insurance company’s risk preferences and the duration of the liabilities. Figures [5.4]
5.6] and show the optimal investments in the three different assets for different levels of
a. For all three risky asset classes, a higher risk aversion (i.e. a lower value of a) leads to a
reduction of the investment. This means, a higher portion of wealth is invested in the risk-
free asset. Consequently, for lower values of «, the constraints only have an impact for lower
values of the initial RS. Figure [5.4] exhibits a convergence towards government bonds for very
small values of the initial RS as a way to minimize the capital requirements as described before.
For all levels of risk aversion, the allocations in Figures and converge to the same
values as the initial RS approaches 0 due to this effect. Since o has a significant impact on
the unconstrained portfolio, the differences in the allocation in equity and corporate bonds are
large for higher values of the initial RS (representing a situation in which the constraints have
little or no effect on the investment strategy). In conclusion, these observed effects have the
following consequences: First, the allocations in equity and corporate bonds are most sensitive
to a for high values of the initial RS (where the constraints do not have an impact). Second,
the allocation in government bonds is most sensitive to changes in « for values of the RS, for
which a high risk aversion leads to an optimal investment strategy which is not impacted by the
constraints, whereas a low risk aversion leads to a constrained optimal investment strategy.

As the duration of the liabilities is, as the level of risk aversion, company-specific, we analyze the
optimal investment strategy for various values of this parameter to analyze how the structure
of the liability influences the optimal investment strategy. The optimal allocation in each risky
asset class can be found in Figures and for various values of the liability duration.
The liability duration has an impact on the interest-rate SCR module. A higher liability duration
requires a larger investment in bonds to hedge the greater sensitivity of the insurance company’s
value of the liabilities to changes in interest rates. As described above, the allocation in govern-
ment bonds is increased as RS approaches zero to hedge the liability risk. In this situation, the
sensitivity of the allocation to changes in the liability duration is especially high. For all values
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of the RS, we observe that liabilities with a larger duration lead to lower allocations in equity
and corporate bonds. This can be explained by the fact that more capital is needed to cover the
higher interest-rate risk for higher liability durations, so a smaller portion of wealth is available
to cover spread risk and equity risk. Hence, the allocations are most sensitive with respect to
different liability durations in the area where the restrictions have a large impact. In Figures
and it can also be observed that, for a fixed level of «, the allocations change mono-
tonically in the duration of the liabilities. Interestingly, the increasing need for liability hedging
caused by higher liability durations results in an increase in only the allocation in government
bonds, whereas the corporate bond allocation is decreased. At this point, the advantage of a
better diversification which would be provided by an increase in corporate bonds as well does
not outweigh the disadvantage of the additional risk capital required for spread risk. Due to this
opposite effect on government bonds and corporate bonds, changes in the liability duration have
only a small impact on the allocation in equity.
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5.7 Comparison to a Numerically Optimal Investment
Strategy

As we do not have a closed-form solution of the optimal dynamic investment strategy with
Solvency II constraints, we construct an approximation on a discrete grid using the Bellman
principle. We use this approximative optimal investment strategy as a reference for a comparison
to our approaches. First, we explain the approach using the Bellman principle in Section
Then, we compare this approach to the two-step approach with constant ¢ and to the iterative
approach with readjustments of ¢(t) in Section m

5.7.1 Optimal Investment Strategy Using the Bellman Principle

In this section, we construct an approximation to the optimal investment strategy with Solvency
IT constraints on a discrete grid using a backwards-inductive approach, which is based on the
Bellman principle. The use of a discrete approximation in case of the lack of a closed-form
solution to a portfolio optimization problem was suggested in 1990), which also includes
a proof of convergence of a discrete model to a continuous model. |Bertsekas as well as
[Rieder and Zagst| (1994) show that the numerical approximation on a discrete grid is also possible
for constrained portfolio optimization problems.

We consider a set of ng + 1 points in time with
O=to<t1 <..<tim1 <t;<tiy1 <..<tny, =T and t;41 —t; = Atp.
The wealth V(¢;) at time ¢; can take values on the set
V.= {UO,’Ul,UQ, i T it ...,vM} with v/ 1 — 07 = Av,

so V is constant over time and approximates the set of all possible values of the wealth with
M + 1 discrete points.
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In our approach, all wealth outcomes V (¢;) € (vj — %, vl + %] are assigned to v/ € V. For t,
the initial wealth V(¢() is known as vy.

By w(t;, V(t;)), we denote the investment strategy for [t;,¢;11). It is constant on this interval
and subject to the portfolio constraints at the beginning of the interval. This constraint set is
adapted from (5.11)) and for the one-dimensional case given by

V(t) - L

i, = {te.v00) - S

> Kt V(1 >>|}.

The discrete optimization problem on the grid reads

i max_ _ EUWV(T))]. (PD)
m(to,V (t0)) € Ko, (t1,V (81)) €Kty 5o (80, V (80)) €Kty

We solve using the backwards-inductive approach based on Bellman’s principle with Algo-
rithm 1. The following result is used in this algorithm.

Proposition 5.7.1. Let V(t;) be given int;. Then, for the investment m(t;, V (t:)), the probability
that the wealth at time t;41 = t; + At is assigned to v? € V is given by

tz),wtz,v i), v7)

TtV ()2 o? Vit .
~Q V 7r(tL,V (t:))(p—r)+r— f>At+7r(tl,V(tz))a\/EzJ e (vi— gj@j n &
2 2
log 5 (W(tia Vi) —7)+r— l(t“wzti))%z) At
W(ti7 V(ti))(f\/ At
log 7( 2) ) ( (i, V(t:))(w—r) + 71— 7”(“"/(2“))2"2) At
- P

w(ts, V(t;))ovVAt ’

with z; being a standard-normally distributed random variable.

With Algorithm 1, the initial optimal investment 7*(tg, Vp), which we will also use in our ex-
amples later, can be calculated by solving the problem in ¢ = 0 and with known initial wealth
(B

Remark 5.7.2. The optimization problems - ) have to be solved for each point of the grid,
i.e. for every t; € {0,....,ng — 1} at all vI € V, numerically by testing various values for the
allocation. Hence, the computatzonal effort grows exponentially in the number of risky assets.
This is the reason, why we only consider the example with one risky asset here.
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Algorithm 1 (Bellman Approach)

Step ti+1 —t; forallie {ng—1,ng—2,..,1,0}:

We calculate the value function ®(¢;, V'(t;)), defined as the expected utility of the optimal
terminal wealth, given V' (¢;) at time t;, recursively as

M
D(t;, V(t:) = > q(V(ta), 7* (s, V(t:)), v?) ®(tiy1,07), (5.16)
§=0

with ®(t,,,,v7) = U@),V(t;) €V.
For any V' (t;) € V, the optimal investment in the risky asset 7*(¢;, V (¢;)) is given by

M

argmax  »_q(V(t), (L, V(1)) 07) @(tir1,07). (5.17)
W(ti,V(ti))EKti §=0

5.7.2 Comparison of the (Iterative) Two-Step Approach and the
Bellman Approach

For the comparison of the two-step approach and the iterative approach to the Bellman approach,
we use measures, which we introduce in the following. As the iterative approach includes a buffer
to keep the risk of violating the constraints between two readjustment points at an acceptable
level, we want to examine the costs of this buffer. Compared to the Bellman approach, we want
to analyze the loss in utility gain and the difference in the investment strategy, which can be
interpreted as a safety margin. Although measures for the loss which are expressed in terms of the
wealth or the surplus (as we use in Section provide a better interpretability than measures
in terms of the utility function, the former are not suitable for the comparison here, since the
difference between the iterative approach and the Bellman approach is already very small. This
may provide difficulties as we discretize wealth here. Instead, we consider the expected utility
gain, defined as

E[AU(vo, m, T)] := E[U(V™(T))] = U(vo),

for initial wealth vy, investment strategy m and investment horizon T'. Furthermore, we define
the relative underperformance of the investment strategy m compared to an optimal investment
strategy 7* (in our case the Bellman strategy) as

_E [AU (vg, 7, T)]
E [AU (vg, 7*,T)]’

RUP(vg, T,m,m*) :=1

For the considered investment strategy m, we measure the margin of safety compared to the
Bellman strategy 7* at time ¢t € [0,7] as

L))
MOS(t,m,m*) :=1— m—t
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5 An Approximation to Wealth-Dependent Risk Constraints

In the following examples for the two-step approach without readjustments and the iterative
approach, we consider a time period of 7' = 1 due to the increased computational effort for
larger T as described above. In this setting, the optimal two-step approach without iterative
readjustments will be set constant for one year in a way such that the Solvency II constraints
are not violated with a probability of 1 — 8 = 95%. Naturally, we can expect a significant
underperformance of the two-step approach compared to the Bellman approach. For the Bellman
approach, we set np = 500, which corresponds to more than one readjustment daily. The
parameters of the market model are chosen consistently with the risky asset representing equity
from Section ie. u=6%,0 =30% r = 1% and the Solvency II SCR parameter k is set to
k = 0.39. The investor is assumed to have a power utility function with o = 0.2. These settings
result in an allocation in the risky asset of 69.44% if no constraints are applied at all. Since the
optimal investment in the risky asset is non-negative, Proposition [5.5.1]is applicable.

Two-Step Approach without Readjustments

The performance of an investment strategy using the two-step approach without readjustments,
which results in a constant investment strategy on the one-year period, is compared to the Bell-
man approach in Figures and Figure shows that the underperformance in utility
gain is small if the RS is high, but it increase up to roughly 25% as the RS decreases. The maxi-
mum of the underperformance can be observed for values of the RS close to 0.15. For increasing
values of the RS higher than 0.15, the impact of the constraints reduces in general, which leads
to a lower underperformace of the two-step approach. For decreasing values of the RS lower than
0.15, both, the Bellman strategy and the two-step approach become sharply constrained, which
also reduces the underperformance of the two-step approach.
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Figure 5.10: Relative underperformance  Figure 5.11: Margin of Safety of the one-
in expected utility gain of the one- year probability approach.
year probability approach.

Figure exhibits a considerable margin of safety, resulting from the requirement to fulfill the
Solvency II capital charges in T" with probability 1 — S for the constant investment strategy of
the two-step approach compared to the Bellman strategy, which allows for a dynamic readjust-
ment. Only for large values of the RS, a slightly lower margin of safety is possible. Clearly,
the considerable losses and margins of safety for small values of the RS occur due to the lack

106



5 An Approximation to Wealth-Dependent Risk Constraints

of a dynamic way to adjust the allocation and to prevent violating the Solvency II constraints
by reducing risk within (0,7). To mitigate this weakness, we consider the iterative approach as
introduced in Section with allowance for readjustments of the strategy on smaller intervals
in the next section.

Iterative Approach with Readjustments

For the iterative approach, with its strategy depending on the current wealth as for the Bellman
approach, we also develop an algorithm on a grid, which has the same set of possible outcomes
V for the wealth process at each point in time t; as the grid for the Bellman approach. However,
the grid for the iterative approach has a smaller number n; of readjustments of the strategy
throughout [0, 7] than the Bellman strategy as it is designed as an approximation to the optimal
investment strategy in continuous time. For the calculations of the value function of the iterative
approach, we use the following algorithm on the grid.

Algorithm 2 (Iterative Approach)

Step t;11 — t; for all ¢ € {n[ —1,n;—2,..., 1,0}:
For general ¢;, the investment strategy on [¢;,t,11) is calculated as in Example m

*( ) . Ci 1 nw—=r
C)=mmy\|\ —, ——
T k’l—a o2

and the corresponding wealth on this interval is denoted by V71 (¢, ¢;). We determine c}
numercially (using Proposition as

max c;

s.t. Q[ min VL) — L

i > Ci] > 0.955,
ti<t<tir1  VTi(t, ¢;)

For V (t;) € V, the value function ®!(t;, V (t;)) is calculated recursively as

M
O (1, V(1) = Y a(V(t:), 75 (), 07) @ (tig,07)
=0

with ®!(t,,,v7) = U(v7).

Note that the backwards-inductive approach from Algorithm 2 is only necessary to obtain the
value function. The optimal investment strategy in ¢; can be directly calculated since V (¢;) is
known. In particular, ¢f and 77 (cf) are calculated with the initial wealth V(t9) = V(0) = vo.

Remark 5.7.3. In comparison to the Bellman approach, the optimal investment strateqy can be
calculated faster here for two reasons: First, if the discretization of the time horizon is equidistant,
the optimal strategy is only depending on the wealth at each point of the grid and it is independent
of the time. Thus, the calculation of the optimal strategy has to be made only once for each point
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5 An Approximation to Wealth-Dependent Risk Constraints

in V. Second, the optimal strategy does not have to be found by testing various values as in the
Bellman approach, but is available in closed-form. Even the case of a multi-asset setting, \* for
the optimal investment strategy has to be numerically determined, which is still much faster than
the search in the Bellman approach (where the effort increases exponentially with the number of
risky assets).

Performance of the Iterative Approach

In order to compare the iterative approach to the Bellman approach, we calculate the optimal
investment strategy and the value function using Algorithm 2. For the discretization V, we use
the same set as for the Bellman approach. For the iterative approach, we want to examine the
impact of regular readjustments, so we choose n; = 20 < 500 = np, so we have a finer grid for
the Bellman approach.

Figures and illustrate the better approximation considering the underperformance and
the margin of safety, which the iterative approach provides for the optimal dynamic investment
strategy. For large values of the RS, the underperformance and margin of safety of the iterative
approach is barely noticeable (recall that the measures for the underperformance and the margin
of safety are defined in relative terms compared to the Bellman strategy). For small values of RS,
the underperformance and margin of safety of the iterative approach range up to roughly 10%
and 30%, which is considerably less than for the two-step approach without readjustments.
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Figure 5.12: Relative underperformance  Figure 5.13: Margin of safety of the itera-
in expected utility gain of the iterative tive approach.
approach.

Convergence of the Iterative Approach

As the iterative approach is designed to approximate the optimal constrained investment strategy,
we analyze its underperformance and the margin of safety as we shorten the intervals between the
readjustments in this section. We focus here on lower values of the RS, for which the difference
between the iterative approach and the Bellman approach is larger. For an increasing number of
readjustments, Figure shows the convergence of the underperformance in expected utility
gain. As the number of readjustments increases, the safety margin decreases (see Figure
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5 An Approximation to Wealth-Dependent Risk Constraints

and the difference between the performance of the iterative approach and the Bellman strategy
vanishes. For n; = 250 readjustments per year, the underperformance drops below 2% even for
small values of the initial RS. This means that, although the probability for which the constraints
need to hold at the end of each sub-interval (1 — 8)?! increases with a shorter frequency of
readjustments, i.e. as At decreases, a higher portion of wealth can be allocated to the risky asset
due to the shorter period until the next readjustment. For insurance companies, who face the
trade-off between the increasing operational costs of a more frequent readjustment and the loss
caused by the required margin of safety for less frequent updates, this analysis can be used to
determine a suitable frequency of readjustments of the investment strategy.
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Figure 5.15: Margin of safety.

5.7.3 Conclusion on the Iterative Two-Step Approach

With the two-step approach and the possibility to apply it iteratively, we provide an approach to
treat wealth-dependent Solvency II constraints in a setting with a continuous market model and
allowance for dynamic investment strategies. In particular, the presented approach is applicable
for investors with power utility who also want to take the liability risk in the constraint set
into account. Motivated by the lack of an analytical solution to this problem, the iterative
two-step approach provides a setting, which is superior to the Bellman approach with respect
to the computational effort. Moreover, the approach can handle settings with more risky assets
without having the disadvantage of an exponentially growing effort as in the Bellman approach.
However, the lack of an analytical solution raises the question if we can find conditions under
which portfolio optimization problems in continuous time with wealth-dependent risk constraints
can actually be solved. From a practical point of view, such a solution would be better suited
to assess investment strategies in settings with long-term investment horizons, in which the
discretizations for the approximate approaches become large. Such an improved handling for
long-term investment horizons would be of special interest as this perspective coincides with the
nature of many insurance products and corresponding liabilities. We deal with these aspects in
the next chapter.
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6 Wealth-Dependent Risk Constraints

In this chapter, we consider a constraint set, which depends jointly on wealth and the investment
strategy. Within the portfolio optimization approach using the convex duality method to cover
constraints on the investment strategy, the crucial step is to solve the dual problem to obtain a
process A* and corresponding optimal investment strategy mx~ in M3 which jointly satisfy the
optimality conditions from Proposition[5.2.2] For constraint sets, which depend jointly on wealth
and the investment strategy, the support function generally depends on the wealth as well. As
described in Section [5.2.2] the construction of an appropriate dual problem is to the best of our
knowledge not solved. Therefore, we show in Section that, under certain conditions, a prob-
lem with a wealth-dependent constraint set can be transformed such that A\* can be determined
by the duality methods from |Cvitani¢ and Karatzas| (1992). With this approach, we overcome
the main shortcoming of the approach presented in Chapter [5] where we could only solve the
optimization problem using constraint sets, which approximate the original wealth-dependent
constraint set. In Section [6.2] we introduce a version of the Solvency II constraint set, which
we use for the numerical study in[6.3] Finally, we compare the iterative two-step approach from
the previous chapter to the exact approach from this chapter in Section Large parts of this
chapter coincide with [Escobar et al.[(2020). For the wealth-dependent constraint sets, we impose
the following assumptions:

Assumption (A1l). Let f:[0,T] x V—R*. K is of the form
Kt V(@) ={n(t) eR": f(t,V(t))’ > g(n(t)), V(t) € V}, t €[0,T], (A1)
for a homogeneous function g : R® — R of order B satisfying
glam(t)) = a’g(n())

for all a« > 0 and a constant B > 0.

Assumption (A2). For any A(t) € Xg (v (), the suport function has the separable structure

6(t, AR), V(1)) = f(£, V(1)) - h(A(t)) (A2)
for some function h : R¢ = Rt and f as in .

Assumption represents a very general form for wealth-dependent risk constraints, where g()
represents some function describing the risk of the portfolio process 7w and f(t, V(t)) represents
the risk budget depending on V' (t). Here, g(7) is the component, which is inside the setting of
Cvitani¢ and Karatzas (1992)), whereas the wealth-dependence through f(¢, V(t)) is not covered
therein. In the following section, we introduce the constraint set derived from the Solvency II
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6 Wealth-Dependent Risk Constraints

standard formula, i.e. g(m) is derived from the regulations for calculating the market risk of the
asset portfolio of an insurance company and f (¢, V (¢)) represents the relative surplus (own funds
relative to the value of the assets). In Assumption , we require the support function to be
proportional to the risk budget f(¢,V (¢)).

Associate Problem with Constraint Set Independent of Wealth

In the following, we introduce the associate problem with constraints independent of wealth
to which we will reduce our original problem with wealth-dependent constraints later. In
addition to the constraint set K (¢,V(t)) from (Alf), we consider an associate constraint set

K= {reR?:1>g(m)}, (6.1)

which can be interpreted as K from (A1) with f(¢,V(¢)) = 1. The support function is therefore
with (A2)) given by

O(A()) = h(A(?)).
We consider the problem @ with constraint set K from (6.1) and utility U. This problem is
called the associate problem. For U being the logarithmic utility function from ([2.4)) (case @ = 0)

or the power utility function from (2.6]) (case @ < 1, @ # 0), Proposition can be applied to
solve the associate problem. The optimal investment strategy is then given by

. 1
5 (8) = l-«a

(o)) (ult) + X (1) = r(t)1)), (6.2)

with deterministic optimal dual process

N (t) = arg Aler}(f

_r
R 2(1 - a)
Conditions (5.5)) and (5.6 hold with Proposition and read

() + o (DA + Sm} | (6.3)

>

() ER (6.4)
N 0T 7. () + 3N (1) = 0.

6.1 Solution Approach for Wealth-Dependent Constraint
Sets

In this section, we consider the problem (]ED (and subsequently also (Papx])) with general wealth-
dependent constraints satisfying and and a general utility function U satisfying Defini-
tion We use the following assumption in Theorem which provides a solution for this
problem and conditions under which a reduction of the problem to a problem with constraint
set K from is possible.
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6 Wealth-Dependent Risk Constraints

Assumption (A3*). The solution ® € C12([0,T] x V) to (Payx]|) within My~ satisfies

(I)v(ta ”U) f(ta ”U) fr == g
_ — (E’U t’ — co af(t,z) t , A *
D s gt = e 5(1) (A3%)

for a function ¢(t) and constants c1, ca and oo < 1.

Theorem 6.1.1. Let Assumptions (Al), (A2) and (A3¥) be satisfied with f(t,v) > 0 for all
(t,v) € [0, T] x V and let \* = X* be as in (6.3). Then, the optimal investment strategy is given

by

1

™ () = 7 FE V(@) - (0@ ®)) 7 (n(t) + A7) = r()1). (6.6)

Furthermore, my« is also the optimal investment strategy for (]E[)

Proof. The HJB equation corresponding to (Pay x| in M« is given by

o {W(t)T (u(t) + A" (t) = r(1)1) @y (¢, v) + %vQIIWT(t)U(t)II2<I>w(t, v) (6.7)
+@4(t,0) +v(r(t) + 6(t, X (), 0) B, (t,0)} = 0

From (A3™) and the first order condition in (6.7)), we have

() = (=g ) (oo ) 4 X°(0) = o)1)

Zﬁf(taU)(U(t)a(t)T)fl(#(f) +AT(t) —r(t)1).
Hence, reads
FE VR () > g (mae (1) < 1> g (7a- (1)) (6.9)
with 7y« from (6.2). Using (A2), and f(t,V>") >0, can be written as

FUEVIT () - (N () + f (8, VI (8)) - 7oae (8) T A (8) =0
& h(N'(t) 4 Ta- (£) T A" (£) =O0. (6.10)

Thus, conditions (5.3) and (5.4)) are equivalent to and (6.10) in our setting. On the other

hand, for A\* = \*, and (6.10) are equivalent to (6.4) and (6.5). With Proposition [5.3.1, A*
and 75, solve (6.4) and (6.5)) and consequently A* = A\* and mx-(t) = f(t, VX (t)) - 75. (t) solve
(5.3) and (5.4). Thus, 7~ is optimal for by Proposition O

For the shifted logarithmic utility and the HARA utility in (]ED, this theorem is applied in the
next section.
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Logarithmic Utility and HARA Utility

In the sequel, we use the shifted logarithmic utility (2.3)) and HARA utility (2.5)) with 0 < L < vg.
For these two utility functions, we provide solutions to using Theorem under the fol-
lowing assumption:

Assumption (A3). Let

V(t) — L(t)
V(t)

Corollary 6.1.2 (Logarithmic Utility). Let Assumptions (Al]), (A2) and (A3) be satisfied. For

an investor with shifted logarithmic utility (2.3)), the value function to ( ) in My« is

FEV(E) = VL(t) = e I r@dsp e o, 7). (A3)

(1, v) =log(v — L(1) + (1)
o0 = [ 5l @)IF +r(5)+ BN (9)ds

Hence, (A3%) is fulfilled, the optimal investment strategy to is given by

o) = (Fp ) (00 o) + X0 - (o),

and ®(t,v) is also the value function for (]ED

Proof. See Appendix [D} O
Corollary 6.1.3 (HARA Utility). Let Assumptions (Al]), (A2) and (A3) be satisfied. For an
investor with HARA wutility (2.5]), the value function to (Payx|) in My~ is

a(t,v) = (),

(t) =™ T e P+ RO ())ds.

— L(t)”

Hence, (A3%) is fulfilled, the optimal investment strategy to is given by

o) = s () (0007 (a0 + () - o),

and ®(t,v) is also the value function for (]E[)

Proof. See Appendix O
Remark 6.1.4. Remark[5.3.9 applies to Corollary[6.1.3 as well.

A closed-form representation for the wealth process of the optimal investment can be calculated
in the same way as for a usual HARA strategy, as shown in the following proposition.
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Proposition 6.1.5 (Optimal Wealth Process). The optimal wealth process corresponding to mwx=
from Corollary[6-1.3 or Corollary[6.1.3 has the representation

VT (£) = (V™ (0) — L(t)) eTw o s (0 () +1=a)r(s) = grrigy as (5)]17ds)
ceT2a Jo r ()W) 4 ),

with o = 0 for the logarithmic utility.

Proof. See Appendix O

6.2 The Solvency II Constraint Set

To apply the previous results to Solvency Il constraints, we discuss a version of the constraint
set, which we use for the numerical study to the approach with wealth-dependent constraints.
In contrast to the applications in Chapter [5| for the (iterative) two-step approach, we cannot
consider the interest-rate risk inherent in the liabilities here, as the resulting support function
(see Proposition is not separable as required in Assumption . Without interest-rate
risk within the liabilities, an increase in the level of interest rates is a risk for the insurance
company. This is the opposite case as in the application in Chapter 5] Both cases are captured
by Solvency II with different levels in the interest-rate shocks applied and different correlations to
the other risk categories (see ) While the case of Chapterrepresents a typical life insurance
company with long-term liabilities, the case considered here could be interpreted as a non-life
insurance company. As in Chapter [5] we start by considering four risky assets representing
government bonds, equity, real estate and corporate bonds. In this setting, the Solvency II
capital requirements for the risk categories are therefore determined as

SCREL ot (t) = i (dymy + dyma) V(2),
SCRIM, (t) = kama (1) V (1),

SCRy oty (8) = kams(H)V (2),
SCRZZIﬁtead(t) = kama(t)V (1),

with constants k; > 0, ¢ = 1,...,4 representing the shocks specified by Solvency II for the
corresponding risk categories and d; and d4 being the duration of the government bonds and
corporate bonds. Adapted to this case, ((5.10]) reads

Kt V(1) = {w(t) eR?: ‘W > \/(Bw(t))TWC’WBﬂ(t)}, telo, 7],  (6.11)

with C as in (5.7) with A =0, as well as

dl 0 0 d4
0 1 0 O _

B=|g o 1 o and W=diag(ky kz ks, ka).
0 0 0 1
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Note that WCW is positive definite and and hold with 8 = 1 as well as
g(7(t)) = \/(Bn(t))TWCW Br(t). The following result holds for a more general Solvency II-type
constraint set with the function f not being further specified. Note that the support function
here satisfies the separability Assumption (A2).

Proposition 6.2.1 (Generalized Solvency II Constraint Set). We consider a general Solvency
II-type constraint set, which is of the form (Al]) with

g(w(t)) = /(B (t))T RBx(1), (6.12)

a positive definite matriz R, and an invertible matriz B. For \(t) € XK@v) = R?, the support
function is given by

S(E L), V() = F(£, V()\/ANOTR-IA(D). (6.13)

Hence, (A2)) is fulfilled. Furthermore, if f is bounded, D can be equivalently defined as

D= {)\: E </T ||)\(t)|2dt> < oo}. (6.14)
0

Proof. See Appendix O

Remark 6.2.2. Note that f as in Assumption (A3) is bounded for V(t) > L(t), so D can be
defined as in Proposition|6.2.1].

6.3 Numerical Study

In this section, we illustrate the impact of regulations and market conditions using the preceding
results and the version of the Solvency II constraint set. Throughout this chapter and for the case
of exposition, we assume constant market coefficients i, o, 7. We conduct two numerical studies,
one with one risky asset and one with three risky assets. Our goal is to assess the long-term
impact of the regulation.

For all examples, we consider the optimization problem (]ED with HARA utility from and
the constraint set from , ie. f(t,V(t)) = % With the support function from ,
Proposition and Corollary we have
Vs (t) — L(t
1 V() - L(t)
S l—a VT (1)

~ %
77;\*

(oo™ M+ A —rl), (6.15)

with

A=\ = inf A (BTRB)-1\

e+ e
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The value function is given by
d(t,v) =

with (t) = ea(ﬁ”gil(#—kk*_ﬂ)naw v (A*)T(BTRB)AM)(T_”. By 7, and ®,,, we denote the
investment strategy and value function for the unconstrained optimization problem in the original
market, which we use to assess the loss caused by the constraints. The unconstrained case is
given for \* = 0, so inserting in 7y« and ® yields

1 Vm(t) — L(t)

Wu(t) :1 — Vu (t) (O-UT)il (H’ - 7’1) )
vt == 0,

-1 2
with o, (t) = elamm o7 (b=rDIPHr)(T=) | Begides studying the optimal investment strategy
m+(t), we also want to analyze the loss an insurance company suffers due to regulatory constraints
under relevant market conditions.

This is commonly measured via a wealth equivalent utility loss, which can be defined (see |Escobar
et al.| (2015)) and literature therein) as the solution [ to

B,,(0, (1 — 1)v) = B(0,)

1
el=1-1 (O‘q’(o’”)) + L(0)
v ©u(0)
1
(1= (29 (=)
¢u(0) v .

Note that for an unconstrained strategy, we obtain [ = 0. Whereas the wealth equivalent loss
is independent of wealth for a power utility function (i.e. for L = 0), it depends on wealth
in our case as we use the HARA utility. Therefore to describe the losses independently of the
initial wealth, we introduce the concept of surplus equivalent losses (SEL). The SEL measures
the percentage-wise reduction in initial surplus an unconstrained investor requires to reach the
expected utility of a constrained investor. In other words, the SEL describes the reduction in

“return” caused by the constraints. We denote the surplus of the unconstrained strategy and
the constrained strategy by

Su(t) := V™ (t) — L(t) and S(t) := VT (t) — L(1).

In particular, we write S := S(0) = v — L(0) to write the value function in terms of the surplus
as

[e3% (03

2%(0,5) 1= 2 p(0) = 2(0,V), B5(0.8) i= L0, (0) = 2,0,V

and define the SEL [, as the solution to

S . _ &S ie —1_ ©(0) «
®2(0,(1—15)S) = 2°(0,5), ie. ;=1 (wu(0)> .

117



6 Wealth-Dependent Risk Constraints

In addition to this measure, we introduce the surplus equivalent risk reduction (SERR). While
SEL captures the initial surplus return reduction, SERR is meant to capture the risk reduction
due to the constraints. SERR measures the percentage-wise decrease in the terminal surplus
a constrained investor can allow for to reach the same VaR level as an unconstrained investor.
Therefore, they both capture the trade-off of return (on initial surplus) respectively risk (on
terminal surplus) due to constraints: for a given e € (0, 1), the surplus equivalent risk reduction
is defined as the solution r, to

Q((1—=rg)S <) =Q(S, <) =k¢,

with a constant c! being the e-quantile of the distribution of the terminal surplus from the
optimal unconstrained strategy S, := V™ (T) — L and the surplus corresponding to the optimal

constrained strategy S := V™~ (T) — L. Then, ¢, := (135) is the e-quantile of the terminal
surplus of the constrained strategy. Hence,

c* VaRY
5:1776:17 Ea
" Ce VaR,

with VaR? denoting the Value-at-Risk of the terminal surplus for the unconstrained optimal
investment strategy and VaR, denoting the Value-at-Risk of the terminal surplus for the con-
strained investment strategy (each at a confidence level of 1 — €). For the numerical study, we
choose V(0) = 1 and L = 1 unless stated otherwise. For all numerical examples, we use the
parameters from Chapter [b| wherever possible.

When determining the parametrization of the constraints, supervising authorities have to deal
with the utility trade-off between the risk reducing effect of the regulatory constraints on the one
hand (measured by the SERR here), and the loss in performance on the other hand (measured
by the SEL in our case). To examine this trade-off further, we introduce, inspired by the mean-
variance principle, the surplus equivalent risk adjusted loss (SERIAL) as

SERIAL =1, —a-rg,

with the parameter a > 0 determining how many units in additional SEL the investor would
accept for one additional unit in SERR.

Example with One Risky Asset

For simplicity, we start with an example with one risky asset representing equity and the risk-free
asset representing cash. Hence, this example is the wealth-dependent version of
Example We begin, as in Section by setting 4 = 0.06, 0 = 0.3 and r = 0.01.
Unless stated otherwise, we use the constraint set with & = 0.39 and T = 10. With this
choice, we want to assess the long-term impact of the constraints as this perspective coincides
with the nature of many insurance products and the duration of insurance liabilities. The optimal
unconstrained investment strategy is given by

1 V(@)= Lit)pu—r

mult) = l—a Vm(t) o?

For «, we consider different values between o = 0.4 and a = 0.55. For o = 0.55, the terminal
surplus for the unconstrained investment strategy exhibits a median very close to the initial
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6 Wealth-Dependent Risk Constraints

surplus. Higher values of a would lead to a median lower than the initial surplus, which is
unappealing for insurance companies. The other bound a = 0.4 is chosen to represent an
investor who does not want to invest more than 100% of the wealth in the risky asset (even in
case of a very high surplus). The constraint set reads (see Example [5.5.3):

K(V (1) = {m) : W > 7r(t)2k2}

_ {w(t) : W > 77(t)k:|} (6.16)

and the resulting support function from (6.13])

V() - L(?)

90 AW, V) = ey AL

A* can be calculated with Corollary Theorem [6.1.1] and Example [5.5.3| explicitly as
1— 2
A* = min (( ka)a ~(p- T),o> .

With (6.15]), we have

L V™ (t)— L(t) (u+ X —7)

7'('/\* t =
(*) 1—-« Vs (t) o2
Vo) —-Lt) . (1 1 p—r
= ——~——“min|( —, 5 .
Vmar (t) EK'l—-a o
11 T 11
10 unconstrained investment strategy, 11=0.06, 0=0.3 | | 10 ‘ unconstrained investment strategy, 1=0.1, 0=0.2| |
--------- unconstrained investment strategy, 1=0.08, 0=0.25 constrained investment strategy, 1=0.1, 0=0.2
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Figure 6.1: Density function of the Figure 6.2: Density function of the optimal
optimal terminal surplus (o = 0.5). terminal surplus (o = 0.5).

The density function of the terminal surplus for the unconstrained investment strategy can be
seen in Figure [6.1] For this parameter set, the optimal unconstrained strategy does not violate
the constraints since the optimal HARA strategy naturally includes a reduction of risk as the
surplus is decreasing in times of distress. However, if market conditions change such that investors
are more optimistic, we show that the constraints play an important role. Figure [6.1] shows a

119



6 Wealth-Dependent Risk Constraints

slightly more optimistic scenario with 4 = 0.08 and o = 0.25. In this case, the unconstrained
strategy does not violate the constraints either. However, as we continue to look at an even more
optimistic scenario and consider 4 = 0.1 and o = 0.2, the impact of the constraints becomes
visible and is shown in Figure[6.2] In this case, one can observe that the unconstrained investment
strategy leads to a higher risk of a loss in the sense of a terminal wealth below the initial surplus
(approx 0.1), which is compensated by a higher chance of a very large gain. In the following,
we will compare different parameter settings and we will refer to the setting of Figure [6.2] as the
reference scenario.

Figure [6.3| shows the impact of a variation of k£ on the optimal investment strategy for several
choices of «. For low values of k (k < 0.2), the optimal unconstrained investment strategy can
be implemented and therefore, the variation of k does not have an influence on the strategy. For
small values of «, there is a larger region which allows for the implementation of the unconstrained
strategy. The currently prescribed value of k (0.39), however, would even affect very risk-averse
investors (low «).

Optimal investment strategy

0.1 1 1 1 1 1
0.1 0.2 0.3 0.4 0.5 0.6 0.7

k

Figure 6.3: Optimal investment strategies as a function of o and k. The asterisk marks
the parameter setting from Figure

The specific impact of the constraint set with respect to the loss in utility and decrease in risk
is displayed in Figures An increase in k, i.e. a more restrictive Solvency II constraint
set, results in an increasing SEL (Figure . The areas exhibiting no SEL correspond to
parameter sets for which the unconstrained strategy can be implemented. In Figure the
surplus equivalent risk reduction is displayed for e = 0.1. As we would expect, an increasing
k, i.e. more restrictive Solvency II constraints, lead to an increasing SERR. A key observation
from Figure and Figure[6.5]is that there is an optimal value of k for given market conditions
and investor risk-aversion levels. Such k shall lead to a reasonable combination of low SEL and
high SERR. For instance, for « = 0.4, a value k = 0.4 would keep the SEL below 18% with
a large SERR of 70%. In other words, the regulatory value would ensure a proper risk control
with minimum initial penalty. To give a more precise answer on this question, it is important to
know how investors weigh changes in SEL and SERR. Assuming that the supervising authorities
determine k such that it is optimal for an insurance company in our base case (o = 0.5), the
minimum SERIAL would correspond to the actual value of k (k=0.39) for a = 3.69. Therefore,
we choose this value of a in Figure It is observable that for different values of « € [0.4,0.55],
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6 Wealth-Dependent Risk Constraints

the k() which leads to a minimum SERIAL ranges from 0.32 to 0.57. In particular, a very
risk-averse investor (small o) would have a larger k£ which minimizes SERIAL. In other words, a
more risk-averse investor can deal better with stricter regulation.

0.7

06

05

0.4

SEL

03[

0.2

0.1

0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.1 0.2 0.3 0.4 0.5 0.6 0.7

k k
Figure 6.4: SEL versus k. Figure 6.5: SERR versus k.

SERIAL

0.1 0.2 0.3 0.4 0.5 0.6 0.7

Figure 6.6: SERIAL versus k, a = 3.69.

Concluding, our one-dimensional analysis shows that while an investor with HARA utility reduces
risk as the surplus decreases by construction even in the case without constraints, the presence
of constraints has an important role as it prevents the investor from taking too much risk in good
market scenarios. The constraints could lead to losses of up to 30% in the setting of Figure (6.2
for the standard parametrization of Solvency II with & = 0.39 (see Figure . While this
one-asset example provides a clear view on the impact of the constraints on the portfolio risk in
general, we work with a multi-asset example in the following section to analyze the interaction
between the assets.
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6 Wealth-Dependent Risk Constraints

Example with Three Risky Assets

Extending the setting from the previous section with one asset representing equity, we now add
two further risky asset classes. With respect to the assets and risk categories considered as well
as the market parameters p, o, 7, we proceed as in Section [5.6] i.e. we consider the market
parameters from . However, as described above, we cannot include the liabilities in the
interest-rate capital requirements due to the lack of the separability of the support function
here. Consequently, the interest-rate risk is represented by an increase in the interest rates,
so the Solvency II capital requirement differs from the ones in Section [5.6] with respect to the
interest-rate shock k1, the incorporation of the liability risk and the correlation matrix C. As
in Section [5.6] we do not consider an investment in real estate and the corresponding property
capital requirements. In total, the constraints are in this case determined by with

89 0 6.7 0471 0O 0
B=|0 1 0|, W=diag(ky, kg, k)= 0 03 0 |,
0 0 1 0 0 0.091
1 0 0
and C' = (Cij)i,jzl,...,:i = 0 1 0.75 s
0 07 1

The parameter 0.4747 represents a 47% upward shock in the interest rates (corresponding to
the drift of the government bonds in our example). The 47% is the upward-shock specified by
Solvency II for an interest rate of 8 years, being the closest key rate to the mean of the assumed
duration of the government bonds (8.9 years) and corporate bonds (6.7 years). The reasoning
behind the choice of k1 = 0.47u is the same as in Section @ where the differences in k1 and
SCRmkt  .(t) occur as an increase in the level of interest rates represents a risk in this section. In
Section we consider a decrease in interest rates as we additionally take the interest-rate risk
in the liabilities into account there. According to the previous section, we choose o = 0.5. Again,
we observe that the optimal investment strategy corresponds to the unconstrained strategy in
this parameter setting (see Figure ). In the example with one asset, the risk premium g —1r in
the optimistic scenario is 1.8 times the risk premium in the original scenario and the volatility o
in the optimistic scenario corresponds to the original volatility multiplied by a factor of 2/3. To
obtain a consistent optimistic scenario for the three asset example, we determine p such that the
risk premium g — 71 is scaled by the factor 1.8 compared to the original scenario and we scale
the volatility matrix o by the factor 2/3. This procedure ensures that the correlations between
the assets remain unchanged. The resulting p and o are given by

0.0118 0.04 0 0
w= 0.1 , o= 0.0111 0.1997 0
0.0244 0.0033 0.0198 0.0636

In this scenario, the constraints have an impact which is comparable to the one in the example
with one risky asset, a density plot of the terminal surplus is given in Figure .
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Unconstrained investment strategy, optimistic scenario
Constrained investment strategy, optimistic scenario

Unconstrained investment strategy, original scenario ‘

sm
Figure 6.7: Density function of the Figure 6.8: Density function of the optimal
optimal terminal surplus (o = 0.5) terminal surplus (a = 0.5)
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Figure 6.9: Investment strategy versus varying W (a = 0.5). The asterisks mark the
parameter setting from Figure

In order to examine the influence of the regulatory constraints further, we vary W in the follow-
ing. In Figure the optimal investment strategy is shown where W is multiplied by a factor
between 0.2 and 2 so we vary the capital requirements for the risk categories. In the area of
low values for the factor, the unconstrained investment strategy can be implemented. As the
factor increases and the risk constraints become more severe, the decrease is particularly large
on equity, but also on corporate bonds, whereas the allocation in government bonds starts to
increase. The effect on equity can be explained by the large risk of the asset class which is also
represented in the parametrization of W. The different effects on corporate bonds and govern-
ment bonds result from the fact that corporate bonds are subject to spread risk and interest-rate
risk, whereas government bonds are only subject to interest-rate risk. As the risk constraints
become more severe, corporate bonds are less attractive and are reduced. Although government
bonds are also affected by the increasing severity of the interest-rate risk requirements, they
appear to be more attractive compared to the other asset classes, in particular corporate bonds.
Figures show the SEL, SERR and SERIAL. As in the example with one risky asset,
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6 Wealth-Dependent Risk Constraints

we choose a such that the SERIAL is minimal for the original capital requirements W. We find
a similar structure of minimum SERIAL for various values of « as in the example with one risky
asset. The higher value of a (a = 4.64 here compared to a = 3.69 for one risky asset) means that
for the same amount of additional SEL, the investor would be willing to accept less additional
SERR than the investor with only one risky asset due to the diversification possibilities.

0.8 T T T T T T T T 1
0=0.40
07 0=0.45 ] 0.9
0=0.50
=055 081
06
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0.2 0.4 0.6 0.8 1 12 1.4 1.6 1.8 2 0.2 0.4 0.6 0.8 1 1.2 1.4 1.6 1.8 2
Portion of the initial risk constants Portion of the initial risk constants
Figure 6.10: SEL versus varying W Figure 6.11: SERR versus varying W
(a=0.5). (= 0.5).
0
0.5
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151
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Figure 6.12: SERIAL versus varying W
(=0.5, a =4.64).
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6.4 Comparison of the Two-Step Approach and the
Approach with Wealth-Dependent Constraints

In Chapter [§] and Chapter [f] we establish the aproximative, iterative two-step approach and an
exact method for wealth-dependent constraint sets and analyze the impact of the constraints
in Solvency Il-examples on the investment strategies derived with these two methods as well as
further measures of performance and risk. Due to the specific requirements of each approach,
the applicability of the two approaches is slightly different, which directly affects the numerical
Solvency II examples for both cases.

Two-step approach | Wealth-dependent approach

Wealth-dependent constraints Approximative Truly wealth-dependent
Utility function Power utility HARA utility

Risk capital for liability risk Included Not included
Comparison To Bellman approach | To unconstrained strategy

Table 6.1: Comparison of the two approaches.

In Table an overview for the comparison of both approaches is provided. A major difference
is of course given by the fact that the constraint set is only approximatively wealth-dependent in
the iterative two-step approach, whereas it is really wealth-dependent in the setting Chapter [6}
The power utility function can be used for the two-step approach as a solution for the dual
problem is available, whereas we are not aware of an analytical solution of the dual problem
for the HARA utility with a constraint set independent of wealth. On the other hand, the lack
of an exact solution for the problem with wealth-dependent constraint set and power utility
provides the motivation for the search for an approach with HARA utility and wealth-dependent
constraint sets. The use of the power utility in our approach to wealth-dependent constraint
sets is included as a special case for L = 0. However, this results in f(¢,V(t)) to be constant, so
the constraint set would have to be independent of the wealth process due to Assumption .
These observations lead to the conclusion that the presented iterative two-step approach is not
applicable to a setting with HARA utility and the solution for the wealth-dependent constraint
sets is not applicable to a setting with power utility. Furthermore, due to the necessity of the
separability of the support function as in Assumption for the reduction to the associate
problem, an inclusion of the liability risks in the setting with wealth-dependent constraint set
is not possible with the model of the interest-rate capital requirements from Chapter In
Chapter |5l however, this type of interest-rate risk requirement can be used as the separability
of the support function is not necessary here. With respect to the numerical results, we find
that the constraints have a considerable impact on the investment strategy in the base scenario
for the investor with power utility whereas the investor with HARA utility reduces the risk
even without constraints as the relative surplus (RS) decreases. Thus, the constraints only have
an impact in scenarios like the optimistic scenario. For the investor with power utility, the
impact of the constraints is depending on the RS and for suitably high values of the RS, the
optimal unconstrained investment strategy can be implemented. In contrast, the impact of the
constraints on the investor with HARA utility is only depending on the market parameters and
the risk aversion.
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7 Conclusion

We present solutions to portfolio optimization problems in continuous time with allowance for
dynamic investment strategies including two major components which ensure that insurance com-
panies can meet their liabilities: portfolio optimization under stochastic liabilities and portfolio
optimization with risk constraints, which jointly depend on wealth and the investment strategy.
The novelties presented extend the existing literature on portfolio optimization in continuous
time to the best our our knowledge in the following way:

e The CPT funding ratio optimization provides the most general funding ratio optimization
framework with explicit solutions.

e The dynamic surplus optimization is the most comprehensive framework with closed-form
solutions for terminal surplus optimization including various types of index- and perfor-
mance participation as well as unhedgeable risks.

e The approaches to constrained portfolio optimization establish the most far reaching results
on portfolio optimization with risk constraints, which depend jointly on wealth and the
investment strategy, in particular Solvency II-type constraints.

These results are complemented by numerical studies and subsequent economic conclusions.

In particular, we extend the quantile optimization approach for CPT portfolio optimization to
funding ratio optimization and apply it to a modification of the Wang-distortion function in
Chapter [3] We obtain optimal investment strategies for well-funded and underfunded investors.
The optimal investment strategies are compared to the ones in an expected utility framework.
In Chapter [4] we extend a generalized martingale approach to dynamic surplus optimization
and derive closed-form solutions for various types of index- and performance-linked liability
models, which may also include unhedgeable risks. In numerical studies, we analyze the impact
of different liability models on the optimal investment strategy and we compare the results to
the ones from the funding ratio optimization. Inspired by the Solvency II standard formula,
we formulate convex portfolio constraints, we introduce the setting for wealth-dependent risk
constraint sets and we construct an iterative two-step approach for an investor with power utility
who is subject to Solvency II constraints in Chapter [f] In Chapter [6] we establish the approach
for truly wealth-dependent risk constraints and general utility functions by showing that the
problem can, under certain conditions, be reduced to an associate problem with constraint set
independent of wealth. The associate problem can then be solved by known convex duality
results. Using this approach, we derive closed-form solutions for the optimal investment strategy
and terminal wealth for a shifted logarithmic utility and HARA utility. In a numerical study
with HARA utility and Solvency II-type constraints, we analyze the impact of the constraints
and we examine the trade-off between the effect on the reduction of risk and the loss in utility
caused by the constraints.

The results obtained point at several starting points for possible future research. With respect
to constraints, which jointly depend on the investment strategy and wealth, the question how
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7 Conclusion

an appropriate dual problem can be constructed remains open. Moreover, a combination of
LDI and wealth-dependent portfolio constraints may represent an even better framework for
insurance companies. A direct way may be the application of our iterative two-step and possibly
our framework for truly wealth-dependent risk constraints to an expected utility funding ratio
optimization. With respect to a combination of the generalized martingale approach and portfolio
constraints, the question arises, how a suitable auxiliary market could be set up and how the
liabilities and the stochastic utility function are treated.
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A Appendix to Chapter

A.1 HJB Approach to Funding Ratio Optimization

Proof of Theorem [3.1.1]

The HJB equation associated with (3.4) can be written as:

1
D (t,v) + sup |pE(t)v®,(t,v) + 50}(25)21)2@%(@1}) =0, (A1)
TERY

O(T,v)=U(v), veV.

We consider general ®(¢,v) and receive the optimal investment strategy by computing the supre-
mum in the HJB equation using the help function

M) = i (t) - v By (L) + % (D)2 v - By (£, ).

As the first order condition, we obtain

gM(ﬂ') =((u—11) — 001 ) v®y(t, ) + (007 7 — 007 )v* @y (t,0) =0
n T=T*

& ool v, (t,v) = — ((p—r1) - O'O'g) v®, (t,0) + oo L v D, (L, v)

S T =— ((ach)fl(u —rl) — (JT)AOE) viiit(;fj?}) + (6T)"tot.

Since %M(W) = v2®,,(t,v)o0T is negative definite, the optimal investment strategy can

*

T=T

be written as

T, F(t) = (1= NPV (L, F(t))) 7+ NPV (¢, F (1) TS,

O
Proof of Corollary
We apply Theorem and use the usual separation approach
O(t, F(t)) = U(F(t))e(t), (A.2)
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A Appendix to Chapter@
where ¢ : [0,T] — R4. Thus, ® is strictly concave in F(¢) as U is strictly concave and we can
find a unique maximizer 7*. With U’(F(t)) = F(t)* ! and U"(F(t) = (o — 1) F(t)*~2,

®,(t, F(t)) 1
Ft)®u(t,F(t) 1—a

NPUP(P(),t) = —

Thus, the optimal investment strategy is given by

1 1
7T*(t) _ <1 . > 7TLH + 177TPS,

1l -« -«

with the remaining wealth 1 —177* being invested in the risk-free asset. Inserting 7*, we have

i () =r+ 7" ()" (n—rl) — pr +orof + ol —opo’ T (1)

1 _ 1
:T—,LLL+ULGE+U€2+(1—1_Q>ULO' 1(N_7"1)+1_a”7||2
—1- S ool (cT) tot — ! ool (oo™) (- r1)

1-a -«

1 1
=r —up + ||op|? + 02 + (1 - a) oLy + faHW”Q

1 1
1
(1= —— 2 _
(1= 25 ) ol

1
oLy
-«

1 9 9 2 1 9
—r — 1~ -
Pt ool + o2 (1= 2 o+ bl
and
oF (1) = |l (¢ ()TO—UL||2+U
1 2
H( )ULO’ 0—1—17(/1—7‘1)T(00T)_10—0L + 02
2
_ T _ 2
_Hl_a(’y O'L) +o;.

With the ansatz (A.2), the HJB equation (A.1]) simplifies to an ODE of the form
T 1 T*
0=4/0) + |uF (a-+ 30F (0Pala - 1] pl0)
The terminal condition implies ¢(7T") = 1, so

o(0) = oxp ([u (D + 30F (0Pata - 1] (7 -0).

The conditions of Theorem [2.3.3] hold by the same argument as in Remark [2.3:4] O
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A.2 Probability Distortion

Lemma A.2.1. The function ws : [0,1] — [0, 1] with
5(p) = @ (@71 (p) — 8l =47 IVT) , >0,

1S convex.

Proof. With

qzs () qzs(p) P
5(p) = / rf2,(r)dr = / 02 (Qz, (1)) f 2, (r)er = / 4z, (s)ds,

we have
T4(0) = 42,6) = ex (3% 2T IPT + Slow ~ T VT0 ).
Hence, .
) = w212 T
with ¢ denoting the density function of a standard normally distributed random variable. O

Proof of Lemma [3.2.5]

We apply findings from |[Jin and Zhou| (2008), Section 6.2. to our distortion function. For
w(p) = (ws(p))", we have with w5(p) = gz, (p) (see the proof of Lemma |A.2.1))

w'(p) =n(ws(p)" " az, (p)
=n@"~ (@7 (p) = dllor =T |IVT)

exp (—162||0L —TIPT + Sl fnﬁcb-l(p))
=@~ (271 (p) = dllor — 1T IVT)
o — 22T 4 lop — A7 VT~ <>)

- exp

—_

(-5
(&

L1 8)or - T||2T+<6—1>||oL—vT||ﬁ<I>—1<p>)

- exp

=@ (@71 (p) = dllor — 1" IVT) - az(p)

N)

H

e (0= low — 7T + 6= Dl VTR 0)).

We consider
qz(p)

w'(p)
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to show that is satisfied. With

), 1= 0] =L ) = weae)

and since H'(¢) = w'(Qz(¢))Q%(c), we have

_ H'(¢)
I(c) = ()
and
ey = H()eQ(c) — H'(c)eQp(c) — H'(c)Q(c)
= (T, 0))? =0
H"(c)  H'(c)Q%(c) _ H'(c)
“ Q) QP A
cH"(c)) Q”( ) <
< H(e) 0 =
& jc) ::c(H CC)) Q ;) 1.
As Z is log-normally distributed, ¢ > 0. Furthermore,
EIUZ/E;?; is increasing < I(c) is decreasing < j(c) <1, (A.3)

since Qz(c) is monotonically increasing. In the following, we set up the function j(c). With

(3-6),
log c + (% - 5) llor — 7T2T>
H(c)=w c)) = o7 ,
(c) = w(Qz(c)) ( lon — AT VT

we have

1 3 =0)lor —ATI*T
H'(c) :77<I>n—1<0gc+(2 Moz =7 )

lor —~TIVT
logc—i—(%—é)”oL—fyTHQT 1
® >0
lor = ~TIVT clo = ~TIVT

and, since ¢'(z) = —z¢(x),

b (10g C+(%*5)HUL*WTH2T)

" _ Iy _ lor=—~TIVT 1
H () =H () 1)<1> log et (3=0)loL A TIPTY ¢l — AT ||V/T
oL —TIVT
, logc+ (3 = 8)|lor — 7 ||*T 1 N
— H'(c) T - — H'(c)-.
loz —=~TIIVT clloy =~ |IVT ¢
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Thus,
10gc+(%—5)|\0L—'yTH2T>
cH"(c) =(n - )¢< loL=~"IVT 1
H'(c) (logc+(§—5)|\<n vTHzT) oL —~TIVT
@ CE=ara low =7HIVT
(logc+ (3= 9lor - “T) 1 (A1)
lor =+TIVT lor =~TIVT .
Furthermore, with (3.6)),
Q) _¢<10gc+§||0L—7T||2T> 1
(c) =
lor =~TIVT dlor =T|VT
and
//(C):_¢<10g0+§||UL—7T||2T) 1 <1Og6+§||0L—7TII2T+1)
lor =~TIVT clor =~T|VT cllor =TT ¢
Hence, the second term in j is given by
cQ%(c)  loge+ %HJL —~T|1*T ) AL
QI - —AT|2T - 4 ( ) )
7z (c) oL =7
With (A.4) and (A.5]), the function j reads
) (logc+(2—5 lor—~T| T)
. n— lor—TIVT
Jjle) = 7 7 7 +4
or — VT @ (loget(5=0)lor—y H2T)
oz | (I)< lor—TIVT
n—1  ¢(d(T,6-1))
1) A6
“llor VTS (e T.o—1) (A0

T2
with d(c, T, 5) loge— Ifij )AJLS]\L\/_% I 5o d(e,T,6—1) = logcﬁi;;é)”;lfﬂ I*T  Now we want to

examine when holds using (A.2)). Since n € (0, 1], o j;;H\/T g((fli((ig‘;:ﬂ)) <0andifc—0,
this term converges to 0. Hence, j(¢) <1 for all ¢ > 0 < § < 1 so w satisfies if and only if

0 < 1. We proceed by determining when w is reverse-S shaped. By definition of H,

H'(c) = w'(Qz(c))Qz(c) > 0

and
H"(c) = w"(Qz(¢)Q%(c)? + w'(Qz(¢))Q%(c)
" / 2 HI(C) 7
=w"(Qz(c))Qz(c)” + 0,0 z(c), (A7)
as well as
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Rewriting (A.7),

" _ 1 (e — H'(c) c

Finally,

w”(Qz(c)) <0& H"(c) -

) oo (HY0) Q@Y _
g <vee (g - ghg) e <o

Thus, w is reverse-S shaped if and only if j is first negative and then positive. We assume
1 € (0,1). Furthermore, j as in (A.6) can be written as

§(0) =(n— 1) (log (® (d(e, T.5 — 1)))) + 8

dc
n—1 0
=0+ W% (log (® (d))) la=d(e,1,5-1)
;-
and therefore, we have
, n—1 02

0
C) = m@ (IOg ((I) (d))) |d:d(c) : %d(ca T’ 6 — 1)

Asne (0,1) 1l < 0. Furthermore, %d(c, T,0—1)= > 0. As the normal

—1 — 1
" len—yTIVT clorL—~T|IVT
distribution has a log-concave distribution function (see e.g. [Bagnoli and Bergstrom| (2005)),

g—; (log (® (d))) < 0. Consequently, j is monotonically increasing. Moreover,

i) =9
and
. . n—1 ¢ (d)
lim j(c) = lim + 6
c—)OJ( ) d——o0 ||0L ,»)/T”\/T(I)(d)
—00

. 1—n
= lim ——d+4+4§=
d=—co [|o, —v[[VT

with PHopital’s rule and since ¢ (d) = —d¢ (d). Thus, j changes its sign from negative to positive
and w is reverse-S shaped, if § > 0. O

A.3 Replicating Strategies for Selected Pay-Offs

We begin by replicating general funding ratio processes F*(t, Z1(t)). Since the funding ratio pro-
cess can be interpreted as a wealth process, which is discounted by the numéraire L, F* (¢, Z (t))
is a Qp-martingale. Therefore, the SDE can with It6’s lemma be written as

AF* (1, 2 (1)) = Z2(0) 5Pt 20 (0) (o1 4T )W, (1), (A8)

134



A Appendix to Chapter@

with a Qz-Brownian motion Wy, . On the other hand, with (3.2)) and using again that F*(t, Z1(t))
is a Qp-martingale,

dFE(t, Z1(t)) = FE(t, Z,(t)) (7T o — o) dWq, (t). (A.9)
Using and (A.9),

FE(t,Zu(0))(n(t)o —o1) = ZL(t)%Fi(t Z() (oL —~"),

which we solve for m

") =gy e 200" o =)+ (7)ot

:p&(Zt,LgL)@))ngi(t, Zr () (7" — 7 "%) 4 (A.10)

We use this result to derive the replicating portfolios of (F*)* and (F*)~. The corresponding
strategies are denoted by 74 and 7_ respectively. To compute the replicating portfolio 7* of the
total terminal funding ratio F*, further calculations are required since the hedging portfolio of
F* is not the sum of the hedging portfolios of the partial solutions. Instead,

AF*(t, Z1(t)) = d(F*(t, Z(t)) + B) = d((F*)"(t, Z1(t))) — d((F*) ™ (t, Z(1))),
since dB = 0. With ,

F*(t, Zr () (" ()o — o1)dWq, (t) = (F*) " (t, ZL () (m4 () o — o1)
(

which can also be written as

F*(t, Zp(t)n" (todWo, () = [(

FY(t, Zo(t)n
(P

Since
F*(t, ZL(t)) = (F*)(t, Z(t)) — (F*)~(t, ZL(t))) = B

for all ¢ € [0, T}, solving for 7 leads to

o 1 _ .
T (t) = T Z000) (F*)T(t, Zo()my () — (F*) 7 (t, Zp(t)m—(t) + Bx"M). (A.11)
With for 7, and 7m_,

* _ ZL(t) 8 RES a
T (t) = P Zu) (aZ(F )H(t, Zo(t) — 3

z

(F*)~(t, ZL(t))) (nlH — P8y 4 olH,
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In the well-funded case, i.e. (F*)~ =0, we have

— T

Zy(t) & (F*)* (¢, Zo(1)) (elH

W*(t) _ = (t7 ZL(t)) PS') + 7TLH.

In the following, we derive a more explicit representation for the replication strategy of a terminal
funding ratio of the form

F(T, ZL(T)) = ZL(T)V]IZL(T)E(cl,cz): veR, ¢cg >0,c0 >0.

With Z.(¢,T) := ZZLL((::)), the funding ratio at time ¢ can be calculated as

F(t, Zr(t) =Eq, [Ze(T)" Lz, (0)e(er,en) | Fo) = Bay [Z0(6T) Z0(1)" Lz, (1) 20 (1) e(er00)| F2)

:ZL(t)V]E |:ZL(t’T)V+1]]'ZL(t,T)€( cq co )’ff] .

Zp (1) Z (1)

Applying Footnote [2| we receive

(v + 1lor —/TIP(T — t))

N |

Fit,20(0) =20 exp =50+ Dlow 2 TIPT — 1)+

tog (727) + Sllow =27 = 1) = v+ Dllor, =77 2T — 1)
lor — 77T IVT

tog (727) + Sllow = AT IP(T = t) = (v + Dllor, — T IP(T ~ 1)
lor —ATIVT

-0

=Z1(t)" exp <;(l/ + D)o — 'yT||2(T — t))

log (725 ) = (v + Hllow, =2 TIA(T 1)
lor —ATIVT—t

log (525) = (v + Hllor, =727~ 1)
loz —A7IVT —

-

~2u(0)"exp (30 + Dwllon — TP - 0)

(U)ol ) o
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with d (¢, s,v) as in Appendix For the application of (A.10), we calculate

%F(t, 2) =exp (;(1/ + Dvllor —~y7|1A(T - t))
.(Vz”_1<<I>(d<%2,T—t,u)>—@(d(%,T—t,V))) )

_ (qs (d(%T—t,u)) —¢(d (ﬂ,T—t,u))) ||aL—iT||m>

ZF(t,z)exp(;(l/Jrl)V”UL Y || (T - t))

(o(a(2r =) o (a(Lr o)) T

Inserting F'(t, Z1,(t)) and @F(t z) in (A.10), we see that

o (e (e Dyloy — 7T )
"= +< Ft, Zo(0)lon — 7T IVT =1
(o (+(z5

_in < ( >>) ZL(t)”> (P P

+<V_ | o (a (5257 tw)) =0 (4 (5557~ tu))).
lor =7 INT =t @ (d( 5857~ tv)) =@ (d (555, T~ t,v))

(ﬂ_LH _ 7_‘_PS)

o LH
N 1 6 (a( 7257~ tw)) =6 (d (55T~ t.v)) |
lor =ATIVT =t (a (25T~ tv)) = @ (d (25T~ t.v))
(nFS — 7LH), (A.13)
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B.1 Proof of Theorem [4.2.4]

We adapt the proof of Theorem 3.3 in |Desmettre and Seifried (2016)) (see also |Seifried| (2010))
to our setting, in particular to the different continuation of I,.

Lemma B.1.1 (Young’s Inequality). Let v > 99(w), y > 0. Then,

Uu() < Uu(L®) +3 (v - L)) Q-a.s

Proof. As U is concave and U, is Q-a.s. differentiable as stated in Lemma we have for
v,v1 > Up(w) R R R
Uy(v) < Uy(v1) + UL (v1) (v — 1) . (B.1)

In the following, we use (B.1)) and set v; = I,(y). Ity < U/ (9o(w)), then
U,(L(y)) =y and

since v > 9g(w) = I, (y) by assumption. O

Proof of Theorem [4.2.4]
We consider the set
V= {V.FT-measurable: V >, E {UW(V)_} < oo, E {Z(T)V} < vo} )
By construction of our financial market, V is the set of all payoffs which can be replicated with
an initial wealth of not more than vy and which cover the value of the liabilities in T for every

realization of the unhedgeable risks. In the following, we show that V*(T)) := I, (}/(UO)Z (1))
is the optimal terminal wealth. We observe that V*(T) > 09 by the definition of I, V*(T) is
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Fr-measurable and E [Z (Tyv+(T )} = vp by the definition of Y (vg). Furthermore, with arbitrary
v=V eVandy=Y(vy)Z(T), Young’s inequality (see Lemma [B.1.1)) reads

U (VH(T)) = U (L (Y (v0) Z(T)))
> Ou(V) + Y (00) Z(T) (1(Y () Z(T)) = V) (B.2)

= U, (V) + Y (00) Z(T) (V(T) = V).
Therefore,
U (VD)™ < UulV)™ + Y (00) Z(T) (V(T) + V)
and thus
E [0.(v*(T)"] <E[0u(v)"] + Y (o) (B [Z0)V(D)] +E[2(T)V]) < o0

asV eVand E [Z(T)V* (T)} = vy < 00. Consequently, V*(T') € V. Applying (B.2)) again and
taking the expectation on both sides of this inequality leads to

E[0 (V*(T))] 2 EI0L(V)] + Y (vo) (vo — E[Z(T)V]) = E[0u(V)],

since E[Z(T)V*(T)] = vo and E[Z(T)V] < vg. Since

E[0L(V)] =EEU(V -y LT, V))|F1]]
=E[U(V =y L(T,V))]
for all V€ V, we see that

VA(T) = argmax E[U(V — ¢ L(T, V)]
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Proof of Proposition [5.3.1

The proof is adapted from |Cvitani¢ and Karatzas| (1992). For the logarithmic utility, the dual
problem reads

o g 3[0 (500)] - [ (141 ()

=—-1+4+ inf E [/0 (r(s) +3(A\(s)) + %||'y,\(s)||2)ds +/0 A/,\(S)TdW(s)l

xeD

T
=1+ infE l/o (r(s) + 6(A(s)) + %II%(S)IIQWS

This expression can be minimized point wise for ¢ € [0, T] with

X (1) = arg inf {;v(t) +o O + 6<A>} .

For the power utility, with the value function being defined as

B(t.2) = inl E [0 (Z0(1)) 12:(0) = 2]
the associated HJB equation is given by

0= inf {—zé(A)«izu,z) F229(0) + 0 (DN 2ot z)}

+ ®y(t, 2) — 2r(t)D.(t, 2)

(T, z) =U(z), z € (0,00).
In order to solve it, we use the ansatz

~ 1-— a
O(t,z) = c

Then,

and
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as well as

-1 o
2a-12(t).

(i)zz(t,z) =

a—1
Inserting into the HJB equation and dividing by zﬁ, we receive

0= ( inf {z(ll—a)w(t) + o N2+ 5()\)} + r(t)) <p(t) + 1?Tag5/(t).

ANeX K
The solution to this ODE , which also satisfies the terminal condition is given by

G(t) = e Toa 17 sasay (@) +o X ()2 +8(A () +r(s)ds

b

X'(t) = arg_inf {Muv(w Lo AR +6<A>}.

ANeX K

Using the result in |Cvitani¢ and Karatzas| (1992), the optimal investment strategy in the uncon-
strained auxiliary market M- is given by replacing p and r with gy« and ry+ in Corollary 2.3.2]
and Corollary [2.3.3| (see also Theorem 15.3 in|Cvitani¢ and Karatzas (1992)). As A* is determined
by the dual problem, )+ is also the optimal investment strategy for the original constrained prob-
lem (see Theorem 10.1 in|Cvitani¢ and Karatzas (1992)), in particular the implication (D) = (A)).
Finally, With the implication (D) = (B) from Theorem 10.1. in |Cvitani¢ and Karatzas| (1992)),

we have and . O

Proof of Proposition [5.5.1

We have SCR;(t) > 0 for all 4, i.e.

SCRE o (t) =k (dp L — dymy (H)V (1) — dama(1)V (£)) > 0,
SCRYE (1) =kama(D)V (£) > 0,
SCRZ?’Z;WW@) =ksm3(t)V(t) >0
and SCRIN /(1) =kgma(t)V (t) > 0.

The right-hand sides of the inequalities in K (¢, ¢(t)) and K (¢, V(t)) differ only in the first com-
ponent of v and v and

L g <= c(t))dy, = oy,

U1 :W

Due to the monotonicity of the square-root function, we consider the function
g(v) := (Bx(t) +v)" WCW (Bx(t) + v) and its gradient

Vg(v) = 2WCW (Br(t) + v).
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Hence, Vg(v) is non-negative since

v
oo oo

by assumption and WCW has non-negative entries. Hence,

F(0) ==\ (Br(t) + )T WCW (Br(t) + v)
is monotonically increasing in the first component of v. With vy < 91,
1) < £(D).
We conclude

c(t) = f(0) = c(t) = f(v)

and as ¢(t) < VSEJ)L is assumed, the statement follows.

Proof of Proposition [5.5.2
Let t € [0,T]. We consider the Lagrangian function to (5.1)) for K (¢, c(t))
L(z,y) = -A0)Tz +y (c(t)2 — (Bz+3)T WCW (B + 17))

with the Lagrange multiplier y > 0. For A(¢) = 0,

S(A(1), c(t)) = 0 = c(t) \/)\(t)TB*(WOW)*l(BT)*l/\(t) + AT B 4.
Let A(t) # 0. From the first order condition, we have
VoL(z,y) = -A0)T =2y (Bz +0)" WCWB =0
and

a%L(g;, y) = c(t)? — (Bz +0)" WCW (Bz 4 ) = 0.

The first equation yields y > 0 and

r=DB"1 (21y(WC’W)1(BT)1/\(t) - v> .

Furthermore, inserting x into the second equation, we have

o(t)? — (—21y(WCW)‘1(BT)‘1)\(t)) wew (—QZI(WCW)‘l(BT)‘l)\(t)) ~0
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and thus

Yy = QC(t) ()\(t)TB_l(WCW)_l(BT)—l)\(t))% '

Inserting y into =, §(A(t), c(t)) = —A(t)Tz follows as in the statement. O

Proof of Example [5.5.3

For the calculation of the support function, we consider two cases:
Case 1: for A > 0,

oA c(t)) = sup (—zA) = @)\.

€K (t,c(t)) k
Case 2: for A\ <0,
t
d(Ae(t))=  sup (—z)) = _@)\_
zEK (t,c(t)) k

In total, we can write these cases as
c(t)
SO e(t) = S

In case A > 0, \* is given by

2
N(e(t) = arg)i\rela {c(t)z + % (7 + 2) 7 i a} .

We find A* by considering f(A) := c(t)% +35(+ 3)2 . For A >0,

o

T +i<7+ 1A>1>0,

o l—«

since ¢(t) > 0 and v > 0 due to u > 7, so f is strictly monotonically increasing and attains its
minimum for this case in A = 0.

In the second case, i.e. A <0,

v -sagg s (03) 1)

We minimize f(\) := —c(t)% +1(v+ 2)2 - and consider the first order condition
1 A) 1
iy B 1 A _
P k+a ’Y+U 1—« 0
2(1 —
o :c(t)a ](€1 @) (=1,
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which satisfies A\ < 0, if

Otherwise, f/(A\) < 0 for A < 0 and therefore, f attains its minimum in A = 0.

Combining the two cases,

Using Proposition ({5.3.1)),

TR elt) =m0 (14 N (€)= s (4= A (D)

T o (u—r+min <C(t)(lk_a)02—(u—7‘),0>>
:min(c(t) ! “_T>
Ek’1—a o2 '

l—«a
1
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Proof of Corollary [6.1.2]

We use the ansatz
O (t,v) = log(v — L(t)) + ¢(t).
Thus, we have

-1 1

(I)t(t, /l}) = m’r‘(t)L(t) + @'(t) and @v(t,v) = m

Remembering that f(¢,v) = %L(*) due to (A3)), we learn that @, (¢, v) satisfies (A3%) for p(¢t) = 1,
c1 =1, ¢ =14 L(t), and o = 0. Moreover, inserting 7y« from the proof of Theorem into
(6.7) and using (A2) , we receive

sup {m(t)T (u(t) + X (1) = r(t)1) @y (t,v) + %v2lle(t>o(t)||2<1>w(t,v)
w(t)ERY

+®4(t,v) + V(r(t) + 6(t, X*(t),v)) Py (t,v) }

= vf(t,0)[lya- () 8o (£, 0) + %UQf(t 0)?[lya- ()PP (2, 0)

+ @4(t,v) +o(r(t) + (¢, X" (2),v)) Dy (¢, v)

= %vf(t, V)||ax (8) 2@ (£, 0) 4+ Po(t, ) + v(r(t) + 5(t, A*(£),v)) Py (t,v)

1
— L(t)

= Sl (7 = e (L) + (1) + " (t) + A (1)

v
- L(t)
1 ,
= 5l @17 + @) + (A1) +¢'(H) =0
due to the definition of ¢(¢) in the statement. Hence, (6.7) holds. Finally, the ansatz for

®(t,v) also satisfies and solves (Payx| in My~. The statement then follows with Theorem
6.1.1I O
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Proof of Corollary

We use the ansatz

Thus, we have

and

@, (t,v) = (v — L) o(t).
D, (t,v) satisfies (A3*) for ¢(t) = ¢(t), ¢ = 1 and ¢o = 1 + L(t). Moreover, inserting my~ from
the proof of Theorem into (6.7) and using (A2) and (A3)), we receive

sup {W(t)T (u(t) + A™(8) = r(t)1) @ (¢, v) + %U2|\7TT(t)0(t)||2q’vv(t,’U)
w(t)ERY

+®4(t,v) +v(r(t) + 5, N (t),v)) Py (¢, v)}

v ’U2
= ol O+ e Ot
+ @y (t,v) + v(r(t) + 5t A (1), v) Py (E, v)
) e (DBt 0) + Bu(t0) + 0(r(8) + 80X (0), ) (2.0
=<|Wvﬁ)2+h07ﬂ0(U—L@»%ﬂﬂ—%U—LUNW4NQL@WQ)
+ U2 EOF ) eyt - L))
= (3l @1 + a0 @) = 2ot + 0 4 00 - L)t

- (3 MA0P+hM%»+ro)<> 2 0] -z =o.

for (t) as given in the statement and thus holds. Finally, the ansatz for ®(¢, v) also satisfies

and solves (Payx|) in M. The statement then follows with Theorem O
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Proof of Proposition [6.1.5

We calculate the dynamics of the surplus corresponding to the optimal investment strategy
S™*(t) := V7™ (t) — L(t). The SDE of the optimal terminal wealth is with (5.2) given by

1 V™ (t)— L(¢t)
l—a V™ (t)

AV™ (t) = V™" (1) { - (0T ((b)dt + dW (1)) + r(t)dt} .

The SDE of S™* (t) is given by
dS™* (t) = dV™ (t) — r(t)L(t)dt

= (V™ (1) — L(1)) [1_10( (e (04 (0)dt + - (1) AW (1)) + r(t)dt}

=570 0) (2o (0720 +1(0)) di+ ¢

= Lo aw ).

Thus, S™ () can be written explicitly as
S (1) = S (0)e 2 U 1 (07 +(1-0)r(5) gz [ae (P dst [ e ()7 ()

which completes the proof with the definition of S™" (t). O

Proof of Proposition [6.2.1

The representation of §(¢, A(t), V(t)) follows analogue to Proposition with ¢(t) := f(t,V (1)),
dr :=0, dy := —d; and d4 := —d4. Moreover,

6 (A1), V(1) = F(& V)M (57 RE)-1

with [[A(¢)||(prrE)-1 == VAW®)T(BTRB)~!A(t). In the case that f is bounded and since all
norms on R? are equivalent, there exists a constant ¢ > 0 such that

FEVONAXO BrrE)-1 < e XD < ¢ max {1, [AB)]7} < e (1+[IA®)]*)

and consequently

E (/T(S(t,)\(t),V(t))dt> <c-E (/Tl—i— )\(t)||2dt> —¢T+4c-E (/T |)\(t)||2dt> ,

so D can be defined as in (6.14)). O
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